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import pandas as pd

import numpy as np

import matplotlib.pyplot as plt
import seaborn as sns

import plotly.express as px

data = pd.read csv("DailyDelhiClimateTrain.csv"”)
print (data.head())

date meantemp humidity wind_speed meanpressure
2013-01-61 10.000000 84.560000 ©0.000000 1015.666667
2013-01-82 7.400000 92. 2. 1017.
2013-01-03 7.166667 87.000000 4.633333 1018.666667
2013-01-04 8.666667 71.333333 1.233333 1017.166667
2013-01-05 6.000000 86.833333 3.700000 1016.500000
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print (data.describe())
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meantemp humidity wind_speed meanpressure
count 1462. 1462. 1462. 1462.
mean 25.495521 60.771762 6.802209 1011.104548
std 7.348103 16.769652 4.561602 180.231668
min 6.000000 13.428571 0.000000 -3.041667
25% 18.857143 50.375000 3.475000 1001.580357
50% 27.714286 62.625000 6.221667 1008.563492
75% 31.305804 72.218750 9.238235 1014.944901
max 38.714286 100.000000 42.220000 7679.333333

LU e paren Fidos V1 prozey Aibatall Slaglaodl e 5 0 3k 0 Les

print (data.info())

<class 'pandas.core.frame.DataFrame’>
RangeIndex: 1462 entries, © to 1461

Data columns (total 5 columns):

# Column Non-Null Count Dtype

@ date 1462 non-null  object
1 meantemp 1462 non-null  float64
2 humidity 1462 non-null float64
3  wind_speed 1462 non-null  float64

4  meanpressure 1462 non-null floate4d
dtypes: float64(4), object(1)
memory usage: 57.2+ KB

Gl ULy g5 e oda SULII de sanes 4 (date column) gl sses 5o ¥
mean ) &l sl s b Lo 0 AL byes delodl s o psEi o3l
toeedl o Je s d(temperature

figure = px.line(data, x="date",

y="meantemp",

title="'Mean Temperature in Delhi Over the
Years')
figure.show ()

Mean Temperature in Delhi Over the Years
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figure = px.line(data, x="date ,"
y="humidity ,"
title="'Humidity in Delhi Over the Years('

figure.show ()

Humidity in Delhi Over the Years

100

humidity

10
Jan 2013 1ul 2013 Jan 2014 Jul 2014 Jan 2015 Jul 2015 Jan 2016 Jul 2016 Jan 2017

date
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figure = px.line(data, x="date ,"
y="wind speed ,"
title='Wind Speed in Delhi Over the Years('

figure.show()

Wind Speed in Delhi Over the Years

wind_speed

Jan2013  Jul2013  Jan2014  Jul2014  Jan2015  Jul2015  Jan2016  Jul2016  Jan 2017
date

155 ooty eann ) Brasodl 2L I IS Jel L I e e 2382015 0l
lejn :\Pru L_;S;L; C)YL>- iSLAUKS‘.J 4.2015 rLFu\JU (ﬁLﬁij) R:.M}AJ\ CL:"J”
12 5b My 850 ol A s o BN e 800 AL Y1 Les e el 2L I IS

figure = px.scatter(data frame = data, x="humidity,"
y="meantemp", size="meantemp ,"
trendline="ols ,"
title = "Relationship Between Temperature

and Humidity ("

figure.show ()
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Relationship Between Temperature and Humidity
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data["date"]
sd')
data['year'] = data['date'].dt.year
data["month"] = data["date"].dt.month
print (data.head())

pd.to datetime(data["date"], format = '%Y-3m-

date meantemp humidity wind_speed meanpressure year month

0 2013-61-01 10.000000 84.500000 0.000000 1015.666667 2013 1
1 2013-01-02 7. 92. 2. 1e17. 2013 1
2 2013-01-03 7.166667 87.000000 4.633333 1018.666667 2013 1
3 2013-01-04 8.666667 71.333333 1.233333 1017.166667 2013 1
4 2013-01-05 6.000000 86.833333 3.700000 1016.500000 2013 1

el o e s ool el B s i e sl Ak Uyes oY

plt.style.use('fivethirtyeight')

plt.figure(figsize=(15, 10))

plt.title ("Temperature Change in Delhi Over the Years")
sns.lineplot (data = data, x='month', y='meantemp',6K hue='year')
plt.show ()
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Temperature Change in Delhi Over the Years

year
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I3]0 Sl 3l oleall sl aT Facebook prophet 5 sal da degall
4o o0l 5 ST W plasenly Shallas e 4525 ShSeagd ¢ J3 (o 3 50l L pdcs
1o 2 T el sV
pip install prophet
UL el "y Ll e landls "ds” slomel @3 1 Lo prophet T35 Jek
el s )
forecast data = data.rename(columns = {"date": "ds",

W meantemp": "y"})
print (forecast data)

ds y humidity wind_speed meanpressure year month
(] 2013-01-01 1. 84, e. 1015.666667 2013 1
1 2013-01-02 7.4 92. 2. 1e17. 2013 1
2 2013-01-03 7.166667 87 .000000 4.633333 1018.666667 2013 1
3 2013-01-04 8.666667 71.333333 1.233333 1017.166667 2013 1
4 2013-01-05 6.000000 86.833333 3.700000 1016.500000 2013 1
1457 2016-12-28 17.217391 68.043478 3.547826 1015.565217 2016 12
1458 2016-12-29 15.238095 87.857143 6.000000 1016.904762 2016 12
1459 2016-12-30 14.095238 89.666667 6.266667 1017.904762 2016 12
1460 2016-12-31 15.052632 87 .000000 7.3250008 1016.100008 2016 12
1461 2017-01-01 10. 100. 9. 1ele6. 2017 1

[1462 rows x 7 columns]

1055k phealy il 520l Facebook prophet g3 sed plidenl 848 s Lo oy
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from prophet import Prophet

from prophet.plot import plot plotly, plot components plotly
model = Prophet ()

model.fit (forecast data)

forecasts = model.make future dataframe (periods=365)
predictions = model.predict (forecasts)

plot plotly(model, predictions)
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https://statso.io/screen-time-analysis-case-study/

8ol & pn ¢pc bl pade

import
import
import
import

data

pandas as pd
numpy as np
plotly.express as px
plotly.graph objects as

print(data.heaa())

Date Usage Notifications

9 ©8/26/2022 38
1 ©8/27/2022 39
2 ©8/28/2022 64
3 ©88/29/2022 14
4 ©8/30/2022 3

70
43
231
35
19
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pd.read csv("Screentime

Times opened

49
48
55
23

5

go

- App Details.csv")

App
Instagram
Instagram
Instagram
Instagram

Instagram

null) 2,6 o3 Gl e g5 SULI) e gorms SIS Lo o 5000 AL oY) Les

data.isnull () .sum()

Date
Usage

Notifications

Times opened

App

o ® © ® ©

dtype: inte4

Lio )l Slslam Yl e 5k b oYl bes A o3 (o e UL e gazen g0 Y

print (data.describe())

count 54.
mean 65.
std 58.
min

25% 17.
50% 58.
75% 920.
max 244,

figure

Usage Notifications Times opened
54, 54.

037037 117.703704 61.481481

317272 97.017530 43.836635
8. 2.

560000 25.7506000 23.500000

500000 99.000000 62.500000

5600000 188.250000 90.000000
405. 192.

:cyuggzﬂiﬂAéaw\)Ui»

Y (J (values

oLl

SYT il paseall 23l 235 Ll oW1 T

px.bar (data frame=data ,
x = "Date ",
y = "Usage ",
color="App ",
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data

UDaga @ ,
y = "Times opened",

color="App",
title="Times Opened ")

px.bar (data frame
X

figure.show ()

figure
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Times Opened

App
W insagam
W Whatsapp

Times opened
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figure = px.scatter(data frame = data ,

x="Notifications,"

y="Usage ,"

size="Notifications ,"

trendline="ols ,"

title = "Relationship Between Number of
Notifications and Usage ("
figure.show ()

Relationship Between Number of Notifications and Usage

250

Usage

Notifications
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import pandas as pd

import yfinance as yf

import datetime

from datetime import date, timedelta
import plotly.graph objects as go
import plotly.express as px

today = date.today ()

dl = today.strftime ("$Y-%m-%d")

end date = dl

d2 = date.today() - timedelta (days=365)
d2 = d2.strftime ("%Y-%m-%d")

start date = d2

data = yf.download('GOOG',
start=start date,
end=end date,
progress=False)
data["Date"] = data.index
data = data[["Date", "Open", "High", "Low",
"Close", "Adj Close", "Volume"]]
data.reset index (drop=True, inplace=True)
print (data.head())


https://pypi.org/project/yfinance/
https://thecleverprogrammer.com/2021/12/21/get-stock-price-data-using-python/
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Date

0 2021-07-12
1 2021-87-13
2 2021-07-14
3 2021-07-15
4 2021-07-16

Volume
847200
830900
8956060
829300
742800

AW N RO

Open
2596.669922
2617.629883
2638.030029
2650.000000
2632.820068

High
2615.399902
2640.840088
2659.919922
2651.899902
2643.659912

Low
2592.000000
2612.739990
2637.959961
2611.959961
2616.429932

Close
2611.280029
2619.889893
2641.6499062
2625.330078
2636.909912

Adj Close
2611.280029
2619.889893
2641.6499062
2625.330078
2636.909912
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figure =

go.Figure (data=[go.Candlestick (x=data["Date"],
open=data["Open"],

high=data["High"],

close=data["Close"])])
figure.update layout(title = "Google Stock Price Analysis",
xaxis rangeslider visible=False)
figure.show ()

Google Stock Price Analysis
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figure =

px.bar (data, x
figure.show ()
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figure = px.line(data, x='Date', y='Close',
title='Stock Market Analysis with
Rangeslider')

figure.update xaxes(rangeslider visible=True)
figure.show ()

Stock Market Analysis with Rangeslider
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figure = px.line(data, x='Date', y='Close ,'
title='Stock Market Analysis with Time Period
Selectors ('

figure.update xaxes)
rangeselector=dict)
buttons=1list])
dict (count=1, label="1m", step="month",
stepmode="backward"),
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dict (count=6, label="6m", step="month",
stepmode="backward"),

dict (count=3, label="3m", step="month",
stepmode="backward"),

dict (count=1, label="1ly", step="year",
stepmode="backward"),

dict (step="all")

igure.show ()

Stock Market Analysis with Time Period Selectors
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figure = px.scatter(data, x='Date',6 y='Close', range x=['2021-
07-12', '2022-07-11,["
title="Stock Market Analysis by Hiding
Weekend Gaps ("
figure.update xaxes)
rangebreaks]=
dict (bounds=["sat", "sun"])

figure.show ()

Stock Market Analysis by Hiding Weekend Gaps
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https://thecleverprogrammer.com/2022/06/21/time-series-forecasting-with-arima/
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Forecasting using Python
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import pandas as pd

from datetime import date, timedelta

import datetime

import matplotlib.pyplot as plt
plt.style.use('fivethirtyeight')

from statsmodels.tsa.seasonal import seasonal decompose
from statsmodels.graphics.tsaplots import plot pacf
from statsmodels.tsa.arima model import ARIMA

import statsmodels.api as sm

import warnings

data = pd.read csv("adidas quarterly sales.csv")
print (data)


https://statso.io/quarterly-revenue-analysis-case-study/
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Time Period Revenue

(] 2000Q1 1517
1 2000Q2 1248
2 20000Q3 1677
3 206004 1393
4 2001Q1 1558
83 202004 5142
84 2021Q1 5268
85 2021Q2 5077
86 2021Q3 5752
87 202104 5137

[88 rows x 2 columns]

<ol ¥l (Time Period) &yl 6l topsges Jo UL de gozes (G500
o Adidas 550 gl my SN e Ll 824l 5 ges g 5o (Revenue)
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import plotly.express as px
figure = px.line(data, x="Time Period",
y="Revenue",
title='Quarterly Sales Revenue of Adidas in
Millions')
figure.show ()

Quarterly Sales Revenue of Adidas in Millions
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result = seasonal decompose (data["Revenue , ["
model="'multiplicative', freq = 30(

fig = plt.figure ()

fig = result.plot ()

fig.set size inches (10 ,15)
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:(partial autocorrelation plots)
pd.plotting.autocorrelation plot (data["Revenue"])
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plot pacf (data["Revenue"], lags = 20)


https://thecleverprogrammer.com/2022/06/21/time-series-forecasting-with-arima/
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model=sm.tsa.statespace.SARIMAX (data['Revenue"],

model=model.fit ()

print (model.summary ())

order=(
seasona

SARIMAX Results

p, d, 9,
1 order=(p, d, g, 12))

Dep. Variable: Revenue No. Observations: 88
Model: SARIMAX(S, 1, 2)x(5, 1, 2, 12) Log Likelihood -548.520
Date: Mon, 85 Sep 2822 AIC 1127.841
Time: ©7:45:33  BIC 1lel.803
Sample: @ HQIC 1140.921
- 88
Covariance Type: opg
coef  std err z P>|z| [0.025 0.975]
ar.L1l -1.5796 0.391 -4.044 ©.000 -2.345 -0.814
ar.L2 -1.4321 587 -2.438 ©.e15 -2.583 -9.281
ar.L3 -8.8305 8.626 -1.328 8.184 -2.857 8.396
ar.L4 -0.5179 0.821 -0.630 ©.528 -2.128 1.092
ar.Ls -9.2655 491 -8.541 ©.589 -1.228 0.697
ma. Ll 1.5056 0.518 2.906 ©.004 .49 2.521
ma.L2 0.9697 8.623 1.557 e.12e -9.251 2.19@
ar.s.L12 -1.127@ 362.141 -0.e83 ©.998 -71e.91e 708.656
ar.5.L24 -1.3418 312.728 -0.004 e.997 -614.277 611.594
ar.S5.L36 -8.7832 174.955 -8.884 ©8.996 -343.688 342.122
ar.5.L48 -0.1847 58.633 -0.0084 8.997 -95.423 99.854
ar.S.L6@ -0.0098 8.921 -0.ee1 e.999 -17.496 17.476
ma.S.L12 ©.3046 362.882 8.881 8.999 -789.363 789.972
ma.S.L24 ©.8602 221.641 e.e04 e.997 -433.548 435.269
sigma2 1.969e+85 4.81e+85 8.476 8.634 -5.96e+85 9.78e+85
Ljung-Box (L1) (Q): 9.8  Jarque-Bera (JB): 427.98
Prob(Q): ©.96  Prob(JB): 8.60
Heteroskedasticity (H): 7.35  Skew: -2.04
Prob(H) (two-sided): 9.8  Kurtosis: 13.97

sl 3Ll ¢ L, Adidas 80 & el sl W1 6355 U ges 0V

predictions = model.predict (len(data),

len (data)+7)
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print (predictions)

83 6078.793918
89 5186.311373
20 6293.196600
91 5751.905629
92 5911.946881
93 5499.784229
94 6389.627988
95 5728.806969
Name: predicted_mean, dtype: floates

data["Revenue"] .plot (legend=True ,
label="Training Data ,"
figsize=(15, 10 ((
predictions.plot (legend=True, label="Predictions")

—— Training Data

—— Predictions
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R ecommendation System using Python
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import numpy as np

import pandas as pd

from sklearn.feature extraction import text

from sklearn.metrics.pairwise import cosine similarity
import plotly.express as px

import plotly.graph objects as go


https://statso.io/news-recommendation-case-study/
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data = pd.read csv ("News.csv")
print (data.head())

ID News Category Title \

@ N88753 lifestyle The Brands Queen Elizabeth, Prince Charles, an...

1 N45436 news Walmart Slashes Prices on Last-Generation iPads

2 N23144 health 5@ Worst Habits For Belly Fat

3 N86255 health Dispose of unwanted prescription drugs during ...

4 N93187 news The Cost of Trump's Aid Freeze in the Trenches...
Summary

@ shop the notebooks, jackets, and more that the...

1 Apple's new iPad releases bring big deals on 1...

2 These seemingly harmless habits are holding yo...

3 NaN

4 Lt. Ivan Molchanets peeked over a parapet of s...

e UL s gazes )L s e 3k A Lges

# Types of News Categories

categories = data["News Category"].value counts ()
label = categories.index
counts = categories.values

figure = px.bar (data, x=label,
y = counts,
title="Types of News Categories")
figure.show ()

Types of News Categories
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:(cosine similarity algorithm) eledl oo L3
feature = data["Title"].tolist ()
tfidf = text.TfidfVectorizer (input=feature,
stop_words="english")

tfidf matrix = tfidf.fit transform(feature)
similarity = cosine similarity(tfidf matrix)

Sroadl Slo 5 e Condl a (e s SULA o S 0 gl 3 50 oy 0 3L Y
(eSOl gl slas] SO e

indices = pd.Series(data.index,
index=data['Title']) .drop duplicates ()

DY Sl ol eLis] B8 Lod oY)

def news recommendation(Title, similarity = similarity):

index = indices[Title]

similarity scores = list (enumerate(similarity[index]))
similarity scores = sorted(similarity scores,
key=lambda x: x[1], reverse=True)

similarity scores = similarity scores[0:10]
newsindices = [i[0] for i in similarity scores]

return data['Title'].iloc[newsindices]

print (news recommendation ("Walmart Slashes Prices on Last-
Generation iPads"))

1 Walmart Slashes Prices on Last-Generation iPads
83827 Walmart's Black Friday 2019 ad: the best deals...
76024 Walmart Black Friday 2019 deals unveiled: Huge...
920316 US consumer prices up ©.4% in October; gasolin...
89588 Consumer prices rise most in 7 months on highe...
32839 Inside the next generation of irons
37970 Walmart and Kroger Undercut Drugstore Chains' ...
100684 Nissan slashes full-year forecast as first-hal...
74916 The Top Deals at Walmart Right Now
39634 Federal Reserve slashes interest rates for thi...

Name: Title, dtype: object
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iPhone (9UU olaaiwl iPhone wlcuo JuUAai (6
Sales Analysis using Python

Il I s Lol o Gl SN LS Cislydl e Apple iPhones § el s
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import pandas as pd
import numpy as np
import plotly.express as px

import plotly.graph objects as go

data = pd.read csv ("apple products.csv")
print (data.head())

Product Name \

] APPLE iPhone 8 Plus (Gold, 64 GB)
1 APPLE iPhone 8 Plus (Space Grey, 256 GB)
2 APPLE iPhone B Plus (Silver, 256 GB)
3 APPLE iPhone 8 (Silver, 256 GB)
a APPLE iPhone 8 (Gold, 256 GB)

Product URL Brand Sale Price \
© https://www.flipkart.com/apple-iphone-8-plus-g... Apple aggee
1 https://www.flipkart.com/apple-iphone-8-plus-s... Apple 84900
2 https://wws.flipkart.com/apple-iphone-8-plus-s... Apple 84900
3 https://www.flipkart.com/apple-iphone-8-silver... Apple 77000
4 https://www.flipkart.com/apple-iphone-8-gold-2... Apple 77000

Mrp Discount Percentage Number Of Ratings Number Of Reviews \
@ 49908 ] 3431 356
1 sasee L 3431 356
2 sasee ] 3431 356
3 77000 e 11202 794
4 77008 L 11202 794

Upc Star Rating Ram

@ MOBEXRGV7EHHTGUH 4.6 2 GB
1 MOBEXRGVACSTITAF 4.6 2 GB
2 MOBEXRGVGETABXWZ 4.6 2 GB
3 MOBEXRGVMZIWUHCBA 4.5 2 GB
4 MOBEXRGVPK7PFEIZ 4.5 2 6B


https://www.kaggle.com/datasets/komalkhetlani/apple-iphone-data
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print (data.isnull () .sum())

Product Name
Product URL

Brand

sale Price

Mrp

Discount Percentage
Number Of Ratings
Number Of Reviews
Upc

star Rating

Ram

dtype: inteéa

® ® ® ® ®@ ® ® ® ® ® ©

ho I olilax Yl e sl Al Les Y1 13 (6l e ULl e porma (g 505 Y

print (data.describe())

Sale Price

count 62.000000
mean 80073.887097
std 34310.446132
min 29999. 000000
25% 49900. 000000
58% 75900. 000000

75% 1171e0.000000
max 140900. 000000

Number Of Reviews

Mrp Discount Percentage

62.000000
88058.064516
34728.825597
39900.000000
54900 .000000
79900.000000

12@950.000000
149900.000000

Star Rating

count 62.000000 62.000000
mean 1861.677419 4.575806
std 2855.883830 ©.059190
min 42.000000 4.5e0000
25% 64.000000 4.500000
50% 180. 000000 4.600000
75% 3331.000000 4.600000
max 8161.000000 4.7e0000

62.000000
.951613
.688079
. 000000
. 000000

A ® N v

10.000000
14.e00000
29.000000

Number Of Ratings
62.000000
22420.403226
33768.589550
542.000000

740 .000000
2101.000080

43470 .000000
95909 . 000000

aiall (9iPhone wleyo JuAaj
36 10 el J g UL oo (355 IV (o ddr ULy ] LSk p 31 5 g Y

b5 I iPhone s5¢x1 ¢ 5 b G5 dslos Flipkart e gl 3Giias iPhone
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highest rated = data.sort values(by=["Star Rating"],
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ascending=False)
highest rated = highest rated.head(10)
print (highest rated['Product Name'])

20 APPLE iPhone 11 Pro Max (Midnight Green, 64 GB)
17 APPLE iPhone 11 Pro Max (Space Grey, 64 GB)
16 APPLE iPhone 11 Pro Max (Midnight Green, 256 GB)
15 APPLE iPhone 11 Pro Max (Gold, 64 GB)
14 APPLE iPhone 11 Pro Max (Gold, 256 GB)
(] APPLE iPhone 8 Plus (Gold, 64 GB)
29 APPLE iPhone 12 (White, 128 GB)
32 APPLE iPhone 12 Pro Max (Graphite, 128 GB)
35 APPLE iPhone 12 (Black, 128 GB)
36 APPLE iPhone 12 (Blue, 128 GB)

Name: Product Name, dtype: object
gl 35,65 2SI iPhone 3541 5 waf olial dir gy coDlel 5, STall LM Gaig

(bl 256 ¢ LI 251) APPLE iPhone 11 Pro Max
(ol 64 ¢ »3) APPLE iPhone 11 Pro Max
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iphones = highest rated["Product Name"].value counts()
label = iphones.index
counts = highest rated["Number Of Ratings"]
figure = px.bar (highest rated, x=label,
y = counts,

title="Number of Ratings of Highest Rated
iPhones")
figure.show ()

Number of Ratings of Highest Rated iPhones
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«s»3) APPLE iPhone 8 Plus oz, el (bar graph) o 2l SLl e ) Gis
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iphones = highest rated["Product Name"].value counts ()
label = iphones.index
counts = highest rated["Number Of Reviews"]

figure = px.bar (highest rated, x=label,
y = counts,
title="Number of Reviews of Highest Rated
iPhones")
figure.show ()

Number of Reviews of Highest Rated iPhones
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figure = px.scatter (data frame = data, x="Number Of Ratings,"
y="Sale Price", size="Discount
Percentage ,"
trendline="ols ,"
title="Relationship between Sale Price and
Number of Ratings of iPhones ("
figure.show ()
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Relationship between Sale Price and Number of Ratings of iPhones

140k
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100k
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figure = px.scatter (data frame = data, x="Number Of Ratings,"
y="Discount Percentage", size="Sale
Price ,"
trendline="ols ,"
title="Relationship between Discount
Percentage and Number of Ratings of iPhones ("
figure.show ()

Relationship between Discount Percentage and Number of Ratings of iPhones

Discount Percentage
l
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Sale Analysis using Python
Big a ool ol la O gl é-’k&‘\“ s I ple JS my o Flipkart pass
ASIN il yell G5 Blas g5 JS oo lis sSON e ol 555 vy . Billion Days
s SOV Bl Bty e s el o B 5 iST13] (U 551
Flipkart @laee Jdoo dage Lo Halbl G g Dol ol 3. delis Dlaodl odgs

05 plisel

Flipkart cile o JuAaj
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import pandas as pd

import numpy as np

import plotly.express as px
import plotly.graph objects as go

data = pd.read csv("23 09 2022.csv")
print (data.head())


https://raw.githubusercontent.com/amankharwal/Website-data/master/23_09_2022.csv
https://www.kaggle.com/datasets/kiranbudati/mobile-prices-flipkart

i g

name offer_price original_price off now \

(] APPLE iPhone 13 (Blue, 128 GB) 57990 69900 17% off
1 APPLE iPhone 11 (White, 128 GB) 41990 4g9ee 14% off
2 APPLE iPhone 13 (Midnight, 128 GB) 57990 69900 17% off
3 IAIR D25 1098 1699 35% off
4 APPLE iPhone 13 (starlight, 128 GB) 58990 69900 15% off

total_ratings total_reviews rating \

] 1352 1836 4.6
1 96244 7044 4.6
2 1352 1836 4.6
3 11 8 4.1
4 13e52 1836 4.6
description \

@ ['128 GB ROM', '15.49 cm (6.1 inch) Super Reti...
1 ['128 GB ROM', '15.49 cm (6.1 inch) Liquid Ret...
2 ['128 GB ROM', '15.49 cm (6.1 inch) Super Reti...
3 ['32 MB RAM | 32 MB ROM', '4.32 cm (1.7 inch) ...
4 ['128 GB ROM', '15.49 cm (6.1 inch) Super Reti...

created_at
@ 2022-09-23 22:37:42.702432+05:30
1 2822-09-23 22:37:42.783432+05:30
2 2022-09-23 22:37:42.783432+05:30
3 2822-09-23 22:37:42.783432+05:30
4 2022-09-23 22:37:42.704431+05:30

Alade 03 e SULI Eegaze (35S0l (discount column) geasd! > sae (5 5ou

(S35 e

data["Discount"] = (data['original price'] -
data['offer price']) / datal'original price'] * 100

GFlipkart Lo A1 &SI Cslygll e oliaall Jail Je 5k Ak oY Les
il

top deals = data.sort values (by="Discount", ascending=False)
deals = top _deals["name"] [:15].value counts()
label = deals.index

counts = top deals["Discount"][:15].values
colors = ['gold', 'lightgreen']
fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Highest Discount Deals in the
Flipkart Big Billion Days Sale')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3))(
fig.show ()
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Highest Discount Deals in the Flipkart Big Billion Days Sale

60.0240096 60.024009€

MarQ by Flipkart M70 Shakti

Micromax X748

MarQ by Flipkart MBO Jalwa

SAMSUNG Galaxy F23 5G (Forest Green, 128 GB)
SAMSUNG Galaxy F23 5G (Aqua Blue, 128 GB)
SAMSUNG Galaxy 521 FE 5G (Olive, 128 GB)

SAMSUNG Galaxy F23 5G (Copper Blush, 128 GB)
SAMSUNG Galaxy 522 Plus 5G (Phantom White, 128 GB)
OPPO F19 Pro+ 5G (Fluid Black, 128 GB)

o
43.77736085

57.9252238 43.77

57.9252238

53.33404445 45.65415888

OV Les o Hia (a1 1,5 a0 G Je V1 Sloiall 455 0o 5o 2
iolaasall GRS Ll wliins BT e s b il

most expensive = data.sort values (by="offer price",
ascending=False)
deals = most expensive["name"][:10].value counts ()
label = deals.index
counts = most expensive["offer price"][:10].values
colors = ['gold',6 'lightgreen']
fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Most Expensive Offers in the
Flipkart Big Billion Days Sale')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors,
line=dict (color="black', width=3)))
fig.show ()

Most Expensive Offers in the Flipkart Big Billion Days Sale

119,990 119,990

APPLE iPhone 13 Pro Max (Alpine Green, 256 GB)
APPLE iPhone 13 Pro Max (Sierra Blue, 256 GB)
APPLE iPhone 13 Pro Max (Graphite, 256 GB)
APPLE iPhone 13 Pro Max (Gold, 256 GB)

APPLE iPhone 13 Pro (Graphite, 256 GB)

APPLE iPhone 13 Pro (Graphite, 128 GB)

APPLE iPhone 13 ((PRODUCT)RED, 512 GB)
APPLE iPhone 13 Mini ((PRODUCT)RED, 256 GB)
APPLE iPhone 13 Mini (Pink, 256 GB)

68,990
119,990

86,990

119,990

119,990 109,990

.Apple iPhones s g e <ol8 adl GASTUI Cislsgll o patl) danly (55 a0l aer
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"Total of Original

label = ["Total of Offer Prices in Sales",
Prices (MRP)"]

counts = [sum(data["offer_price"]),
sum(data["original price"])]

colors = ['gold',6 '"lightgreen']

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])

fig.update layout (title text='Total Discounts Offered Vs.

MRP')
fig.update traces (hoverinfo='label+percent', textinfo='value',

textfont size=30,
marker=dict (colors=colors,

width=3))(
fig.show ()

line=dict (color="black',

Total Discounts Offered Vs. MRP

[ Total of Original Prices (MRP)
[ Total of Offer Prices in Sales

print ("Cost of big billion days sale to flipkart on

smartphones = ", 12876594 - 10522822)

Cost of big billion days sale to flipkart on smartphones = 2353772

0¥ 23530772 &S Jaih 2SI Cislygll o Flipkart s pasll 4S5 o6 11
o L ) ST 15l o (0 Ja 5 oS
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https://raw.githubusercontent.com/amankharwal/Website-data/master/23_09_2022.csv

i s i b

Diamond iU plaAiwl yulodl jlewl JudAi (8
Price Analysis using Python

ot gzl o ik o) s il e Y1 JET s 58 (diamond) el
oo Gl lgn pltel LAS B me 5 oS I3] (A ol am o 555 1 Jalsall
D31 O g Al oda 3. Loslis Dol 0dgd o 520ly aladl jaw Jlowd UL
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wlodl oy Judni

Il sl e (g 5o DLy e paen VST 2l caailiasd Gy pulall jas Joboetd
ol Js Sleghas o g 500 Kaggle e &t ULy usy ud) gl e 2l
o

.(Carat) b!,.2ll

.(Cut) CEJ:J\

.(Colour) ¢l

.(Clarity) C},.bjj\

.(Depth) eall

.(Table) Jsi=d!

.(Price) .|

.(Size) r.?oJ\

Jelos Zage IO SUST G g calsl el ula o 0dn SULI o gases L35 SiSay

UL laAwl yulodl jlewwi JuA
1 ) UL e sazes s 05l oloSa o) ol IS (o ledl sl ot dages T

® N oA LN e

import pandas as pd

import numpy as np

import plotly.express as px
import plotly.graph objects as go

data = pd.read csv("diamonds.csv")
print (data.head())


https://www.kaggle.com/datasets/shivam2503/diamonds
https://www.kaggle.com/datasets/shivam2503/diamonds

éiol §u pn e bl fode

Unnamed: @ carat cut color clarity depth table price x y \
e 1 .23 Ideal E S5I2 61.5 55.0 326 3.95 3.98
1 2 @.21 Premium E SI1 59.8 6l.0 326 3.89 3.84
2 3 0.23 Good E Vs1l 56.9 65.0 327 4.e5 4.97
3 a4 .29 Premium I Vvs2 62.4 58.0 334 4.20 4.23
4 5 0.31 Good J SI2 63.3 58.8 335 4.34 4.35

2.43
2.31
2.31
2.63

AW N KR O

2.75

lia B>l .Unnamed column ol Ok 50 o ol SULIL de sazes (500
rl3 el I L3 5 el
data = da}a.drop("Unnamed: O",axi§=1)
S5 S 65V eledl mas Bl s 83 VT ol alodl ] o 3031 T
bl Je bl A sue
figure = px.scatter(data frame = data, x="carat",
y="price", size="depth",

color= "cut", trendline="ols")
figure.show ()

30k cut
® Ideal
a5k oot
Very Good
S0k Fair
g 15k
10k
5k
0 -
0 1 2 3 4 5
carat
sz AV DAl O oy 1a . olodl sy Bl 3 5 o Bl e (55 0 LSy
Sl s,

Jshll) lodl e Dl Gy b e odin UL e pozen J) i 13 50 oY1 il
(Gl x o, x

data["size"] = data["x"] * data["y"] * data["z"]
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print (data)

carat cut color clarity depth table price X y z \
[} 9.23 Ideal E sI2 61.5 55.@ 326 3.95 3.98 2.43
1 0.21 Premium E SI1 59.8 61.@ 326 3.89 3.84 2.31
2 9.23 Good E VSl 56.9 65.0 327 4.05 4.87 2.31
3 @.29 Premium I Vs2 62.4 58.0 334 4.20 4.23 2.63
4 0.31 Good 3 sI2 63.3 58.@ 335 4.34 4.35 2.75
53935 ©.72 Ideal D SI1 6@.8 57.6 2757 5.75 5.76 3.5@
53936 ©.72 Good D SI1 63.1 55.0 2757 5.69 5.75 3.61
53937 ©.70 Very Good D SI1 62.8 6@.8 2757 5.66 5.68 3.56
53938 ©.86 Premium H sI2 61.8 58.8 2757 6.15 6.12 3.74
53939 ©.75 Ideal D sI2 62.2 55.8 2757 5.83 5.87 3.64
size
e 38.202030
1 34.505856
2 38.976885
3 46.724580
4 51.917250
53935 115.920000
53936 118.110175
53937 114.449728
53938 140.766120
53939 124.568444
[5394@ rows x 11 columns]
foymns olodl e g B o 50 AL 0 L
g g "
figure = px.scatter(data frame = data, x="size
—_n g " g ] ] 0
y="price", size="size,
. "
color= "cut", trendline="ols(
figure.show ()
160Kk cut
Ideal
140k Premium
Good
Very Good
120k Fair
100k
g
2 80k
(=%
60k
40k
20k e /
0 ¥ ]
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fig = px.box(data, x="cut”,
y="price”,
color="color”)
fig.show()

color
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0
Ideal Premium Good Fair Very Good

cut
sy e Pl aledl g1 e Sl e 3 158 b oYl Lo

fig = px.box(data,
x="cut”,
y="price”,
color="clarity”)
fig.show ()

clarity
. .
i " N . *tep o o sz
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2
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correlation = data.corr()
print (correlation["price"].sort values (ascending=False))

price 1.000000
carat 0.921591

size ©.902385
X @.884435
y @.865421
z @.861249

table 9.127134
depth -@.01e647
Name: price, dtype: floaté4

ol yowy guidldl
Jeboss o Bps )l Slo slaedl az ol ool slanls sl dege JI Jasl < oV
oSl 31 2] 03 (s el ann

oLl CI:.B & Ol &> (cut column) Cl:.ﬁ)\ Sy od Josme (3)31.4 Y w2 J3
Gl dad s ) glos o osanll 1 plenY aladl a5l el B3 s
L s LS ULSL;L L .(numerical values) &sds o3 J (categorical values)

sl iy J)

data["cut"] = data["cut"].map({"Ideal": 1,
“Premium”: 2
“Good”: 3,
“Very Good”: 4
“Fair": 5@

)

DLty copds Ol gazes J) SLLII s Les Y

#splitting data

from sklearn.model selection import train test split
X = np.array(datal[["carat", "cut", "size"]])

y = np.array(datal["price"]])

xtrain, xtest, ytrain, ytest = train test split(x, vy,
test size=0.10,
random_ state=42)

bl s 520l dagad JYI ol 25 50 iy 3L O

from sklearn.ensemble import RandomForestRegressor
model = RandomForestRegressor()
model.fit (xtrain, ytrain)

foredl e 3l L ol JYI el 3 505 pldbend 248 o Lo V!
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print ("Enter House Details to Predict Rent")

a = float (input ("Carat Size: "))

b = int (input ("Cut Type (Ideal: 1, Premium: 2, Good: 3, Very
Good: 4, Fair: 5): ™))

c = float (input ("Size: "))

features = np.array([[a, b, cl])

print ("Predicted Diamond's Price = ", model.predict (features))

Enter House Details to Predict Rent

Carat size: @.6@

Cut Type (Ideal: 1, Premium: 2, Good: 3, Very Good: 4, Fair: 5): 2
Size: 40

Predicted Diamond's Price = [937.13946429]

uaaloldl

bl o Zaged SULII o ple Gl lgn plisunnl Ly Sy A1 2 o)l oa o
e e O Js) Sy ool ol o Gidy 00l By &l 30015
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Netflix j9UU plaaiwl Netflix alungi plA) (9

R ecommendation System using Python
eVl 3aliay (adiitnold prony S 23Y1 e ity Ell il U oy 3L Netflix
oo o gl ez pa Netflix doad Sl sl . bSle] 93 L0 34l ol 15
Ly Lo g 3aldl Al p*\.'filg Lo gl pllas os L (recommendation system)
G 5 o5 LS| B2  jme B 5 UL ol G oS I3 ol plazal s
Lo s s LiS LS J g U g GG odn sl Sl Eulie Dl s (Netflix

0L plasenls Netflix

Netflix cilungi plAj Joc G164
Netflix .clsblaza¥ Gb s &3 5520 ool 115 p26Y1 Netflix hoo ol ol S 5 n
TS & ol gl ol Ly Lgpadiins 306l oy SULI o 2801 Lo
e Jolss e tlo G aases
RO VPN [ TN W[ POV |
Wlas My B3 old ol o 3V poddial) saalidl b yises .2
.sﬂ:’y\.‘.‘,a.c.:" “‘_5&13_5.:\.‘
GEaals Gl (s soadl Sy Slashaodl pn zalls ol il ¢l5Y1 .3
PN
= S 5ol o Ao o ) e Netflix delod ) Jalgall gl sl (5 pomall £ 5 dny
(S xoealls Lgndicns Netflix o5 (S cagh 3 0550 Ol Jul sdadl yaedtienanal)
o5 plla l2d] a8 e alll G g ool ol (3.l I3 o dujoll 86 pme SiSCas
0L el Netflix
ol plaaiwl Netflix alungi olAj
o 052k plasel Netflix £ 5 plas elisY Lgadbunad 2l SULII A azes L35 o2
e &3 g A el s 31 o I Slaghane e SBLI e gorms (g 5o Kaggle
La o SULI A sazes 35 SiSlay 12021 ple e [lzel Netflix
gl 0dg) Lrbiows ) SBLI de pazns Ly g 2l O gl leSn s b OV Lies

import numpy as np


https://help.netflix.com/en/node/100639
https://www.kaggle.com/datasets/satpreetmakhija/netflix-movies-and-tv-shows-2021

éiol §u pn e bl fode

import pandas as pd
from sklearn.feature extraction import text
from sklearn.metrics.pairwise import cosine similarity

data = pd.read csv("netflixData.csv")
print (data.head())

Show Id Title \
@ cclb6ed9-cf9e-4057-8303-34577fb54477 (Un)well
1 e2ef4e91-fb25-42ab-b4s5-besde3db23dedb #alive
2 belb73b7-81f6-47a7-86d8-acb63esed525 #AnneFrank - Parallel Stories
3 be6llafe-f53c-4a08-9ffa-9716dc57eboc #blackaF
4 7f2d417e-babs-4d75-adc2-197f7124c070 #cats_the_mewvie
Description \
@ This docuseries takes a deep dive into the luc...
1 As a grisly virus rampages a city, a lone man ...
2 Through her diary, Anne Frank's story is retol...
3 Kenya Barris and his family navigate relations...
4 This pawesome documentary explores how our fel...

Director \

e NaN
1 cho 11
2 Sabina Fedeli, Anna Migotto
3 NaN
4 Michael Margolis
Genres \
(2] Reality TV
1 Horror Movies, International Movies, Thrillers
2 Documentaries, International Movies
3 TV Comedies
4 Documentaries, International Movies

Cast Production Country \

e NaN United states

1 Yoo Ah-in, Park Shin-hye South Korea

2] Helen Mirren, Gengher Gatti Italy

3 Kenya Barris, Rashida Jones, Iman Benson, Genn... United sStates

4 NaN Canada
Release Date Rating Duration Imdb Score Content Type Date Added

e 2020.2 TV-MA 1 Season 6.6/10@ TV Show NaN

1 2020.9 TV-MA 99 min 6.2/1e Movie September 8, 2020

2 2019.2 TV-14 95 min 6.4/1@ Movie July 1, 2020

3 2020.2 TV-MA 1 Season 6.6/10@ TV Show NaN

4 2020.9 TV-14 9@ min 5.1/1@ Movie February 5, 2020

Title ) o1yl 3508 O )1 OF el (SLLIN o gazes e BENROIENAN
5 g 25558000 peal 1 5T @SV d 3 # e (g o &Y sle] J] b (column
Pl I 13 e (5500 UL COSTI3] Lo o 6 ka0 AL Les o Jlodl 31 3.l 5 e

N
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print (data.isnull () .sum())

show Id -]
Title 2]
Description e
Director 2064
Genres -]
Cast 53
Production Country 559
Release Date

Rating a
Duration

Imdb Score 608
Content Type (]
Date Added 1335

dtype: inte4

S 3dee VI s s GBI AL g3 K05 (A2 b e UL e sames (g 5o
Netflix Lo 5 i +LJ Lgaltnd Loy
data = data[["Title", "Description", "Content Type",

"Genres"]]
print (data.head())

Title \
2} (Un)well
1 #Alive
2 #AnneFrank - Parallel Stories
3 #blackAF
4 #cats_the_mewvie
Description Content Type \

@ This docuseries takes a deep dive into the luc... TV Show
1 As a grisly virus rampages a city, a lone man ... Movie
2 Through her diary, Anne Frank's story is retol... Movie
3 Kenya Barris and his family navigate relations... TV Show
4 This pawesome documentary explores how our fel... Movie

Genres
2} Reality TV
1 Horror Movies, International Movies, Thrillers
2 Documentaries, International Movies
3 TV Comedies
4 Documentaries, International Movies

Ao &5 g3k el s @Y1 sle e (title column) ol sall 3 pee s 5o 1
.Netflix

Logosaledl 59, klases (Description column) aws)l ssee a2
PO
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g5l B e (’T GLs 5813) L (Content Type column) s ses U 13w
S Sx Al 55,4 C‘Jﬁ o Mo (Genre column) gl 350 S 5om
]
FS el ) S - o3 e (g o 1 O piaall badd Lies oY)
data = data.dropna ()
FOLLl sl Gan e (g 5o &Y Oliall 5 goe il o G g O

import nltk

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean(text):

text = str(text).lower ()

text = re.sub ('\[.*2\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["Title"] = data["Title"].apply(clean)

0 Lzl 13 psball Sls Lan Jes ks AL oY Les

print (data.Title.sample (10))

3111 miniforc super dino power
1822 girl reveng
91e casino tycoon
4075 sand castl
2760 lock
3406 nightflyer
536 bangkok love stori object affect
4365 special
1733 full
2343 jeff dunham map

Name: Title, dtype: object

ML»ZS r}@u §3J.>=:\~:Lw rJ@:I.w.q.U QLJ.A R ira}zb EJ:«»SC‘)}}“ S g0 fb&»b Lﬁ\
H(p e Gl sl Pyl (Jé{mé) La (cosine similarity) elocdl o
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feature = data["Genres"].tolist ()

tfidf = text.TfidfVectorizer (input=feature,
stop words="english")

tfidf matrix = tfidf.fit transform(feature)
similarity = cosine similarity(tfidf matrix)

I o ol (50w o 5 all o S 5 S Ol sal) 3508 ety 2530 Y
S sy ol Sl i Ol e e

indices = pd.Series(data.index,

index=data['Title']) .drop duplicates()
‘Netflix e &5 55200 peal 15 oMV Lo 2 U5 B 2480V )

def netFlix recommendation(title, similarity = similarity):
index = indices[title]
similarity scores = list (enumerate(similarity[index]))
similarity scores = sorted(similarity scores, key=lambda x:
x[1], reverse=True)
similarity scores = similarity scores[0:10]
movieindices = [1[0] for i in similarity scores]
return data['Title'].iloc[movieindices]

print (netFlix recommendation ("girlfriend"))

3 blackaf
285 washington
417 arrest develop
434 astronomi club sketch show
451 aunti donna big ol hous fun
656 big mouth
752 bojack horseman
805 brew brother
935 champion
937 chappell show

Name: Title, dtype: object

Q)iib tﬂ}r.ﬁ‘).’ iz (S‘bdwvb Netflix CJL:\A,&)S fUﬂ.} c«Lﬁ..:l L€.> d.\g‘;:: Lf"‘” 13::;1:.3‘ Lih oda
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Website Traffic Forecasting using Python
&5 il 5l (Website Traffic Forecasting) sl a350 il 5l oo
Time ) &l fwdhadl 55 plaseal V- Juadl oo 5l L] e 528 S5 o)
Alaadl odgd s wdse Sl 520l L4578 pne 4y 5 <iS'13] . (Series Forecasting
05 bl oy w8 g0 LBl 2 ) g IDS BUST g Wil oda 3l s

ugll plaATwl (g &89 sl i guill

SN U ET WS P YR A T PARER S JES I L ROy pespes
o e ) 31 oLy J - bl Je (g 5w - thecleverprogrammer.com &
el dage GOVNTA L o UL e s J55 Sy 12022 5550 J) 2021 505
3 L s parme s &y e 31l Gy 5 1 0 L

import pandas as pd

import matplotlib.pyplot as plt

import plotly.express as px

import plotly.graph objects as go

from statsmodels.tsa.seasonal import seasonal decompose
from statsmodels.graphics.tsaplots import plot pacf
from statsmodels.tsa.arima model import ARIMA

import statsmodels.api as sm

data = pd.read csv("Thecleverprogrammer.csv")
print (data.head())

Date Views
91/06/2021 7831
92/06/2021 7798
03/06/2021 7401
084/06/2021 7854
05/06/2021 7973

A W N RO

o

3

B aoll 3 (traffic) ksl 2l (date) gl ops poe e SULIN de pores (5 205
13l sl Sy g J] bl s gee ol
data["Date"] = pd.to datetime (data["Date”],

format="%d/%m/%Y"”)
print (data.info())


https://statso.io/forecasting-website-traffic-case-study/

59 éioll §u pn e bl fode

<class 'pandas.core.frame.DataFrame’>
RangeIndex: 391 entries, © to 390
Data columns (total 2 columns):

# Column Non-Null Count Dtype

@ Date 391 non-null datetime64[ns]
1 Views 391 non-null int64
dtypes: datetime64[ns](1), int64(1)
memory usage: 6.2 KB

None

Gl see Jl aly a3 U &Il B(object) B e lls bl 3sas S
:%jllcsﬁ@}g\dg\,mysﬂgmw Les .oyl

plt.style.use('fivethirtyeight')
plt.figure(figsize= (15, 10))

plt.plot (data["Date"], data["Views"])
plt.title("Daily Traffic of Thecleverprogrammer.com')
plt.show()

Daily Traffic of Thecleverprogrammer.com

12000
11000

10000

8000
7000
6000

5000

2021-07 2021-09 2021-11 2022-01 2022-03 2022-05 2022-07

oLl IO 5ls33 wgell e S 0V (seasonal) L ge Ladge e L3121 ULy
UL de sazes SIS Lo 6 jm dokoll (yo 6 5Vl Bl oMo IS Laislys g s
e 500 L] LSl S’ b Lod )1 Sl 55 ASe e o s USTY ol da 50

:(seasonal)ivew so ol (stationary) &b by Loldl UL e jazes 3S13] Lo

result = seasonal decompose (data["Views”],
model="multiplicative’,
freq = 30)

fig = plt.figure (O
fig = result.plot O
fig.set size inches(10,15)
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:(autocorrelation

pd.plotting.autocorrelation plot (data["Views"])
1.00
0.75
0.50
0.25

ARANRR LA NN R

0.00

-0.25

Autocorrelation

—0.50

—-0.75

-1.00 50 100 150 200 250 300 350
Lag

plot pacf (data["Views"], lags = 100)



https://thecleverprogrammer.com/2022/06/21/time-series-forecasting-with-arima/
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Partial Autocorrelation
1.0
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p,d,q=5a 172

model=sm.tsa.statespace.SARIMAX (data['Views”],
order=(p, 4, qg),
seasonal order=(p, d, g, 12))
model=model.fit()
print (model.summary())

Statespace Model Results

Dep. Variable: Views No. Observations: 391
Model: SARIMAX(S, 1, 2)x(5, 1, 2, 12) Log Likelihood -3099.462
Date: Tue, 28 Jun 2822 AIC 6228.803
Time: 7:e1:1e BIC 6287.827
Sample: ® HQIC 6252.229
- 391
Covariance Type: opg
coef  std err z P>|z| [@.825 0.975]
ar.L1l 8.7808 8.134 5.836 28.008 8.513 1.e43
ar.L2 -8.7973 8.135 -5.920 28.008 -1.861 -8.533
ar.L3 -08.1442 e.17e -@.85@ 0.395 -0.477 ©.188
ar.L4 -0.1833 ©.151 -1.210 0.226 -0.480 0.114
ar.L5 -8.1548 8.139 -1.117 8.264 -8.426 8.117
ma.Ll -1.1826 9.094 -12.515 0.000 -1.368 -8.997
ma.L2 9.8856 9.e78 11.304 0.000 8.732 1.e39
ar.S.L12 -9.2606 4.6088 -9.857 8.955 -9.293 8.772
ar.S.L24 9.8428 ©.781 0.855 9.956 -1.488 1.573
ar.5.L36 -0.1380 ©.246 -8.764 9.445 -8.670 0.294
ar.S.L48 -8.2151 8.959 -8.224 8.823 -2.895 1.664
ar.S.Le@ 9.8127 9.986 0.e13 0.9%8 -1.920 1.946
ma.S.L12 -0.6902 4,611 -8.150 8.881 -9.728 8.348
ma.S.L24 -8.8994 3.637 -9.027 8.978 -7.228 7.829
sigma2 1.257e+06  1.59e+05 7.914 0.000 9.46e+05 1.57e+06
Ljung-Box (Q): 102.98 Jarque-Bera (JB): 1.32
Prob(Q): 0.08 Prob(JB): .52
Heteroskedasticity (H): 1.83  Skew: .14
Prob(H) (two-sided): ©.85  Kurtosis: 3.e1

o3l G gy (ol IS5 o gl 3 50 Sl Lo 0 e
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predictions = model.predict (len(data), len(data)+50)
print (predictions)

391 9874.390136
392 10786.957398
393 10757 .445385

394 9863.899552
395 8765.031698
396 8212.310651

397 8929.181869
398 9685.809771
399 10270.622236
4ee 10625.904993
401 9854.870630
482 9362.193417
403 9040.021193
424 9081.558484
4es 10538.993124
406 11003.816870
4e7 10897 .859601
488 10083.291284

4e9 9445.806523
410 8629.901288
411 9184.420361

412 10392.770399
413 10593.541868
414 10788.128238
415 10263.101427
416 9449.467789
417 9840.226113
418 9168.972091
419 9887.094079
420 10218.658067
421 10715.657122

422, 9899.224399
423 9541.622897
424 9065.810941

425 8825.335634
426 10137.536392
427 10839.866240
428 18985.862922
429 le411.640309
430 9451.211368
431 8698.339931
432 8725.534103
433 1ee6@.678587
434 18566.263524
435 1e842.515622
436 10485.387495
437 9335.244813
438 9175.122336
4339 9357.034382
448 18295.910655
441 11162.934817
dtype: float6d

data["Views"].plot (legend=True, label="Training Data”,

figsize= (15, 10))
predictions.plot (legend=True, label="Predictions")
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Restaurant Recommendation System using

Python

ol . UL ) dlad) ol el asf (recommendation system) & sl plas dny

o5 S ol 41 4a (restaurant recommendation system) pelladl Lo s
ks o5 pla £LE] BASE ey 5 oS3 foaall (B5) Gy o) Aslos laay
b Lol fLis] A g U GULI ods disbn G ol il ol

ugU laAiwl o Uaodl duungi polA)

ol 330 Gy Janl) Blos pellany oo S Uil aol sa ollaodl o 5 ol
Jﬂf:’ ;51‘.§03 Kaggle % CJL’L:.J\ el Cad c‘_)jifb (s\.,\;&.wb (..ab Z\:...,a}S (sUa.: ;LJ
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import numpy as np

import pandas as pd

from sklearn.feature extraction import text

from sklearn.metrics.pairwise import cosine similarity

data =
pd.read csv("TripAdvisor RestauarantRecommendation.csv")
print (data.head())

Name Street Address \
@ Betty Lou's Seafood and Grill 318 Columbus Ave
1 Coach House Diner 55 State Rt 4
2 Table Talk Dimer 2521 South Rd Ste C
3 Sixty Vines 3701 Dallas Plwy
4 The Clam Bar 3914 Brewerton Rd
Location Type \
@ San Francisco, CA 94133-3908 Seafood, Vegetarian Friendly, Vegan Options
1 Hackensack, N1 876@1-6337 Diner, American, Vegetarian Friendly
2 Poughkeepsie, NY 12601-5476 American, Diner, Vegetarian Friendly
3 Plano, TX 75@93-7777 American, Wine Bar, Vegetarian Friendly
4 Syracuse, NY 13212 American, Bar, Seafood

Reviews No of Reviews \
@ 4.5 of 5 bubbles 243 reviews
1 4 of 5 bubbles 84 revieus
2 4 of 5 bubbles 256 reviews
3 4.5 of 5 bubbles 235 reviews
4 4 of 5 bubbles 285 reviews


https://thecleverprogrammer.com/2021/10/14/recommendation-systems-in-data-science/
https://www.kaggle.com/datasets/siddharthmandgi/tripadvisor-restaurant-recommendation-data-usa

i g

Comments Contact Number \

2] NaN +1 415-757-8569
1 Both times we were there very late, after 11 P... +1 201-488-4999
2 Maitress was very friendly but a little pricey... +1 B45-849-2839
3 Not sure why T went there for the second time.... +1 469-620-8463
4 Doesn't look like much from the outside but wa... +1 315-458-1662
Trip_advisor Url 1\
@ https://www.tripadvisor.com//Restaurant_Review...
1 https://ww.tripadvisor.com//Restaurant_Review...
2 https://ww.tripadvisor.com//Restaurant_Review...
3 https://w.tripadvisor.com//Restaurant_Review. ..
4 https://www.tripadvisor.com//Restaurant_Review...

Menu Price_Range

Check The Website for a Menu $5 - 353

Check The Website for a Menu 5% - 338
http://tabletalkdiner.com/menu/breakfast/ % - 333
https://sixtyvines.com/menu/plano-tx/ 3% - $5%
Check The Website for a Menu 3% - 338

bW R @

H((Type) g53ls (Name) aw1) dogodl £33 SULII e gors 1o (3 g 30>l

data = data[["Name", "Type"]]
print (data.head())

Name Type
@ Betty Lou's Seafood and Grill Seafood, Vegetarian Friendly, Vegan Options
1 Coach House Diner Diner, American, Vegetarian Friendly
2 Table Talk Diner American, Diner, Vegetarian Friendly
3 Sixty Vines American, Wine Bar, Vegetarian Friendly
4 The Clam Bar American, Bar, Seafood

Y el 326 13 (ol e (g 5o SULI S5 L e 500 AL Les (G5 ozl |3

print (data.isnull () .sum())

Name e
Type 13
dtype: inté4

525 Al Ssiall Sl g sl s s0e GU w2 Gan o SULI g 5o U
VRERIP-N ‘JJA.G)LB('.JJ&

data = data.dropna()

e polaall 25 La g gl pee Jrow Eeo 5 ol eld UL Bhad 530 abaodl 55 Ao
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feature = data["Type"].tolist()

tfidf = text.TfidfVectorizer (input=feature,

stop words="english")

tfidf matrix = tfidf.fit transform(feature)
similarity = cosine similarity(tfidf matrix)
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indices = pd.Series(data.index,
index=data['Name']) .drop duplicates()

Al polaay oo ) Al LS LS S OV

def restaurant recommendation (name, similarity = similarity):

index = indices[name]
similarity scores = list(enumerate(similarity[index]))
similarity scores = sorted(similarity scores, key=lambda x:

x[1], reverse=True)
similarity scores = similarity scores[0:10]
restaurantindices = [i[0] for i in similarity scores]
return data['Name'].iloc[restaurantindices]

print (restaurant recommendation ("Market Grill"))

23 The Lion's Share
154 Houlihan's
518 Midgley's Public House
568 Aspen Creek Grill
770 Pete's Sunset Grille
1190 Paul Martin's American Grill
1581 Aviation Grill
1872 Aviation Grill
2193 Crest Bar & Grill

2612 Tahoe Joe's Famous Steakhouse
Name: Name, dtype: object

wuaaloll

o2 prdaedl o sl U5 0 o ey A Sl alaadly oo ll U ey RS o2 0l
Dlaodl dn ol 18 085 0F T Lol B30 Gy Joarld Uil ollany o Gookes
020 el alaadl Lo gl U5 ol J



4ol olaaiwl Virat Kohli cie 11 2lal Julaj
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Virat Kohli Performance Analysis using Python

Gobldl e sle plisenl <N g (player’s performance) ! 13l o dns

el a1 (Virat Kohli) SoS ol o (sports analytics) dwsl )l oMl
o rall ool oy Lad 13] Gly Sl e g e 05w S LI B SO oY
Virat Kohli slsl Joss £48 8 e 43 S 15 WU ol 5o e Virat Kohli J
Virat Kohli shsl Julow dags I B30T G Dlal oda 3.8l deslo Dlaall odgd

R

(6JLa éuwlya) Virat Kohli clai JuAj

Sl Legore o oo b Wl GeoS S oY et uoT Virat Kohli oa
2017 2ty 22 J) 2008 danil 18 s Virat Kohli ) 21 ODI bsle aased
.ODI @b, be $Virat Kohli shsl Jloey CIlas il

LB A gores Bikoe Yl pror J g Wl Sl ool s Lo
3Ll bl :Runs .1
Sl Qg A I S BF .2
Shledl d4ssue :4s .3
Shledl 365 sue 165 .4
bl gob 2l Jass SR .5
Ll g w2l S56 :Pos .6
bkl gVirat Kohli - & &5 :Dismissal .7
S Y by cInns .8
dgll g2z 08" ps :Opposition .9
.8kl 06 :Ground .10

3\)L.o.” @)U :Start Date .11
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3l G b 5 dagallada Tulu 0 b plasenly Virat Kohli sl Jolows dagay 091112
import pandas as pd
import numpy as np

import plotly.express as px
import plotly.graph objects as go

data = pd.read csv("Virat Kohli.csv")
print (data.head())

Runs BF 4s 6s SR Pos Dismissal Inns Oppesition Ground \

(-] 1z 22 1 o 54.54 2.9 lbw 1 v Sri Lanka Dambulla
1 37 67 6 @ 55.22 2.0 caught 2 v 5ri Lanka Dambulla
2 25 38 4 @ 65.78 1.8 run out 1 v Sri Lanka Colombo (RPS)
3 54 es 7 @ 81.81 1.0 bowled 1 v Sri Lanka Colombo (RPS)
4 31 46 3 1 67.39 1.0 1bw 2 v Sri Lanka Colombo (RPS)

Start Date
@ 18-Aug-08
1 20-Aug-@8
2 24-Aug-08
3 27-Aug-@8
4 29-Aug-08

5 Y 8,6 45 o wo oda UL e gazes SIS sl Al Les
:CJEL;gmM
print (data.isnull () .sum())

Runs

Dismissal
Inns
Opposition

-]

-]

-]

-]

-]

Pos -]
-]

-]

-]

Ground -]
e

Start Date
dtype: int64

52008 jhadl 18 ¢y Virat Kohli L) (1 bsledl e SULI e gorms (g 505
:Virat Kohli Wloew 21 LIS Jlor] o 50 A U yes S 2017 by 22

#Total Runs Between 18-Aug-08 - 22-Jan-17

data["Runs"] .sum()


https://raw.githubusercontent.com/amankharwal/Website-data/master/Virat_Kohli.csv

m 4ol olaaiwl Virat Kohli cie 11 2lal Julaj

6184

18240 s J Virat Kohli bl Jaw se e 3 10 4k Uses oY

#Average Runs Between 18-Aug-08 - 22-Jan-17

data["Runs"] .mean()

46.84848484848485

Virat Gyl dias 06 1 0 e 50 37235 (e 0 al) law e yomy (ODIs b
& s 35 Virat Kohli dzews (sl (g 2l ool e 820 L U ses oYl . Kohli
12017 ko 22 J1 2008 jedawil 18 oo

matches = data.index
figure = px.line(data, x=matches, y="Runs”,
title="'Runs Scored by Virat Kohli Between 18-Aug-08 -
22-Jan-17")
figure.show()

Runs Scored by Virat Kohli Between 18-Aug-08 - 22-]Jan-17

100

Runs
—— .

0 20 40 60 80 100 120

index

o b ol 8k 100 oo 28T e ¢ Virat Kohli el (231 B1ps1 e dadl 3
(batting positions) < 2l 3l se maz (55 Uses OVl e s Lodhe odn U3

: Virat Kohli g I
#Batting Positions

data["Pos"] = data["Pos"].map({3.0: "Batting At 3", 4.0:
"Batting At 4", 2.0: "Batting At 2

":1.0 Batting At 1", 7.0:"Batting At 7",
5.0:"Batting At 5"

":6.0 batting At 6”})

Pos = data["Pos"].value counts()

label = Pos.index
counts = Pos.values
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colors = ['gold',6 'lightgreen', "pink", "blue", "skyblue",
"cyan" , "orange"]

fig = go.Figure (data=[go.Pie (labels=label, values=counts)])
fig.update layout (title text='Number of Matches At Different
Batting Positions')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict(color='black',
width=3))(
fig.show()

Number of Matches At Different Batting Positions

Batting At 3
Batting At 4
Batting At 7
Batting At 2
Batting At 1
Batting At 5
batting At 6

ooomooo

bges OV I Sl el ¢ Virat Kohli L) 1 12V e o0 768 o0 25T
thakses S50 $Virat Kohli lgheew I (total runs) LUl ¢ sezee e 3,k 2k

label = data["Pos"]

counts = data["Runs"]

colors = ['gold',6 'lightgreen', "pink", "blue", "skyblue",
"cyan", "orange"]

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Runs By Virat Kohli At Different
Batting Positions')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3)))
fig.show()

Runs By Virat Kohli At Different Batting Positions

Batting At 3
Batting At 4
Batting At 5
Batting At 1
Batting At 2
Batting At 7
batting At 6

oooomEom
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Wy S5V Bl Gl +L8 Virat Kohli

centuries = data.query("Runs >= 100")
figure = px.bar (centuries, x=centuries["Inns"], y =
centuries["Runs”] ,

color = centuries["Runs"],

title="Centuries By Virat Kohli in First Innings Vs.
Second Innings”)

figure.show()

Centuries By Virat Kohli in First Innings Vs. Second Innings
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#Dismissals of Virat Kohli

dismissal = data["Dismissal"].value counts()
label = dismissal.index
counts = dismissal.values

colors = ['gold',6 'lightgreen', "pink", "blue", "skyblue",
"Cyan", "Orange"]

fig = go.Figure(data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Dismissals of Virat Kohli')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3)))
fig.show()



éiol §u pn e bl fode

Dismissals of Virat Kohli

O caught
O notout
O bowled
B runout
O bw

B stumped
B  hit wicket

S el S e ade L2l UM e Virat Kohli g s « U5V vane Gl
ablis wans Virat Kohli Joew g1 o)l e 300 AL Lses oY1 uyloall

figure = px.bar(data, x=data["Opposition"], y = data["Runs"],
color = data["Runs”],

title="Most Runs Against Teams”)
figure.show()

Most Runs Against Teams

Runs
1000 150
| —
|| -
- 100
s == =
E = || —
- = =
- 50
I [
— —_—
[ B —
Il'- - [ 0
-— =
v v v v v v v
S5, < Ve, Zre, e by, N &,
4,,, -s‘r,.a r:g, gy, g, W s, e, oS s, 0,
" z 5, a5, <5, g4 " & oy, 0
i°) ¢ Yo, ‘Tf»,(o e S, ey g Py 7 v

Opposition

Ll 3as 1l s Wty 0D st ol Virat Kohli cow codef S Gis
e 50 A VI B ges SO s s and o8] abl pil wlame o ST ] il o 31
45,8 ohans Virat Kohli el Joew 1 5o 401

figure = px.bar(centuries, x=centuries["Opposition"], y =
centuries["Runs”],

color = centuries["Runs"],

title="Most Centuries Against Teams”)
figure.show()
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Most Centuries Against Teams
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strike
print (strike rate)

Runs
8 27
32 lee
56 23
76 43
78 le2
83 lee
85 115
23 78
130 8
8
32
56
76 B
78 Port
83
85
93
13e

rate =

BF 4s
19 4
83 8
11 3
34 4
83 13
52 8
66 18
65 7

Ground
Rajkot
Dhaka
Indore
irmingham
of Spain
Jaipur
Nagpur
Hamilton

Cuttack

@
w

® N B NN KH O NGO

142,
12e.
289.
126.
122,
1s2.
174.
1ze.
lee.

1e
48
es
47
89
30
24
ee
ee

Start Date
15-Dec-89

19-Feb-
8-Dec-

11
11

23-Jun-13

5-Jul-
16-0ct-
30-0ct-

13
13
13

22-Jan-14
19-Jan-17

Batting
Batting
batting
Batting
Batting
Batting
Batting
Batting
Batting

data.query ("SR >= 120")

Pos Dismissal Inns Opposition \
At 7 bowled 1 v Sri Lanka
At 4 not out 1 v Bangladesh
At & not out 1 v West Indies
At 3 caught 1 v England
At 3 caught 1 v West Indies
At 3 not out 2 v Australia
At 3 not out 2 v Australia
At 3 caught 2 v New Zealand
At 3 caught 1 v England

SV B1aVl Gidle ol s ¥unes cals Virat Kohli o8 13 b 55 Gyes oY

figure

RO RPN

= px.bar(strike rate, x = strike rate["Inns”],
y = strike rate["SR"]

color

Vs. Second Innings”)

)

= strike rate["SR"],
title="Virat Kohli's High Strike Rates in First Innings
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figure.show()
Virat Kohli's High Strike Rates in First Innings Vs. Second Innings
SR

800

600

SR

_ 140
2

1.5 2.5

Inns
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figure = px.scatter(data frame = data, x="Runs,"

y="4s", size="SR", trendline="ols
title="Relationship Between Runs Scored and Fours”)
figure.show()

Relationship Between Runs Scored and Fours

0 50 100 150

Runs

Sl Sy e 315 LS. ol I Calll Loy Virat Kohli of L Mo Lidas B3 2l
& L &de Sla cols i3] L Sy Uses ;ﬂ olel, el Ldf‘)\);ﬂ @L@BW %;J\
:(sixes) bl
figure = px.scatter(data frame = data, x="Runs,"
y="6s", size="SR", trendline="ols

title= "Relationship Between Runs Scored and Sixes”)
figure.show()
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Relationship Between Runs Scored and Sixes
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R ecommendation System using Python
el . UL ) dlad) ol el aof (recommendation system) & sl plas day
S Ao sl iy Godad 58 (Book Recommendation system) oSl dus 5
L.»L.ﬁ Alad o.:\.@.é “,:&U :\:upj:’ fUa.s GL.;'gl Zﬁf:\_@ﬂ LS C«f\kl €J.>=';...\~<>.U PPN
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import numpy as np

import pandas as pd

from sklearn.feature extraction import text

from sklearn.metrics.pairwise import linear kernel

data = pd.read csv ("book data.csv")
print (data.head())

book_authors ... image_url
] Suzanne Collins ... https://images.gr-assets.com/books/14473036031. ..
1 1.K. Rowling|Mary GrandPré ... https://images.gr-assets.com/books/12556149701. ..
2 Harper Lee ... https://images.gr-assets.com/books/13619756801. ..
3 Jane Austen|Anna Quindlen|Mrs. Oliphant|George... ... https://images.gr-assets.com/books/13203993511...
4 Stephenie Meyer ... https://images.gr-assets.com/books/13618394431. ..

[5 rows x 12 columns]
:book desc book title) iegedl Lid ULl depoms oo sesl B sl

:(book rating count

data = data[["book title", "book desc", "book rating count"]]
print (data.head())

book_title ... book_rating_count
e The Hunger Games ... 5519135
1 Harry Potter and the Order of the Phoenix ... 2841594
2 To Kill a Mockingbird ... 3745197
3 Pride and Prejudice ... 2453628
4 Twilight ... 4281268

[5 rows x 3 columns]


https://www.kaggle.com/datasets/meetnaren/goodreads-best-books

i sy it

o loeitll ) (i BLY s gares G5 ol Jo 5 1 A Les

data = data.sort values (by="book rating count",
ascending=False)

top 5 = data.head()

import plotly.express as px
import plotly.graph objects as go

labels top 5["book title"]
values top 5["book rating count"]
colors = ['gold',6 'lightgreen']

fig = go.Figure (data=[go.Pie(labels=labels, values=values)])
fig.update layout (title text="Top 5 Rated Books")
fig.update traces (hoverinfo='label+percent',
textinfo="'percent', textfont size=30

marker=dict (colors=colors, line=dict(color='black',
width=3)))
fig.show()

Top 5 Rated Books

Harry Potter and the Sorcerer's Stone
Los juegos del hambre

Bado Zaidynés

Aglik Oyunlan

Hunger Games

oEEoo

N el LI 13 e (5500 UL SIS Los o Les (Lol o2l }3

print (data.isnull () .sum())
book_title -]
book_desc 1331
book_rating_count e

dtype: int64

book description ) Sl oy spee I b Jo OULI depaze (509
A 0 e g pos Al Giall kil Les (column

data = data.dropna()
tpdemedd Aslead) C2SIL dns g2l 3508 SLSI i s 3 go OV ptiils
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feature = data["book desc"].tolist()

tfidf = text.TfidfVectorizer (input=feature,

stop words="english")

tfidf matrix = tfidf.fit transform(feature)

similarity = linear kernel (tfidf matrix, tfidf matrix)

sl e Sl s e 88 (book title column) LSl ol s 5 sas pon pﬁw oYl

indices = pd.Series(data.index,
index=datal['book title']) .drop duplicates()
(il oSG Lo gl Al LS LS S| oY)

def book recommendation(title, similarity = similarity):

index = indices[title]

similarity scores = list (enumerate(similarity[index]))

similarity scores = sorted(similarity scores, key=lambda x:
x[1], reverse=True)

similarity scores = similarity scores[0:5]

bookindices = [1[0] for i in similarity scores]

return data['book title'].iloc[bookindices]

print (book recommendation ("Letters to a Secret Lover"))

21823 The Kabbalah of Jesus Christ, Part 1 The True ...

28960 Seeing and Savoring Jesus Christ
17173 Jesus and Moses in India
7944 The Jesus I Never Knew

16976 Beautiful Qutlaw: Experiencing the Playful, Di...
Name: book_title, dtype: object

i loll

DLl ol BrguneS pdsenall Boebaod (b5 Alaodl oSOl Lo 2l 2 o O e
Sy Lo gl Lol e G anl) Wi SULI Wle st B IS0 oS O o
ol 08 085 0 s L ln e e opil) SULII e aplie n dosedl e 5 sl
05 plaly OLS Lo 5 ol sy 245 Uliall eds


https://thecleverprogrammer.com/2022/03/09/data-science-projects/
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Smartwatch Data Analysis using Python

-(smartwatch) &SUI wlelll delus Giledl bl o sl e -V 1]
Jelos s Al 03U Bles B0k pdll otV 15 e Aldie ASHI Lol
Aoeall Ble ) GOBLI e pliseal oV i) B e Lprar o3 A1 S LL)
Botl) s Dl 0dgh ST Ao L) B by Jubows £ST05 e 2y 5 iS13] UL
052 plsel LS Lol bly Lo dage IS U516 pon Dliedl ol

29UU PI1A LWL dus Al e ludl Uy Juda

Kaggle s sgorl) dlis 28U Lol bl Julowtd Lot 1 LI ds gares
Gy ASH Fithit dela stiios oo 30 o Bl duda UL & gomes ar 3
s e DbL) e ez o3

iegazmay 05l liSe slmul 5ob e ASHUI ALl SUl Lo dege oY1 Tule
2031 LU

import pandas as pd

import numpy as np

import matplotlib.pyplot as plt
import plotly.express as px
import plotly.graph objects as go

data = pd.read csv("dailyActivity merged.csv")
print (data.head())

Id ActivityDate TotalSteps TotalDistance TrackerDistance \

@ 1503968366  4/12/2816 13162 8.50 8.58
1 1503960366  4/13/2016 10735 6.97 6.97
2 1583960366  4/14/2016 10468 6.74 6.74
3 1503960366  4/15/2016 9762 6.28 6.28
4 1583960386  4/16/2816 12669 8.16 8.16

LoggedActivitiesDistance VeryActiveDistance ModeratelyActiveDistance Y\

L] 0.0 1.88 ©.55
1 8.0 1.57 0.69
2 0.0 2.44 0.40
3 8.0 2.14 1.26
a 0.0 2.1 e.a1
Ligl iveDistance yActiveDistance nutes
° 6.06 0.0 25
1 4,71 8.8 21
2 3. 0.0 30
3 2.83 e.e 29
4 5.04 0.0 36

FairlyActiveMinutes LightlyActiveMinutes SedentaryMinutes Calories

e 13 328 728 1985
1 19 217 776 1797
2 1 181 1218 1776
3 3 209 726 1745
4

10 221 773 1863


https://raw.githubusercontent.com/amankharwal/Website-data/master/dailyActivity_merged.csv
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o3 Sl e g0 oda ULl e gares SIS Lo e 5 05 b Les (LS ael )3

print (data.isnull () .sum())

Id

ActivityDate

TotalSteps
TotalDistance
TrackerDistance
LoggedActivitiesDistance
VeryActiveDistance
ModeratelyActiveDistance
LightActiveDistance
SedentaryActiveDistance
VeryActiveMinutes
FairlyActiveMinutes
LightlyActiveMinutes
SedentaryMinutes

Calories

® @ @ O 0 ® @ @ O @ O O ©@ ©® @

dtype: int64

:\9 rT ai:)Lé

Blanall Sola ghaall e 8l A Les 32,6 123 (6l e DL e gazes (g 5o Y UL

print (data.info())

<class

Rangelndex: 948 entries, @ to 939

Data columns (total 15 columns):

#

W 0N O WM R W N RO

B e~
w N R

14

Column

Id

ActivityDate

TotalSteps

TotalDistance
TrackerDistance
LoggedActivitiesDistance
VeryActiveDistance
ModeratelyActiveDistance
LightActiveDistance
SedentaryActiveDistance
VeryActiveMinutes
FairlyActiveMinutes
LightlyActiveMinutes
SedentaryMinutes

Calories

Non-Null Count

"pandas.core.frame.DataFrame'>

non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null
non-null

non-null

dtypes: float64(7), int64(7), object(1)

memory usage: 110.3+ KB

None

Dtype

floated
floated
floated
floatéd
floated
floatéd
floated
inté4
inté4
inté4
inté4
inté4

1Bl e pazes Fodas VL

Jplsdl plisend )zl 43 . (object) (55 s ol 5050 e (g 5om gl 5 50l
:(datetime column) <35l 5l s gae J) s gandl M el (o
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#Changing datatype of ActivityDate

data["ActivityDate"] = pd.to datetime(data["ActivityDate”],
format="%m/%d/%Y")
print (data.info())

iy e »le\j‘@w\ S g obs glas (6w ESM%\@«?JLJ_&.\
S JL‘*"l st%ﬂ oda Jpru Les .Ul de s L}SM\ R CRUPRPEICE]
HWRYS szod! J...B

data["TotalMinutes"] = data["VeryActiveMinutes"] +
data["FairlyActiveMinutes"] + data["LightlyActiveMinutes"] +
data["SedentaryMinutes"]

print (data["TotalMinutes"] .sample (5))

: UL de gozeod o | Slslax Y1 e 5 ka2l oV Les
print (data.describe())

Id TotalSteps TotalDistance TrackerDistance \

count 9. 82 94e. 94e. 940.000000
mean 4.8554@7e+89 7637.910638 5.489782 5.475351
std 2.424805e+89 5@87.150742 3.924606 3.987276
min 1.503960e+89 ©.e00000 ©.000000 ©.002000
25% 2.320127e+09 3789.750000 2.620000 2.62e000
5e% 4.445115e+89 7405 .500000 5.245008 5.245000
75% 6.962181e+89 10727.000000 7.712500 7.71eeee
max 8.877689e+89 36019.000000 28.083e001 28.83ee01

LoggedActivitiesDistance VeryActiveDistance ModeratelyActiveDistance \

count 940 .600000 940.000000 940.ee0000
mean @.1e8171 1.502681 9.567543
std ©.619897 2.658941 ©.883580
min ©.002000 ©.008000 0.000000
25% ©.002000 ©.008000 9.080000
5e% ©.eeee80 8.21ee88 9.240000
75% ©.00e000 2.e52500 0.800000
max 4.942142 21.92eeee 6.480000

LightActiveDistance SedentaryActiveDistance VeryActiveMinutes \

count 9460.000000 940.000000 940.000000
mean 3.348819 ©.081686 21.164894
std 2.9408655 ©.087346 32.844803
min ©.008000 ©.008080 ©.800000
25% 1.945000 ©.000000 ©.000000
5e% 3.365000 ©.002000 4.000000
75% 4.7825e@ ©.0002000 32.000000
max 1e.71eee0 8.11eeee 210.000000

FairlyActiveMinutes LightlyActiveMinutes SedentarylMinutes \

count 946.600000 S46.000000 940.000000
mean 13.564894 192.812766 991.210638
std 19.9874e4 1@9.1747ee 301.267437
min ©.000000 ©.000000 ©.oee000
25% ©.020000 127 .000000 729.750000
5% 6.000000 199.000000 1e57.500000
75% 15.e00000 264 .000000 1229.5e0000

max 143 .000000 518.000000 1440.000000
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Calories TotalMinutes
count 940.e000600 940.000000
mean  2303,609574 1218.753191
std 718.166862 265.931767
min @.e00000 2.,020000
25% 1828.502000 989.750000
5e% 2134.c00000 1440.000000
75% 2793,2520080 1440.000000
max 4900.200000 1440,000000

A Ge bl by JudAd

= olbly e g gow (Calories) L)l dl Ol padl 5 gae e SULIN de gazes (g g
Sl G e BN o 510 AL Gyes sl 355 omall 2l el ol s
:s’}:‘” L;Le,xb o &;J\ (total steps) <l slas<ll Lgu?b (calories burned) 4! >

figure = px.scatter (data frame = data, x="Calories,
y="TotalSteps", size="VeryActiveMinutes'
trendline="ols '
title="Relationship between Calories & Total Steps”)
figure.show()

Relationship between Calories & Total Steps

TotalSteps

0 1000 2000 3000 4000 5000

Calories

il el Sl sde s Olghil) bVl sual o ides Be Sl ol 5 of ke
active ) atall BB Jlox Y sdall Lo gma e 820 AL GV L yes ol §36 5 ool
05 (minutes

label = ["Very Active Minutes", "Fairly Active Minutes ",
! Lightly Active Minutes", "Inactive Minutes "]
counts = data[["VeryActiveMinutes", "FairlyActiveMinutes",

LightlyActiveMinutes", "SedentaryMinutes"]].mean()
colors = ['gold', 'lightgreen', "pink", "blue"]

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Total Active Minutes')
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fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3)))
fig.show()

Total Active Minutes

192.812766

21.16489362
13.56489362

W Inactive Minutes

[ Lightly Active Minutes
[ very Active Minutes
B Fairly Active Minutes

el
o5l Glinactive) daddl ;& HBU Jlxr] 0 781.3 .1
.(sj:J\ @(Lightly active) wads S il Al e 715.8 .2
(very active) LA dads (71.74) Lais 423> 21 <l cbwmall 4.3
.ij\ %;é(fairly active) bo d> Jl daidl BN -6 (35 13) /1.115 .4

Lyes oMel 3 lls a5 pee JI (ActivityDate) spee Sbly g0 gy L
oy 0 SBLL A goreod i 3 50 BLSLy Moenld sV pLT e tall a0dinss
:(Day)

data["Day"] = data["ActivityDate"].dt.day name()
print (data["Day"] .head())

£52 JS diiasdl dbsdly Mj;&lik..ﬁ.ﬂb S el S Je sj]a.,%;é.b oYl bes
:C),..:\!\ (aLju.p

fig = go.Figure()

fig.add trace (go.Bar)
x=data["Day"],
y=data["VeryActiveMinutes"],
name='Very Active’,
marker color='purple’

))

fig.add trace (go.Bar)
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x=data["Day"],
y=data["FairlyActiveMinutes"],
name='Fairly Active’,
marker color='green’
))
fig.add trace (go.Bar)
x=data["Day"],
y=data["LightlyActiveMinutes"],
name='Lightly Active’,
marker color='pink,
))
fig.update layout (barmode='group', xaxis tickangle=-45)
fig.show()

30k W very Active
W Fairly Active
Lightly Active

15k
10k

5k

1 s ol o o IS G2 8 FBWIsae e 3,k a6 oYl Les

day = data["Day"].value counts()

label = day.index

counts = data["SedentaryMinutes"]

colors = ['gold',6 'lightgreen', "pink", "blue", "skyblue",
"cyan", "orange"]

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout(title text='Inactive Minutes Daily')
fig.update traces (hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3))
fig.show ()
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Inactive Minutes Daily

O Thursday
B Monday
B wednesday
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O Tuesday
W Friday

O sunday
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calories = data["Day"].value counts()

label = calories.index

counts = data["Calories"]

colors = ['gold',6 'lightgreen', "pink", "blue", "skyblue",
"cyan", "orange"]

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout(title text='Calories Burned Daily"')
fig.update traces(hoverinfo='label+percent', textinfo='value',
textfont size=30,

marker=dict (colors=colors, line=dict (color='black',
width=3)))
fig.show()

Calories Burned Daily
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Monday
Saturday
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IPL 2022 quUU plaaiwb IPL 2022 Judai (15
Analysis using Python

o ko) piind s kel Jpm UL e 2800 0l by o JS s
JS Gz SULIL e el 96 102Ul SlisT e s ST 3 A0l eI
I gl Gpl 1 8l Bl 3 N1 sl IPL 2022 g (Ll e 1 250
O g Wil 0 3. Lwlis D) 0dgs TPL 2022 s £S5 me o5 S 13)
0526 plasals TPL 2022 o dage IO 8051

09U plaaiwu IPL 2022 Julaj
Sy Kaggle ;o IPL 2022 Jows dogod Lodsinad I SULII e gome 155 o2
Ol Sl sl ol Gk e dagall o OV T (L e odis SULI e pazes L35
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import pandas as pd
import plotly.express as px

import plotly.graph objects as go

data = pd.read csv ("IPL 2022.csv")
print (data.head())

match_id date venue \

e 1 March 26,2022 Wankhede Stadium, Mumbai

al 2 March 27,2022 Brabourne Stadium, Mumbai

2 3 March 27,2022 Dr DY Patil Sports Academy, Mumbai

3 4 March 28,2022 Wankhede Stadium, Mumbai

4 5 March 29,2822 Maharashtra Cricket Association Stadium,Pune

teaml team2 stage toss_winner toss_decision first_ings_score \

e Chennai Kolkata Group Kolkata Field 131

1 Delhi Mumbai Group Delhi Field 177

2 Banglore Punjab Group Punjab Field 205

3 Gujarat  Lucknow Group Gujarat Field 158

4 Hyderabad Rajasthan Group Hyderabad Field 210
first_ings_wkts second_ings_score second_ings_wkts match_winner won_by \

e 5 133 4 Kolkata Wickets

1 5 179 6 Delhi Wickets

2 2 208 H Punjab Wickets

3 6 161 5 Gujarat Wickets

4 6 149 7 Rajasthan Runs
margin player_of_the_match top_scorer highscore best_bowling \

e 6 Umesh Yadav MS Dheoni 50 Dwayne Brave

al 4 Kuldeep Yadawv Ishan Kishan 81 Kuldeep Yadav

2 5 Odean Smith Faf du Plessis 88 Mohammed Siraj

3 5 Mohammed Shami Deepak Hooda 55 Mohammed Shami

4 61 Sanju Samson Aiden Markram 57 Yuzvendra Chahal

best_bowling_figure
3--20

B wN R e
Wow N W


https://www.kaggle.com/datasets/aravindas01/ipl-2022dataset
https://raw.githubusercontent.com/amankharwal/Website-data/master/IPL%202022.csv
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figure = px.bar(data, x=data["match winner”],

title="Number of Matches Won in IPL 2022")
figure.show ()

Number of Matches Won in IPL 2022

count

match_winner

SGujrat J dd 52,48 5] &) L olyle Sl o552 skl Gujrat 355 (Ll W
36 8 G e OIS L La Power Gl wlane 545 iS55 Lyes 0YILIPL
S 2l 55 Uadl 5T (Vo o jeall) Bl

data["won by"] = data["won by"].map ({"Wickets": "Chasing ,"
" Runs": "Defending”})
won by = data["won by"].value counts ()

label = won by.index

counts won by.values

colors ["gold', 'lightgreen']

fig = go.Figure(data=[go.Pie (labels=label, values=counts)])
fig.update layout (title text='Number of Matches Won By
Defending Or Chasing')
fig.update traces (hoverinfo='label+percent',
textinfo='value ,'

textfont size=30,

marker=dict (colors=colors ,

line=dict (color="black',

width=3)))
fig.show ()
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Number of Matches Won By Defending Or Chasing

[ Chasing
[ Defending

22 24

Sl e Bl o] 6 e 22 5 outgl) a3 las o3850 24 ) o5 (Dl (2
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toss = data["toss decision"].value counts ()
label = toss.index
counts = toss.values

colors = ['skyblue',6 'yellow']

fig = go.Figure (data=[go.Pie(labels=label, values=counts)])
fig.update layout (title text='Toss Decision')
fig.update traces(hoverinfo='label+percent ,'
textinfo='value', textfont size=30,
marker=dict (colors=colors ,
line=dict (color="'black',
width=3)))
fig.show ()

Toss Decision

O Field
O eat
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Les oV .0L3 (e 0,3 KL Rahul Joews <05, E6 Jos Buttler Joew OV 2
TPL 2022 oY oo hkall Flsm oo s 28T o5l 3k

= px.bar (data, x = data["player of the match”],
title="Most Player of the Match Awards”)

figure

figure.

show ()

Most Player of the Match Awards

count
~

player_of_the_match

Jaxly sk gl .ol @L s,kedl Bl Y 456 Kuldeep Yadav jdaasy 14
Slaased Joail ¢ bowlers le 8,k &l Uyes oYl Wl ls Kuldeep Yadav
il plans Sbowlers

figure

figure

= px.bar(data, x=data["best bowling”],
title="Best Bowlers in IPL 2022")
.show ()

Best Bowlers in IPL 2022

count
~

w="2
s &
= E
- =1

3

best_bowling

10 .ol le @JT Sbowlers ©luass J..ae\ w) Yuzvendra Chahal s 5 of <
La ¢l s Yuzvendra Chahal J 1, & sk odgd

1T T gl duaos o131 ey wickets oSGl plane OSTI3] Lo e 3 155 a2 oY Les

A_eu\.é.“ EJ)LE.G
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figure = go.Figure()

figure.add trace(go.Bar)
x=data["venue"],
y=data["first ings wkts"],
name='First Innings Wickets,'

marker color='gold

))

figure.add trace(go.Bar)
x=data["venue"],
y=data["second ings wkts"],
name="'Second Innings Wickets,'
markericolorZ'lightgreed

))
figure.update layout (barmode='group', xaxis tickangle=-45)

figure.show()

First Innings Wickets
Second Innings Wickets

£ L3l oSS ) (bane i Pune b MCA sty sl 5o b Wankhede sl 32U
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Kuldeep s Yuzvendra Chahal i85 cbat .S Sl Las & Joledl 3, Rahul

Jelos I Bl oda oo 15 055 0f el bowl o Il s ool Gl Yadav

3520 plsenLIPL 2022
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Covid- 49U plariwb Covid-19 ol yiti Jui (16

19 Impacts Analysis using Python
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S5 Kaggle ;0 covid-19 <l 36 Llowd Ladbund 1 SULII de sazen i35 o2
1 bl e

.(the country code) AJ! 5, .1
.(name of all the countries) J ! Jfg"“’\ 2
.(date of the record) |zl @)L: 3

Human development index of all the ) Jsll xaxd & 0l Lozl 350 .4

.(countries
.(Daily covid-19 cases) iw sl Covid-19 <Yl .5
.(Daily deaths due to covid-19) Covid-19 s dwsdl ola gl .6
.(stringency index of the countries) o\l dsl oo ;o560 .7
.(the population of the countries) Jsll 0w .8

GDP per capita of the) Jsill Jlaz ¥l owadl Ul o 0,40 s .9

.(countries
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https://www.kaggle.com/datasets/shashwatwork/impact-of-covid19-pandemic-on-the-global-economy
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UL e sazess b leSls sl b e Covid-19 @l 36 oo dage Tod

import pandas as pd
import plotly.express as px
import plotly.graph objects as go

data
data

2 =

pd.read csv("transformed data.csv")

print (data)

B W NP O

58413
5e414
5e415
5e41e
50417

B W NP O

58413
5e414
58415
50416
58417

[50418 rows x 9 columns]

CODE
AFG
AFG
AFG
AFG
AFG

ZWE
ZWE
ZWE
ZWE
ZWE

17.
17.
17.
17.
17.

16.
16.
16.
16.
16.

COUNTRY
Afghanistan
Afghanistan
Afghanistan
Afghanistan
Afghanistan

Zimbabwe
Zimbabwe
Zimbabwe
Zimbabwe

Zimbabwe

2019~
20828-
2020-
2020-
20620-

2020-
2020-
2020-
2020-
2020-

POP GDPCAP

477233
477233
477233
477233
477233

NN N NN

514381
514381
514381
514381
514381

R I N

497754
.497754
.497754
.497754
.497754
.5494391
.549491
.549491

.549491
.549491

DATE
12-31
al1-el
e1-82
el-e3
al-e4

le-15
le-16
le-17
le-18
le-15

® © ® ® ®

® O ©® © ©

HDI

.498
.498
.498
.498
.498

.535
.535
.535
.535
.535

pd.read csv("raw data.csv")

TC TD STI
. a. a.
. a. a.
e. 8. e.
. 9. 9.
. a. a.
8.994048 5.442418 4,341855
8.996528 5.442418 4.341855
8.999496 5.442418 4,341855
9.0e0853 5.442418 4,341855
9.085405 5.442418 4.341855

VY]

el I e a3l 192 4 S el e bl e g 1 UL 6 2o
2020 ;155710 1 2019 oz 31 o Jlaz ¥l

bl puAani

QUQ&QW\&T@M.QUQ&M&ML@M&‘QU@\&ME;M
e plbsel e pmy S0 o 03 cile o 3V Gl (g som Ly (A5
Aakses el Uil iy dage Dlaslas e lags S5 5o G chagall sdg) UL
1A 5l 80ty UL 2o pemme e 8 020 AL L e SV


https://www.kaggle.com/datasets/shashwatwork/impact-of-covid19-pandemic-on-the-global-economy
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print (data.head())

CODE
AFG
AFG
AFG
AFG
AFG

B W N B O

COUNTRY
Afghanistan
Afghanistan
Afghanistan
Afghanistan
Afghanistan

print (data2.head())

iso_code

P W N RO

loca
AFG
AFG
AFG
AFG
AFG

Afghani.
Afghani
Afghani.
Afghani.
Afghani,

stringency_index

B ow N RO

Unnamed: 9 Unnamed: 1@ Unnamed: 11

B oW N RO

e.e
e.e
e.e
e.e
8.8

#NUM!
#NUM!
#NUM!
#NUM!
#NUM!

DATE HDI TC TD
2019-12-31 ©.498 0.0 0.0
2020-01-01 ©.498 0.0 0.8
2020-01-02 ©.498 ©.0 0.0
2020-01-03 ©.498 0.0 0.0
2020-01-04 ©.498 0.0 0.0

tion date +total_cases
stan 2019-12-31 e.e
stan 2020-01-01 8.9
stan 2020-81-02 8.e
stan 20820-81-03 e.e
stan 2020-01-04 8.0
population gdp_per_capita
38928341 1803.987
38928341 1803.987
38928341 1803.987
38928341 1803.987
38928341 1803.987
Unnamed: 12
#NUM! #NUM! 17.477233
#NUM! #NUM! 17.477233
#NUM! #NUM! 17.477233
#NUM! #NUM! 17.477233
#NUM! #NUM! 17.477233

STI
8.e
2.8
8.0
e.e
8.0

POP
17.477233
17.477233
17.477233
17.477233
17.477233

total_deaths

human_development_index

Unnamed:

e.e
e.e
e.e
e.e
0.2

13

7.497754494

7.497754494

7.497754494

7.497754494

7.497754494

GDPCAP
7.497754
7.497754
7.497754
7.497754
7.497754

©.498
©.498
©.498
©.498
©.498

=3 Lle on &l wary bl LSE gorea 6 iyl ol e Jgexdl dn
CJL’L:J:\.GM ¢L:41J,§u.§b adade Ul hwemldwdﬁs’)bu\&w
CJL;L:J\Z\PML.ﬁ)yﬂ‘JLJfQL:PJJ&éﬁBJEﬂJuJ 8Jod>-

data ["COUNTRY"] .value_ counts()

Thailand

China

Norway

Afghanistan

United Arab Emirates

Tajikistan

Comoros

Lesotho

Hong Kong

Solomon Islands

Name: COUNTRY, Length: 218, dtype:

294
294
294
294
294
172
171
158
51
4

int6d
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data ["COUNTRY"] .value counts () .mode()

e 294
dtype: inte4

e Bl Slall o sazes dand) asldeind )z bows Il sedl dac3 2 294 03]
is gazen LSk OV (il QIS5 Sl W1 Jowall Sl o 5 01 nah s & 0] ol
LSBT e sazen (g oy | Bhas Yl ras IO o Bl UL

#Aggregating the data

code = data["CODE"] .unique () .tolist()
country = data["COUNTRY"].unique ().tolist()
hdi =[]

te=[]

td =[]

sti=[]

population = data["POP"].unique () .tolist()
gdp =[]

for i in country

hdi.append((data.loc[data["COUNTRY"] == i, "HDI"]).sum()/294)
tc.append((data2.loc[data2["location"] == 1,

"total cases"]) .sum())
td.append((data2.loc[data2["location"] == i,

"total deaths"]) .sum())
sti.append((data.loc[data["COUNTRY"] == i, "STI"]).sum()/294)
population.append((data2.loc[data2["location"] == i,

"population"]) .sum() /294)

aggregated data = pd.DataFrame (list (zip(code, country, hdi,

tc, td, sti, population)),

columns = ["Country Code", "Country", "HDI”,
Total Cases", "Total Deaths”,

"

"

Stringency Index", "Population”)
print (aggregated data.head())

Country Code Country HDI Total Cases Total Deaths \
(-] AFG Afghanistan ©.458080 5126433.0 165875.@
1 ALB Albania ©.600765 le71s951.@ 31e56.e
2 DZA Algeria ©.754008 4893999.0 206429.8
3 AND Andorra ©.659551 223576.0 9g5e.e
4 AGO Angola ©.418952 3e4ees.0 l1ls2e.e

Stringency Index Population

.849673 17.477233

w

.885624  14.872537
.195168 17.596389
.677654  11.2549%6

P W KN RO
NN W ow

»96556@ 17.387957
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#Sorting Data According to Total Cases

data = aggregated data.sort values (by=["Total Cases"],
ascending=False)
print (data.head())

Country Code Country HDI Total Cases Total Deaths \
200 USA United States ©.92400 746014098.0 26477574.0
27 BRA Brazil ©.7590@ 425704517.@ 14340567.0
20 IND India ©.64000 487771615.0 7247327.0
157 RUS Russia ©.81600 132888951.8 2131571.e
15 PER Peru ©.59943 74882695.0 3820038.0

Stringency Index Population

20e 3.3589439 19.617637
27 3.136028 13.174732
90 3.610552 21.045353
157 3.380088 18.798668
15e 3.430126 17.311165

toV bl e e STl ol 10 Juzdl s LSl s el oV
#Top 10 Countries with Highest Covid Cases

data = data.head(10)
print (data)

Country Code Country HDI Total Cases Total Deaths \
200 USA  United Ststes ©.924800 746014098.0  26477574.0
27 BRA Brazil ©.759000 425704517.0  14340567.0
se o Indis ©.648000 407771615.8 7247327.0
157 RUS Russia ©.816600 132888951.0 2131571.0
150 PER Peru ©.599490  74882655.0 3020038.0
125 MEX Mexico ©.774000 74347548.0 7295850.0
178 ESP Spain ©.887969  73717676.0 5510624.0
175 ZAF  South Africa ©.608653 63027659.0 1357682.0
a2 coL Colombia ©.581847  60543682.0 1936134.0
199 GBR United Kingdom ©.922000 59475032.0 7249573.0

Stringency Index Population

200 3.350949  19,617637
27 3.136028 19.174732
90 3.610552  21.845353
157 3.380088  18.798668
150 3.430126  17.311165
125 3.019289  18.674802
178 3.393922  17.660427
175 3.364333  17.898266
a2 3.357923  17.745037

198 3.353883  18.33340
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data["GDP Before Covid"] = [65279.53, 8897.49, 2100.75,
,9946.03,7027.61,11497.65
[42354.41,6424.98,6001.40,29564.74

data["GDP During Covid"] = [63543.58, 6796.84, 1900.71,
,8346.70,6126.87,10126.72

[40284.64,5332.77,5090.72,27057.16
print (data)

Country Code Country HDI Total Cases Total Deaths \
2ee UsA United States ©.924000 746014098.8 26477574.0
27 BRA Brazil ©.759080 425704517.8 14348567.0
98 IND India ©.640000 407771615.8 7247327.0
157 RUS Russia ©.816000 132888551.8 2131571.8
15e PER Peru ©.5954%0 74882695.0 3020038.0
125 MEX Mexico ©.774080 74347548.0 7295858.80
178 ESP Spain ©.887969 73717676.0 5510624.0
175 ZAF South Africa ©.608653 63027659.0 1357682.0
42 coL Colombia ©.581847 60543682.0 1936134.0
199 GBR United Kingdom ©.922000 59475032.0 7249573.0

Stringency Index Population GDP Before Covid GDP During Covid

2ee 3.350949 19.617637 65279.53 63543.58
27 3.136028 19.174732 8897.49 6796.84
%8 3.610552 21.845353 2100.75 1960.71
157 3.380088 18.798668 11497.65 18126.72
158 3.430126 17.311165 7027.61 6126.87
125 3.019289 18.674862 9946.03 8346.70
178 3.393922 17.660427 29564.74 27057.16
175 3.364333 17.898266 6eel.4e 5@%98.72
42 3.357923 17.745037 6424.98 5332.77
199 3.353883 18.e33340 42354.41 40284.64

Gy Jlo V1 ol gl ey 3,801 oty Aol UL o o 1o
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figure = px.bar(data, y='Total Cases', x='Country’,
title="Countries with Highest Covid Cases”)

figure.show()
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Countries with Highest Covid Cases
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400M
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figure = px.bar(data, y='Total Deaths', x='Country’,

title="Countries with Highest Deaths”)
figure.show()

Countries with Highest Deaths

||| ||I III [ II. III III — IIIIII
Sﬂs

Total Deaths

0

o, o 5
”r@O Gy gy s, ey, %U, 0’% ”r@dk
g,

'r:)
o
o,

Country

e o2l sae suonadl SLY I e (Covid-19 @Vl Jlaar Yl saall foe Glas
Sl gl Jdre 0 g L acdam Do oy ol o I ST 058l Gangdly o310
B8 0V bes .oVl Sl W ssal) Gy Cod Gadsws Ly 3l sy Lwsys gl 3

M ods maz Gl ) Jlerls SVl Jle Y1 sl
fig = go.Figure()

fig.add trace (go.Bar)
x=data["Country"],
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y=data["Total Cases"],
name='Total Cases’,
marker color='indianred

))

fig.add trace(go.Bar)
x=data["Country"],
y=data["Total Deaths"],
name='Total Deaths’,
marker color='lightsalmon’

))

fig.update layout (barmode='group', xaxis tickangle=-45)

fig.show()
B Total Cases
Total Deaths
600M
400M
200M I
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)
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#iPercentage of Total Cases and Deaths

cases = data["Total Cases"].sum()

deceased = data["Total Deaths"].sum()

labels = ["Total Cases", "Total Deaths"]
values = [cases, deceased]

fig = px.pie(data, values=values, names=labels,

title='Percentage of Total Cases and Deaths', hole=0.5)
fig.show()
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Percentage of Total Cases and Deaths

M Total Cases
M Total Deaths

:Covid-19 oV Wl gl Jams Olu> 428 L Ld

death rate = (data["Total Deaths"].sum() / data["Total
Cases"].sum()) * 100
print ("Death Rate = ", death rate)

Death Rate = 3.6144212045653767

orbis 4 L (stringency index) del mall u,gd 38 ol UL de sazes Goge JESIYOS
&) il Sy Jandl SUTGMEL o lhall B3] U5 Blay DloeasVT S pi5ad (S o
: Covid-19 )Lzl e 8 Janld Slel 2 ¥l oda ¢ L3l G5l &l o (5o e

fig = px.bar(data, x='Country', y='Total Cases’,
hover data=['Population', 'Total Deaths'],

color='Stringency Index', height=400,
title= "Stringency Index during Covid-19")
fig.show()

U358 g b 5 13T Al e M 21T (6355 gl 0 6 5 0 Loy La

anisll e Covid-19 ailyiti Judai

Soeall Gl e s ) o clia slaBY e Covid-19 8T Jlowd Jams oY1 Les
byes . Covid-19 245 e @bl (g3laVl 3blall ol b1 Jaladl 52 Izl
O oy Covid-19 25 3 SV Jowedl m5ll o 3 01 o o 300 b
Covid-19: s ok Lol V> o sae STl I

fig = px.bar(data, x='Country', y='Total Cases’,
hover data=['Population', 'Total Deaths'],
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color="'GDP Before Covid', height=400,
title="GDP Per Capita Before Covid-19”")
fig.show()

GDP Per Capita Before Covid-19

GDP Before Covid
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fig = px.bar(data, x='Country', y='Total Cases’,
hover data=['Population', 'Total Deaths'],

color="'GDP During Covid', height=400,
title="GDP Per Capita During Covid-19”")
fig.show()

GDP Per Capita During Covid-19

GDP During Covid
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fig = go.Figure()
fig.add trace (go.Bar)
x=data["Country"],

y=data["GDP Before Covid"],
name='GDP Per Capita Before Covid-19’,
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marker color='indianred’
))
fig.add trace (go.Bar)
x=data["Country"],

y=data["GDP During Covid"],

name='GDP Per Capita During Covid-19’,

marker color='lightsalmon’
))
fig.update layout (barmode='group', xaxis tickangle=-45)
fig.show()

B GDP Per Capita Before Covid-19
60k GDP Per Capita During Covid-19

le A O o G Sl Y1 el bl o 3 401 s GLolisal (55 o SeSay
sy 58 ws i oYl Y s s ST

4| .(Human Development Index) & 2J1 sl ;50 a 51 e oLl Jule
3, AL G e 3,0l onad e s kel 03 gmodl pandl o od (S Slan] S5

iy il Bl e el e G5 @IS 1 ol sae e
fig = px.bar(data, x='Country', y='Total Cases,

hover data=['Population', 'Total Deaths'],

color="HDI', height=400,
title="Human Development Index during Covid-19")

fig.show()

Human Development Index during Covid-19

HDI
0.9
600M
]
s 0.8
U 400M
2
- 0.7
200M
[ & I R, P Az, 5 5 c &,
m,(ﬂ& = Uiy if.r% €, s iy a(% Oy, : %’%/ %“‘r,f*.
St ey Gl ”7;,_,/_1

Country
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SLaiVl e o565 Covid-19 jlal fhow g islay 21 dk lall 2 o 03]
wuaaloldl

LTy ) Wl sLad W e o 8y Jall s By oS s b L0l by gl o
Covid-19 _wsmis b Il LLoY &Y= 0 e ST | 6ol Covid-19 i o
Bdownadl SUY I Biel el S50 58 S5 el 5 dnd I Ll as sl ul;YjJ\ S
B e 3,4 o SB L4 Loy Lol Lo o1 sand Gy Lol Laiies L@J\
I Bliadl oda ool 15 0055 0 ol L) 58 s b o2 o LTty S 3 Jla Y1 ool
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weL laaiwl Instagram ()l Jgngll 520 Julai(16
Instagram Reach Analysis using Python

ol ot dedsvy o gl Eelonr V) Ll ll lidss el aoT Instagram ey
C‘ﬁj sLiily ooy dadses slug V.@.SL«.:«\I oAl Bl JSo Instagram o gsdson
RO N PP T &L Gl s» Instagram OV 1 (g ol ye dilises
Ssowall siiad andh o) il ienes Instagram 06 oVl (it
55 sk Jpos e e 35 96 il 1n el o (S - padiennally
Instagram _ls do K& Jors OF (5 goeall ¢ e 3151 13] G L hall (ol s Lle
S Ol 5o 1 Instagram ) dses ULy J) b o aded ¢ Joshall guadl e
el B SE e oy 5 S I3 laza VT ool 2l Jilirs Bl e plased 4 ST
Ll il odgd Instagram J) Jse sl Judoo daged Ly Lol Instagram <UL
las gk pliebnstagram I Jso gl Jdows oo 35T G s D) ada Gl
el e Instagram ($o! ol - S w{r@ﬁ S sl e sl
Josa

Instagram (JI JgngJl 520 Julj
Sl e Led a0 0 S 3.0V asb 5 24 Instagram J) o 5l o Eoul oS ad)
QU5 de by o sl s 20l S5 ko J g2 UL o p 531 (0 0152 Instagram
Sl Jpos Gl oo e 5 ST 15] L Instagram 4,05 o ujrp <
-ENCI PES PR PN ES FLINES) VPR WU vi v oY o Sl Caed (&l oLl Instagram
G54, Instagram < bly mor L_}..a;a‘Y\ oo S e K8 e ¥ ST CAPT ol Lol
0 #2b plasenl Instagram ) J o )l Joloss olas do 55 UL e SO oS3
degazes Joy5 Sy Instagram e ploa o lener S QUL plisenl sl
el QoY1 Ls e Instagram J) J ol e Jolows Laged Lnodsenal (1 UL

S el plasenly 3220ls Instagram J) J ol Jobos dage I35 35T G5 g oo

wglb plaaiwy Instagram (Jl Jengll 520 Julaj

LS sl G b e o o) Instagram Cles J s e Jdos Gage 01 T
1oy W UL e gazes s Python


https://statso.io/instagram-reach-analysis-case-study/
https://statso.io/instagram-reach-analysis-case-study/
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import pandas as pd

import numpy as np

import matplotlib.pyplot as plt

import seaborn as sns

import plotly.express as px

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

from sklearn.model selection import train test split

from sklearn.linear model import PassiveAggressiveRegressor

data = pd.read csv("Instagram.csv", encoding = 'latinl')
print (data.head())

Impressions From Home From Hashtags From Explore From Other Saves \

e 3920.0 2586.0 lezs.e 619.@ 56.2 98.@
1 5394.0 2727.0 1838.@ 1174.@ 78.2 194.0
2 4021.0 2085.0 1188.8 0.8 533.e 41.0
3 4528.0 2700.0 621.@ 932.@ 73.@ 172.0
4 2518.0 17e4.0 255.@ 279.0 37.e 96.0

Comments Shares Likes Profile Visits Follows \

] 9.8 5.8 162.9 35.0 2.0
1 7.8 14.8 224.e 48.8 18.8
2 11.e l.e 13l.e 62.0 12.e
3 le.e 7.0 213.e 23.0 8.e
4 5.8 4.8 123.9 8.8 8.8
Caption \
@ Here are some of the most important data visua...
1l Here are some of the best data science project...
2 Learn how to train a machine learning model an...
3 HereBs how you can write a Python program to d...
4 Plotting annotations while visualizing your da...

Hashtags
#finance #money #business #investing #investme...
#healthcare #health #covid #data #datascience ...
#data #datascience #dataanalysis #dataanalytic...

#python #pythonprogramming #pythonprojects #py...

B wW N HEO

#datavisualization #datascience #data #dataana...

Sl e g5 edn SULI s gazes SIS Lo e 5 000 3k Les o b IS Gl 13

data.isnull () .sum()

Impressions
From Home
From Hashtags
From Explore
From Other
Saves
Comments
Shares

Likes

Profile Visits
Follows

Caption

I I T e S e e S N

Hashtags
dtype: int64
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S iy 4l il edn IS b Les 3 sae S 34650 ded e (s 500 g6 U
:¢M5¢p.ng
data = data.dropna()
:sw%\@wauw g5 et 3asYl (53, o 3l Ak Les
data.info ()

<class 'pandas.core.frame.DataFrame'>
Inté4Index: 99 entries, @ to 98

Data columns (total 13 columns):

# Column Non-Null Count Dtype

-] Impressions 99 non-null floated
1 From Home 99 non-null floated
2 From Hashtags 99 non-null float6d
3 From Explore 9% non-null float6d
4 From Other 99 non-null floated
5 Saves 99 non-null floated
6 Comments 929 non-null floated
7 Shares 95 non-null floatéd
8 Likes 95 non-null floatéd
) Profile Visits 99 non-null floated
10 Follows 929 non-null floated
11 Caption 99 non-null object
12 Hashtags 9% non-null object

dtypes: float64(11), object(2)

memory usage: 18.8+ KB

Instagram Jgng 20 Juli
&5 e %T 8,k L;E.Sl.w Instagram. _Je L;K)L:m Jses oo oo oV Tu
sl Bodall (3 e Ledl I (distribution of impressions) <lellasYl
.(home)
plt.figure (figsize=(10, 8))
plt.style.use ('fivethirtyeight')

plt.title("Distribution of Impressions From Home")
sns.distplot (data['From Home'])

plt.show()

Distribution of Impressions From Home

0.0008
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Density
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0.0002
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From Home
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o5 oo InStagram e e Ml deinall g o Lol o] 2l oLV glid
oo LI Sy i Bl oo e SlellE ) L L el J] S50
Lol 1 salall ol o 5 o 80 A oY1 bes L mlie IS 1 sl el

:(hashtags) pswsll s

plt.figure(figsize=(10, 8))
plt.title("Distribution of Impressions From Hashtags")
sns.distplot (data['From Hashtags'])

plt.show()

Distribution of Impressions From Hashtags

0.0004

0.0003

Density

0.0002
0.0001

LooDo —2000 0 2000 4000 6000 8000 10000 12000 14000

From Hashtags

SN dsodl o Sas s Instagram e Lo siine i) Lgoddeins Q\;;Tga o s 5l
o3eb S JI el Ll psE sl sl 5 e Pl oY1 e el
Sear oS5 oyl pleal Sy il ez J) Il oS ¥l Citall dadle
i e 5 AL OV Les Lo g Il IS e sl el e ol J) e )

: Instagram 3(explore section) BLiScuwl d o L dls A ) selall ol o
plt.figure (figsize=(10, 8))

plt.title("Distribution of Impressions From Explore")
sns.distplot (data['From Explore'])

plt.show()
Distribution of Impressions From Explore
0.00175
0.00150
0.00125

0.00100

Density

0.00075

0.00050

0.00025

0.00000 =55, 0 500 1000 1500 2000 2500 3000

From Explore
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obsiiadl o5 Instagram Jiwo )l plad sa Instagram Jolascwyl o3
oo Weils A oL )l U5 e gilabazaly o Shais o 2Ly pndiinal
Cls . peadiamadd 131 piies 1728 o s Y Instagram of J 51 Sy (BLESELNI (3
Sohop Blie N aiscs 15 Y ST cBLESEANI o3 oy D Y gy IS LE

NSRRI FESVIS P

e Bl j3lae e Lo Jant Al lellaidU & sdl £l e 50 2k oY) Les

:Instagram

home = data["From Home"] .sum()

hashtags = data["From Hashtags"].sum()

explore = data["From Explore"].sum()
other = data["From Other"].sum()
labels ['"From Home', 'From Hashtags', 'From Explore', 'Other']

values [home, hashtags, explore, other]
fig = px.pie(data, values=values, names=labels,

title='Impressions on Instagram Posts From Various
Sources', hole=0.5)

fig.show()

Impressions on Instagram Posts From Various Sources

From Home
From Hashtags
From Explore
Other

Jyo sl e opn BN 350 o o b of ehel (donut plot) b sl Jalases ,¢li’ |1
6}1)3@ &A
Seinoll A

(o g8 e SULIN Ao gars (g 5> Instagram Je JK)L:.» S Joo Les oY
¢ o QUaslon Ay c(hashtags) pswylls (caption) deed sl Lol Losy

Instagram _le o 2 SR
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LS e 155 Y A 2l Aol 3 yond (wordcloud) oLl iyl ¢ 25 Lo
:Instagram Je 585 La] Loend 2l Lol Gllusen ) 2SI

text = " ".join(i for i in data.Caption)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.style.use('classic')

plt.figure( figsize=(12,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()

time

wills ,WMUSln
TlmexSerleS&

“data science-

wi PYTHON bes.th‘n%esstedata

efree re

machlne learnlng

Series Analysis’

neural network

.1ll‘learn

..v..Jlen

Uizl 2SN o gl o 3000 Y p gl 3 o) DLl Bloew ¢ 25 Les Y
:Instagram e IS5l

text = " ".join(i for i in data.Hashtags)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(12,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()

data datascience 1C artificialinte
amankharwal thecleverprogrammer
dataanalysis dataanalytics '
al machinelearning python

”‘“*“*”“”ﬂpython pythonprogramming
datascientist machinelearning
pythonprogrammlng pythonprOJects
.. dataanalytics datascientist

python6f03ects pythoncode
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aldlell Junj
o Ll bl Instagram JI W o s Jolgo ool e ) gall BRI P oY1 Lo
. Instagrami.e) | > Jos £45

e Sl e Slella¥l @il o sie s bl Yl sde o BYI e 5120 Ak U yes
: Instagram
figure = px.scatter (data frame = data, x="Impressions”,
y="Likes", size="Likes", trendline="ols'

title = "Relationship Between Likes and Impressions”)
figure.show()

Relationship Between Likes and Impressions

400

Likes

200

100

S5k 10k 15k

Impressions
Instagram e ale clia> Ul Jpo sl sy blmeNl sie (o idas B 2la
olelaNl le saes (comments) ol sde o B g5 oY Les
. Instagram _Je s5lis e (Impressions)

figure = px.scatter(data frame = data, x="Impressions”,
y="Comments", size="Comments", trendline="ols”,
title = "Relationship Between Comments and Total
Impressions”)

figure.show()

Relationship Between Comments and Total Impressions

20

Comments
=}

=

5k 10k 15k
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s e 4550 Y (shares) wlS)laall i) e Wlaks 2l olidacdl sae of sy
Dl e sde s SIS Laedl s o BN e 5 ke a2k oVl Les
figure = px.scatter (data frame = data, x="Impressions”,

y="Shares", size="Shares", trendline="ols”,

title = "Relationship Between Shares and Total
Impressions”)

figure.show()

Relationship Between Shares and Total Impressions

Shares

Impressions

sy e e 55 Y llaadl (S0 el Jsuos ) olS)Ladl e ST sde (6350
Lasl il o sue oo BN e 5k Al oY1 les .olbme Yl leli] J55 L ydis ) siell
:(impressions) wlellai¥l &l 1 sae 5 (saves)

figure = px.scatter (data frame = data, x="Impressions”,
y="Saves", size="Saves", trendline="ols”,

title = "Relationship Between Post Saves and Total
Impressions”,

figure.show()

Relationship Between Post Saves and Total Impressions

600

Saves

5
Sk

10k 15k

Impressions
S5ty (shes o GBI 5 pinall Lo Leh oo A1 ol joll sis s e B s

Ol 3 e sdasYl & Loyl de 5,k S oYl Les s o2 Instagram

:(Impressions column) el
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correlation = data.corr()
print (correlation["Impressions"].sort values (ascending=False))

Impressions 1.eeeeee
Likes @.896277
From Hashtags 9.892682
Follows ©.8e4e64
Profile Visits ©8.774393
Saves ©.625600
From Home ©.6e3378
From Explore @.498389
Shares 9.476617
From Other ©.423227
Comments @.247201

Name: Impressions, dtype: float&4
eyl I sl 380s b Laisdly bl e duzall oF Jodl LSy UL
sdall oS cdgsall J) Jseo sl Gl olS)laadl SV sl Sueleew Instagram
Lol lgos Jo S5 o) olSlaadl e yaiseal

J9adl Jaco Jaj

S ) bl sue o (conversation rate) &sleadl Jdas ¢ Instagram g
&;Jl ol eiiedl e (total profile visits) L";,a;'g.iJ\ cakodl L sde e ‘,.@.,Lo
100 * (sl Cilall S [ Slalaadl) b Josoedl Joas Sl Lgalisin] oy
: Instagram Je oo 3slwadl Jone o 500 A Les oY

conversion rate = (data["Follows"].sum() / data["Profile
Visits"].sum()) * 100
print (conversion rate)

31.17770767613039

Jdre 61575 sus o 525 731 8 o Lol Instagram olus $islwall Jire 0 11U
3de s pasetdl Caladl OhLS Jlex] o BN e 5 k5 &L Lyes Jos o Balows
:Lfﬂéhﬂ‘LALJ‘CgbbjC?M?;ﬁ‘jrwﬁ;d‘Ofybd‘

figure = px.scatter (data frame = data, x="Profile Visits”,
y="Follows", size="Follows", trendline="ols”,
title = "Relationship Between Profile Visits and
Followers Gained”)

figure.show()
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Relationship Between Profile Visits and Followers Gained

Follows

s B3 Lol p Sl ity asetdl Caldl L) (w 85I

InstagramJl JgngJl 89 g 2g-0J
o st dyos e 55l JYI Gl g3 s o8l el a0V
:CS}Q.;H ol 3 Hlesls couds ole gares JI UL =2 Les Instagram

x = np.array(data[['Likes', 'Saves', 'Comments', 'Shares,

'

Profile Visits', 'Follows’]])

y = np.array(data["Impressions"])

xtrain, xtest, ytrain, ytest = train test split(x, vy,
test size=0.2,

random state=42)

o st Jpos e @35 e JY Gl 2350 Copl LSy iSOV L)
1052k plas<sl Instagram

model = PassiveAggressiveRegressor()
model.fit (xtrain, ytrain)
model.score (xtest, ytest)

array([10319.5922441])

VJ;cJ\ Cs,u ) PRV ‘.:..LBJ I e Instagram e 5 oiin J g0 9 (ske CU“ oVl Les
:Lfﬁl

#Features = [['Likes', 'Saves', 'Comments', 'Shares', 'Profile
Visits', 'Follows']]

features = np.array([[54.0,165.0,9.0,4.0,233.0,282.0]])
model.predict (features)

array([10319.5922441])
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uaaloldl

plisely Instagram <l piie dgos s @55 Joloo Ly AiSlay 1 8 bl oo oda
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09U laailwb Tinder wlealjo jeliuo Juai (17

Tinder Reviews Sentiment Analysis using Python
el ) ol day g saelsall (dating) olids ST af sa Tinder
Llay 18,8 e ) gl GolesYl dsley Tinder o8 13] Lo asel) dbles clolazal
Google Play > e Slaxl ol o 25831 Sl Tinder J g U jelie Lo
5] <l . Tinder odswus olie Jloc) SULIN s plisenl LSy . Tinder J>
O gon il odn (3l dslis Dl odgs «Tinder wlaz o o LS5 pmo y 5 S

059 sl jelindl Jlowd Tinder &l 1o Loge SO 05T

oU plaaiwl Tinder ailealyo jelito Jul

Lo o5 - Kaggle oo Tinder o1 Jodows dagal lgatswead ) SULII o gazes 55 o2
is gazee s O gl LSS ) g oY tes .Google Play 2=s Je Tinder olax o po
tagell oda e ad La3OUI UL

import pandas as pd

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

import re

from nltk.corpus import stopwords

import string

data = pd.read csv("tinder google play reviews.csv")
print (data.head())

reviewId userName \
@ gp:AOqpTOFSm-nY12XsKX0@IG-ZQtyvmjwKEp43ILLrhBS. .. Kreg Smith
1 gp:AOqpTOFMaTl6Mj-6hrpeZI9gUSfzeVZQASLugbFelxR. .. R.W.
2 gp:ADgqpTOGtOLCAxZzUINT8t1lykvQHfOuhW70J@MScukLj... Benjo cantor
3 gp:ADgqpTOGcid22sko@XyvhV1kSpbdKUzx5Q1SIi5L10vc. .. Chris Plata
4 gp:A0DqpTOGzA20eNWEOUMBedTHGQFd60U7Qy48]pUcBT-X. . . Dave Midas
userImage \
@ https://play-1lh.googleusercontent.com/a/AATXAJ...
1 https://play-1lh.googleusercontent.com/a-/A0hl4...
2 https://play-lh.googleusercontent.com/a/AATXAJ...
3 https://play-lh.googleusercontent.com/a/AATXAJ...
4 https://play-lh.googleusercontent.com/a-/AOhl4...

content score thumbsUpCount \

@ Got banned for life don't know why they won't ... 1 e
1 I don't know why I was banned .. But I m not a... 1 (-]
2 All gays even if your straight o & & 1 -]
3 You have to pay so much to even be seen on thi... 1 a
4 I do not understand how so many people use thi... 2 e


https://www.kaggle.com/datasets/shivkumarganesh/tinder-google-play-store-review
https://www.kaggle.com/datasets/shivkumarganesh/tinder-google-play-store-review
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reviewlreatedVersion at replyContent replisdit
L] 1¥.8.1 I933-05-31 ReglRssa Makl HaM

KaM DPBI2-B5-21 84:08:14 LEL hiad
2 1%.6.1 DB23-@5-X1 B4:00:18 Mal KaM
3 KaM T8I2-@5-11 8347158 Mah L]
B 15.8.1 Ja23-95-21 @F:47:51 Makl T

Sdoe W Gan G w2l Gl D ooy codn SULN e gored S5V lellaVl b
U (content column) g gowll 2308 J] Laié #los (Tinder Slaxrl e Joloe)
TS o dal ) o g (5 omall 5 ges o sk Dby e gere ¢ 25 Lo
data = datal[["content"]]
5 gomadl 3 0e GRIB- 03 Ll SIS L g 5 oY Les
data.isnull () .sum()
:CJEQ;JudLg%Aud\vgﬁ\ﬁ[ﬂgridé«%AU—V75L;$'Cégiui;>ud\:jap(éj;>g
data = data.dropna()
Lle o La (sentiment analysis) yelaedl oo deged SULII ol g0 oYl Les
nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
stopword=set (stopwords.words ('english'))

def clean (text):

text = str (text) .lower()

text = re.sub ('\[.*2?\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?2>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["content"] = data["content"].apply(clean)

‘Tinder Sl o ootV lpadsiny I LIS g5 e 3 k0 26 oY1 Les

text = " ".join(i for i in data.content)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')
plt.axis ("off")
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plt.show ()
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N
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D
o
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Q
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c .nm.la‘ reinstal

worst app

:t‘.f‘b:kl ::L.ﬂcant log '

"meet peopl?

wast..time.. hice app

ik " Positive” Lol L@_‘,T d\.c odr SULI! s pazes G55 Bkast 836 0V Cisla
(sentiment scores) ,elinll Ol )3 Olus I -0 "Neutral' sl 3" Negative”

nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["content"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["content"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["content"]]
data = data[["content", "Positive", "Negative", "Neutral"]]
print (data.head())

content Positive Negative \

@ got ban life dont know wont tell help way read... 9.231 8.225

1 dont know ban allow use tinder henceforth did... 9.371 9.l1es

2 gay even straight & &4 & ©.800 e.00e

3 pay much even seen app girl ever talk back bet... 8.229 @.128

4 understand mani peopl use app im mean ugli ive... 8.000 8,225
Neutral

e ©.544

1 @.521

2 1.e00

3 ©.642

4 @.775

o ol Sl 3ol Lgadbunny I SIS g5 e 3 10 A oY1 Les
:Tinder

positive =' '.join([1i for i in
data['content'] [data['Positive'] > data["Negative"]]1])
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stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (positive)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
. "y lol ™ gte good el at oo v featur -
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E seem . 54 P n:bc
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v & best app.- » g E b
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iay meet BO
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:Tinder
negative =' '.join([i for i in
data['content'] [data['Negative'] > data["Positive"]]1])
stopwords = set (STOPWORDS)
wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (negative)
plt.figure( figsize=(15,10))
plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")
plt.show ()
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x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral @ ")
sentiment score(x, y, z)

Neutral &

Sl poer ozl o 5055 3 Uges uylons Slilad padivtnal plans oS U
el
print ("Positive: ", x)

print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 158277.422@0002735
Negative: 59438.14199999961
Neutral: 314250.348993971@6

2 el cpodbiall (laxs O] Jpll LSy (Al o 20 ST ) (5 LS
.Tinder

i loll

Tinder larls olie Jdoo Tinder doge dots L ey A di bl » oda
el ol ot Loy el suelpedl wlidss ST aT a0l plisenl
Tinder goberl o)l Lo o JUiadl M ol 5 0585 0F ol 8 Les Slslazal
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TikTok Reviews Sentiment Analysis using guU

Python

o] gl dll ablias gts o5l Eelana ¥l Lilu )l olides gl uo TikTok da
Soeaay Ahows g ablie saalid Goall s GolesYl pdbvy Lo UL g, ol
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09U plaaiwb TikTok wileal ol jelitodl JudAi
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import pandas as pd

import matplotlib.pyplot as plt

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from nltk.corpus import stopwords

import string

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")

data = pd.read csv("tiktok.csv")
print (data.head())

reviewld userName \
© gp:AOqpTOHRz-11c@apHLSKHHp52FxUXsQS9Z88wP3skc5. . . MR LOL GAMER
1 gp:AOqpTOFEmFDEkIypmyT3shDLjPHg8zB3kdns2W36ahp... Dino Kljako
2 gp:A0qpTOGtqUasb8vuVo3-eB7kIXWoBn-BYCUZ1SnPRKS... Olivia Harding
3  gp:AOgPTOFHDm-QaSRE65CPOGTFT2qrl_PKbCTBBNPahCEN. . . Keli We
4 gp:A0qpTOFBENd2c8IHRpOIRmbSknwMGxHewYzux93YyXI. .. Mavis Kotoka
userImage \
@ https://play-lh.googleusercontent.com/a/AATXAJ...
1 https://play-1lh.googleusercontent.com/a-/AOhl4. ..
2 https://play-lh.googleusercontent.com/a/AATXAJ...
3 https://play-lh.googleusercontent.com/a-/AOhl4...
4 https://play-lh.googleusercontent.com/a/AATXAJ...


https://www.kaggle.com/datasets/shivkumarganesh/tiktok-google-play-store-review
https://www.kaggle.com/datasets/shivkumarganesh/tiktok-google-play-store-review/download
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content score thumbsUpCount \

-] Good 5 e

1 Awesome app! Too many people on it where it's ... 5 (-]

2 Not bad 5 e

3 It is good 2 -]

4 Very interesting app 5 e
reviewCreatedVersion at replyContent repliedAt

-] 23.8.4 2022-04-05 23:18:30 NaN NaN

1 NaN 2022-84-85 23:18:21 NaN NaN

2 23.9.5 2022-04-05 23:17:34 NaN NaN

3 22.2.5 2022-04-05 23:17:04 NaN NaN

4 22.1.5 2022-04-05 23:17:04 NaN NaN

oan I 05 855 oSy coda SLLII A sazead IV (impressions) el Yl
Lrzilly (cONtent) (s soeall ¢ (3 goe I b oo ¢ TIKTOK o Joloecd akocYl
5)195- (a.la.‘l.v_g Lis u:”}*"’“” u:’M - I SUNES sl‘)blze a.cjw [ b}&) U ¢(score)

TiKTok 151 o I~ cye 55

data = datal[["content", "score"]]
print (data.head())

content score

e Good 5
1 Awesome app! Too many people on it where it's ... 5
2 Not bad 5
3 It is good 2
4 5

Very interesting app

486 03 (ol e (g on o sandl ok e IO L g 5 Y1 L
print (data.isnull () .sum())

content 4
score e

dtype: int64
FES e dal S g 8l (A1 il Lo (g gl mp‘;aa)ums@jﬂu S

data = data.dropna()

3508 duadl Cilis Lle s Lo elaadl Lo dagad SULII ada jga0 OYI Lo
(S sowadl

stopword=set (stopwords.words ('english'))
def clean(text):

text = str(text).lower()

text = re.sub('\[.*2\]"', '', text)

text re.sub ("https?://\S+|www\.\S+', '', text)
text = re.sub('<.*?>+', '', text)
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o)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["content"] = data["content"].apply(clean)

Google s e TikTok J & uedl loiill & ool il o 3 125 A6 oY Les
: Play

ratings = data["score"].value counts()

numbers = ratings.index

quantity = ratings.values

import plotly.express as px

figure = px.pie(data,
values=quantity,
names=numbers, hole = 0.5)

figure.show()

EEENR
R

7121 5« TIkTok J Slass dumai hael 08 cpsdiwinal o0 175.7 0l 65 0f e
Lty I SIS g5 e 5k a6 Les oY1 T 5 bgits padbeall e
: TikTok @laxl o G0 goddeinne]]

text = " ".join(i for i in data.content)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")
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plt.show()
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content Positive MNegative \

e good 1.e00 e.e

1l awesom app mani peopl easier fb girl awesom gu... @.381 e.e

2 bad ©.000 1.0

3 good 1.e08 e.e

4 interest app @.75e e.e
Neutral

-] @.000

1 @.619

2 e.eee

3 ©.000

4 e.25e
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negative =' '.join([i for i in

data['content'] [data['Negative'] > data["Positive"]]1])
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white") .generate (negative)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')
plt.axis ("off")

plt.show()
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Ukraine Russia War Twitter jquU laaiwb
Sentiment Analysis using Python

oo BLSS Jsall o ol o5 LS ST5 Laws) oy o oeld e kel ppdl 5a ol
LSS o Jam b il o 2801 Sl s, e Doliasdl wlgie (55
oo I3 Jl  fsmte Los 20 W e Uil oo J) ol Joas o L
g s LLSHT Bl plas el slie Jlow o 5 oS 13] G L0 ses
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

import re

from nltk.corpus import stopwords

import string

data = pd.read csv)

id conversation_id created_at date time \
© 1.502530e+18 1.502260e+18 2022-03-12 06:03:14 UTC 3/12/2022 6:03:14
1 1.502530e+18 1.502530e+18 2022-03-12 ©06:03:14 UTC 3/12/2022 6:03:14
2 1.582530e+18 1.582530e+18 2022-03-12 €6:03:13 UTC 3/12/2022 6:03:13
3 1.502530e+18 1.502210e+18 2022-03-12 06:03:12 UTC 3/12/2022 6:03:12
4 1.582530e+18 1.580440e+18 2022-03-12 ©6:03:12 UTC 3/12/2022 6:03:12
timezone user_id username \
] 8 2.819880e+07 redcelia
1 ® 2.275356e+88 eee_eff
2 8 8.431317e+87 mistify_087
3 @ 9.898620e+l17 reallivinghuman
4 @ 1.164940e+18 rpcsas


https://www.kaggle.com/towhidultonmoy/russia-vs-ukraine-tweets-datasetdaily-updated
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name place ... geo source user_rt_id \

-] Johnson Outua EUITAF WP % #NeverVoteTory NaN ... NaN NaN NaN

1 Wearing Masks still saves lives uvamcfl & 8 NaN ... NaN NaN NaN

2 Brian ¥ NaN ... NaN NaN NaN

3 Basha NaN ... NaN NaN NaN

4 RonJon  NaN ... NaN NaN NaN
user_rt retweet_id reply_to \

e NaN NaN [{'screen_name': 'RussianEmbassy', 'name': 'Ru...

1 NaN NaN [1

2 NaN NaN [1

3 NaN NaN [{'screen_name': 'RussianEmbassy', 'name': 'Ru...

4 NaN NaN [{'screen_name': "IsraeliPM', 'name': 'Prime M...

retweet_date translate trans_src trans_dest

e NaN NaN NaN NaN

1 NaN NaN NaN NaN

2 NaN NaN NaN NaN

3 NaN NaN NaN NaN

4 NaN NaN NaN NaN

FSBL A garod Bas W elad pror o By o 3150 A B s
print (data.columns)

Index(['id', 'conversation_id', *created_at', "date’, 'time', 'timezone’,
'user_id', 'username', ‘name', 'place', "tweet', 'language’', 'mentions’,
‘urls', 'photos’', 'replies_count', 'retweets_count', 'likes_count’,
'hashtags', 'cashtags', 'link', 'retweet', 'quote_url', 'video',
"thumbnail’, 'near', 'geo', 'source', 'user_rt_id', 'user_rt',
‘retweet_id', 'reply_to', 'retweet_date', 'translate’', "trans_src’',
‘trans_dest'],

dtype='object')

(tweet) 34y 3l s (username) pddwimall vl) dogoll o) stacl B35 J| Lo e

:Gus %;vé-"ij sdos Yl oda L sl ¢((language) izl

data = data[["username", "tweet", "language"]]
Y el 326 3 (ol o (g som das Yl oda o ST OTIB] Lo o 50 AL Lo
data.isnull () .sum()
username -]
tweet (]

language ]
dtype: int64

o Al Ol sae e ey s Gl A2l o e ses Yl e gl (s 5o Y S

data["language"] .value counts()
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en 8812
pt 251
und 198
it 155
in 122
ru 85
hi 55
Jja 52
es 48
ta 23
tr 19
ca 13
fr 16
et 16
tl 15
nl 14
de 13
pl 13
fi 9
ar 9
zh 9
sv 6
uk 6
te 6
mr 5
cs 4
el 4
gu 4
no =
th 3
kn 3
ro 3
ur 2
or 2
eu 2
ko 2
ht 2
sl 2
bn 1
cy al
ne 1

Name: language, dtype: inté4
o3l peliall Ll dogod SLLII odn sz Lies &l M ARUL oty 30l om0 1
ol Rl e (I AN ety 5 e Il o 0l oM 5 Jaals 1 e B0 L
nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
stopword=set (stopwords.words ('english'))

def clean(text):

text = str (text) .lower()
text = re.sub('\[.*?\]"', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)
text = re.sub('<.*?>+', '', text)
text = re.sub('[%s]' % re.escape(string.punctuation), '',

text)
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text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["tweet"] = data["tweet"].apply(clean)

SLalSl g A5« sl dwordcloud) Sl loew e 820 AL oY) Les
Jy Sldolly oa,elie o S5Ley ) L Y W AR KV EA [ (W NEEW R o |
s WSS o~

text = " ".join(i for i in data.tweet)
stopwords = set (STOPWORDS)

wordcloud WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')
plt.axis ("off")

plt.show()

usa take back
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Fs (Positive) dulow] Ll e ada UL s sazes ds 5T 3kasT 836 0¥ Casl
sentiment ) ,eliadl @l Clus JW> 6 (Neutral) sdl=sy (Negative)
il ,xeld (scores

appen

america

nltk.download('vader lexicon')
sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i

in data["tweet"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
]

in data["tweet"

]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["tweet"]]
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data = data[["tweet", "Positive", "Negative", "Neutral"]]
print (data.head())

tweet Positive Negative \

@ russianembassi ft mfarussia jeffdsach csdcolum... 9.877 ©.284

1 kidnap without charg access lawyer putin russi... 9.800 ©.000

2 much western civil everyon feel compel find cr... 9.144 8.259

3 russianembassi love place ill visit sure next ... 9.291 8.126

4 israelipm iaeaorg didnt know state israel advi... 9.000 ©.000
Neutral

] 0.639

il 1.080

2 ©.596

3 ©.583

4 1.080

Seliadl 53 LobedVl etdeng ) Bad SV Gl e 8k ah oY Les
b))

positive ="' '.join([i for 1 in data['tweet'][data['Positive']
> data["Negative"]]])

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white").generate (positive)

plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')

plt.axis ("off")

plt.show()
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negative =' '.join([i for i in data['tweet'][data['Negative']
> data["Positive"]]11])

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white") .generate (negative)
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plt.figure( figsize=(15,10))
plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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UoUU laaiwl Flipkart ailealyo yeliio Judai (20
Flipkart R eviews Sentiment Analysis using Python
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/flipkart reviews.csv")

print (data.head())

Product_name ... Rating
Lenovo Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ... 5
Lenovo Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ...
Lenovo Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ...
DELL Inspiron Athlon Dual Core 3@50U - (4 GB/2... ...
DELL Inspiron Athlon Dual Core 3@50U - (4 GB/2... ...

AW N RO
(C T T Y|

[5 rows x 3 columns]
oda o ST OWTI3] Lo e 3 a0 Ak Lo Jak sl B35 o oda SULII e yorms (5 5005
2\!(13)}1&»&&&@%34&9%}\

print (data.isnull () .sum())

Product_name -]
Review ]
Rating ]

dtype: inté4


https://raw.githubusercontent.com/amankharwal/Website-data/master/flipkart_reviews.csv
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import nltk

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):

text = str (text) .lower()
text = re.sub('\[.*2?\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["Review"] = data["Review"].apply(clean)

Flipkartotealyol yelitoll Julni

JSlees A slanaadl e ©ULIL Lol (Rating column) iiwasll s ses (6 5ov
Wty A loenall ey (ot (as o3 84S e 3 10 36 U ges SUA o s
: Flipkart

ratings data["Rating"].value counts()

numbers = ratings.index
quantity = ratings.values

import plotly.express as px
figure = px.pie(data,
values=quantity,
names=numbers, hole = 0.5)
figure.show()
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text = " ".join(i for i in data.Review)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (text(

plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')

plt.axis ("off")

plt.show()
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SULI e gore Fokol B 8L 5 b e Flipkart olaxl o pelin Jlowy 0¥l 0 3la

W e (Neutral) sulsy (Negative) avkws (Positive) Lol L@;T e oda
:olaxl o) (sentiment scores) eliadl ol s Olus

nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Review"]]
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data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Review"]]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Review"]]
data = data[["Review", "Positive", "Negative", "Neutral"]]
print (data.head())

Review ... Neutral
@ best great performancei got around backup bi... ... 0.504
1 good perfom ... 0.256
2 great perform usual also game laptop issu batt... ... 09.723
3 wife happi best product @ ... 9,488
4 1light weight laptop new amaz featur batteri li... ... 1.000

[5 rows x 4 columns]

Flipkart ol 5 ot Goparl ol plane Si CiS'g 5 byes oY)

X = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral @&

Lol jeliall oy Jlar] e 510 AL Les iyl el (lans 0 1
© Flipkart ©lows s> doed e 5 sall dsbodly 1015

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 923.5529999999985
Negative: 96.77500000000013
Neutral: 1283.6880000000006

wuaaloll

O EE JRV BN VR JEWCD S N PRt AU BT PES ST PU =PV SN TAT
25585 ol ol Flipkart cladss ol e 0580y bl o) Jsi)! LSy Sl il
02b plasenls Flipkart J jeliedl oo J g Jliedl s o
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Pfizer Vaccine Sentiment Analysis using Python
Ly ot ey S Bpod Lelena VI Llu gl Sl 28T al Twitter dny
03U Uk e gl J g Aleenall ol il o dpdall a5 50 (61 J g T 3L
Bl 50~ J g el jelie Jilowd Lslisend oSy A5 (Pfizer vaccine)
Goals Wil dgh poliall L) Twiltter ULy i somes plibenol L4SD pne by 5 oS
plsel Pfizer U ol jeliall Jdow dage o Ghalbl s DI ods 32U

o5l

wgLU plaAwl j L8 glé) olaj yebitoll i
o Pfizer 1) ol jeliall Jow daged Ladben] (1 SLLI feporee L35 o2
J V.@Slj OS5l upl;'hff\!\ O Lte Twitter (o LIAJ) Slgnex o Al Kaggle
05k LSl sl ol Go b e Pizer W ol jeliadl o dege 4 . Pfizer )

import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/vaccination tweets.csv")

print (data.head())

id user_name ... favorites is_retweet
@ 1340539111971516416 Rachel Roh ... e False
1 1338158543359250433 Albert Fong ... 2, False
2 1337858199140118533 elilTEU azo e False
3 1337855739918835717 Charles Adler ... 2129 False
4 1337854064604966912 Citizen News Channel ... e False

[5 rows x 16 columns]

o Sl e o SIS L e 5 A Les i 38 eda UL e pomes 06 1
:\j rT aii)Lé

data.isnull () .sum()


https://raw.githubusercontent.com/amankharwal/Website-data/master/vaccination_tweets.csv
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id e
user_name e
user_location le3e
user_description 11
user_created e
user_followers e
user_friends e
user_favourites e
user_verified -]
date e
text e
hashtags 1949
source 1
retweets e
favorites e
is_retweet e

dtype: int64

bloy o Blisl) eliall Jlod doge o 555 o) BIBI1 ol odin Of a2 1 e
Il 3,08 SLL A o 0V I 13 e (5505 I Gstall Blinls o sl o5l

data = data.dropna()

id wuser_followers ... retweets favorites
count 4.749000e+03 4.749000e+83 ... 4749.000000 4749.000000
mean 1.355333e+18 5.069683e+04 ... 1.545378 9.385555
std 1.280104e+16 3.545448e+05 ... 13.395572 55.280915
min 1.337728e+18 ©.0020002+00 0.eoo000 ©.eeo000
25% 1.344929e+18 1.7400808e2+02 0.eoe000 ©.ee0008
5e% 1.352030e+18 6.4808000e+02 @.ee0000 1.eee000
75% 1.364940e+18 2.728000e+083 ... 1.e00008 5.8e00008
max 1.384788e+18 1.371493e+87 ... 678.800000 1979.000000

[8 rows x 6 columns]

ol e S5 &Y oda UL Ao pares d85me ﬁi (text column) edl 5see dn
Ll e (g gou <Y o2l 3 see slde] Cow SO 550 W Jd Twitter pdden
roadl 5 e it Loy S’ o Lo i sl s Uas V15 Lol 50 1y

import nltk

import re

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean(text):
text = str(text).lower ()
text = re.sub('\[.*2\]', '', text)
text = re.sub('https?://\S+|www\.\S+', '', text)
text = re.sub('<.*?>+', '', text)
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text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["text"] = data["text"].apply(clean)

S Goloens . 2l 5508 (word cloud) Sl Glww e 515 AL Les (oY
Glaseasl Y1 ldsIls o8 Jase Gludend SN LSOl (o x5 UL o goss 205

text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()

ait pflzerblontech

second dose :

thank

dose pfiZ;g,r.biont'e}ch

covidvaccin pfizerbiontech
grate

first dose

oSas Al «(hashtags column) psw ) 3 yee GlalSIl Llww Jo 3,00 AL oY1 Lies
D526 W g el 0555k ol O ks Gy 3l8° Sl sl £ 5 s 5 0

text = " ".join(i for i in data.hashtags)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background_color="white").generate(text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()
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vaccine'
PfizerBioNTech' vaccine’

PfizerBioNTech' CovidVaccine'

COVID19w

CovidVaccine' PfizerBioNTech' &
VID19Va - -

et o Gl 03 43 OSTI3] Lo UL e gozes 3 (user verified) ssae gl
Gole Lnased ga Twitter e (35 goll pdbmnad) Y o Twitter dawl y v TS5 Ul
e GR) (5 Ul padsndl sde e 3l AL Lges U 5 et Bnased 5 ol

:,ﬁucwdyﬁs‘j\)suwmj
data["user verified"].value counts()

False 4169
True 58e

Name: user_verified, dtype: inté&d

sde True e s mge Aol oo o Ul radinedl sde False el odlel 21591
DRl A eladdl o dege | s oV Les age Gawll o3 ) el
fdoos (Positive) doase Ll Lo edns SULII de gazes Js 3 5kasl 836 L sl

el s gee (§,eladl Sl s Cle W e (Neutral) suple s (Negative)

nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text ... Neutral
-] folk said daikon past could treat cytokin stor... ... 0.748
2 coronavirus sputnikv astrazeneca pfizerbiontec... ... 1.0e0
6 bit sad claim fame success vaccin patriot comp... ... 0.481
g covidvaccin state start get monday us say pak... ... 1.0
1® death close mark million peopl wait pfizerbio... ... 0.698

[5 rows x 4 columns]
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x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment_score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral =

U3 aible G IS b o 50 AL Les aloes ppaddunnall o1 tans 318 UL
izt 6 J) Joo sl

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 417.81600000000003
Negative: 188.81200000000024
Neutral: 4142.3756000000055

(oIS 22300 O] J 3 LSy AU sl o 28T BT Ll byl ¥l sezese
e 5l 018 B g0 Yy 536 il el S OIS

i loll

Jelos ol B0 W U g padstme oL oo Ly Slog ) 3 Jall o ol
Y 5526 2l ol Jpm OS5 ks 231 O] Jas )1 iSKay clda et
T ol jelaall Lo J g JUiedl s ol 08 0 085 0Tl o g 08153 3812 (o
052k plasealy U
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Omicron Sentiment Analysis using Python yguU
S il e e By Lol Bl didie cdo ALB LT S
U3 de . Omicron el ale Gl Slal e 5 eeS (B.1.1.529 ((coronavirus)
B e by 3 oS13] A Twitter e Omicron g J o ol el Lazs! Ll 3,2l
oda (8.2l dwbie Yladl odgd cOmicron )y J s Slg mll jeline Jdos ey a8

052U sl Omicron jelis Lo dege o Salbl G por (D)

oL laaiwl Omicron jgaiol yclitodl Juli
Kaggle .« Omicron slie > degad Leedsund Il UL e gazes J2rS o
s Jm w0555l SolesYI O Lk Twiltter (e &1 Blgrar o3 Al
Ol ol slowl b e Omicron elaadl oo dege facls .Omicron
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import pandas as pd
import seaborn as sns
import matplotlib.pyplot as plt
from nltk.sentiment.vader import SentimentIntensityAnalyzer

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data = pd.read csv("omicron.csv")
print (data.head())

id user_name ... favorites is_retweet
© 1485693385888323591 Abaris ... -] False
1 1465693062999412746 GFTs B ... a False
2 1465698116442279942 Herbie Finkle (Cozy) ... 1 False
3 1465689607165591552 Electrical Review ... e False
4 1485688203709464578 BingX Academy oo 2 False

[5 rows x 16 columns]

G50 odn DL i pazes COSTI3) Lo o 3 15 Al Les (a5,0S 0dn LLII s gazes
N CTZ\.&JB(..:BL“;TULp

print (data.isnull () .sum())


https://www.kaggle.com/gpreda/omicron-rising

8ol & pn ¢pe bl fode )

id -]
user_name e
user_location 4438
user_description 1278
user_created e
user_followers e
user_friends (-]
user_favourites (-]
user_verified e
date e
text ]
hashtags 4374
source e
retweets (-]
favorites e
is_retweet e

dtype: int64

DL pAlas s ULy o (5 500 kel B LI 13 e SULII e porme (g 505
PG | e (00 ) O shall e

data = data.dropna()

Omicron jgaioJ yeliiodl Judnj

L el A ol sl e CULL degazes J(text column) Lol spee g5on
e ks J) gbes Lws 2. Omicron < J > v.@f,\j SHled u.puu.{\“
el L LSy (S L] o Ltiall Jolons gl 31055 3 500l

import nltk

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text).lower()
text = re.sub('\[.*2?\]', "', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?2>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)
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return text
data["text"] = data["text"].apply(clean)

d(word cloud) SllSIl Gl Jo 355 oY1 51l ol 5 e caliiz Lad LY [
e 3 ol ety S OIS a site ST e s s 2l el s pos

text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()

today say south: africa—.;new variant

go seuthafrica (:Ea S; EE ()I1]:l,(:|ﬂ C)71 11

OMLCronvarl. US-=infect

AN

; 'india’.

vacc1n @mwOnlcrOn Case
fllSt case C case detect:

* travel '3 e Oomicrgon omic
cov1d
viru (:)Iﬂr] :l_ (:: I (:) l I
covid variant omicronvarli omicron:zl

5,k oLy (hashtags column) p gl 5508 JllSIl Gloens Jo 5 o3 30 oVl Les
el % Goo et ety Al Gl Sldle e s ST e

text = " ".join(i for i in data.hashtags)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()

Del
Delta

Omicron' COVID19'
Omicron'_OmicronVariant'

Omicron' OmicronVarient' )
SouthAfrica' Deini

Wariant

Omicronindia’

Omicron-- Omlcron

coronavirus'
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sl B9 Ly sl Omicron e J s @l mll jelindl Ol s el oY
sl s (Negative) dulws (Positive) dase gl e oda UL de gazes Jis &
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nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text Positive Negative Neutral

@ skynew told id back omicron "odium medicum ins... 8.16 0.000 @.848

1 someon told octob omicron @.e0 0.008 1.000

3 autom system becom increas complex effort test... e.ee 0.800 1.000

5 digitaldisrupt emerg technolog stay privat inv... e.ee 0.000 1.000

7 fatigu head bodi ach occasion sore throat coug... e.ee 0.172 8.828

: Omicron ;e Jg bl olasms b 55 O S 65 yen OV

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &

e J g Slashas 0555l 1515 LobesVI OF ony Las iloes oL (Jame col8" UL
Ado S Ll 1 gST S5l e Y, Omicron

wuaaloll
C}él.tj)ﬁw)x&) Omicron))mjpm&bdL@gd&&\l@,&)\@oh@l
Bl dodze |13 o A ol Lol Ll e Lpieas o5 1 Ao bl ol il g oo
Ol (a\.&::vag Omicron jeliell Jdod J s> Jlaa! s WTJ.EQJKS QTJJT.S.,«SL,J\
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Water ggUU laaiwl ololl 6aga Juai (23
Quality Analysis using python

A s ol mend el Sl oo N1 ot & palall Ol ol e J sl nd
Aol n ddl 355 Bl L1 G ol ot 0l e J puamadl imy (356
(I Wl Gt I ol Yl o Ll LS ((Water Quality) obodl 8352 o
(water quality analysis) elwll 855 Jlowi el 2] 448 & ,me A5 S 13 U
8352 Joloss o kbl G5 g Ul 0dn (3.l Ll Dlaodl odgh ( JYI ] plasenal,
0k psealy Y el plasenly ool

oloJl 6290 Judi

Jebos el Bl 6 YT ) e l) s I Vel T oloodl 83 g2 o )
S Jal gl pror b A L Liioge Y (watter potability analysis) o 20 oLl 16
fe CETIB] Lo vl aSiay () VI Wl 3 50l oyl g i) oLl LG e S5
Vg il b sl il doma ols

by o g0 A Kaggle UL de sares pdswialar olodl 83 3 oo Logod il
o FF A el per ol bl LB e 555 Al d I ol padl e J >
oda UL de gomen il 0 850 S LA Szl SU (LU dage oliall 85 4
Gl b sl dnal oldl de OS5 Loy snll JYI el 3000 ol 3 Sl

Ln e obal 83 g2 Llowd Lagod Lpadbunad 2 SN e sazes o35 SiSlay 0

uob aéJ plaaiwl olio 6292 JudAi
iy 5l UL e s s 005l laSla o)zl b e oleadl 8552 Lot dage Tl

import matplotlib.pyplot as plt
import pandas as pd

import seaborn as sns

import numpy as np

data = pd.read csv("water potability.csv")
data.head()

ph Hardness Solids Chloramines  Sulfate  Conductivity ~ Organic_carbon  Trihalomethanes  Turbidity ~ Potability
0 NaN 204.800455 20791318881  7.300212 368.516441 564.308654 10.379783 86.990070 2963135 0
1 3716080  129.422021  1B630.057858  6.635246 NaN 502.885359 15180013 56329076 4500856 O
2 BO099124 224236250 19909541732  9.275884 NaN 418.606213 16868637 66.420003 3055934 0
3 B316766 214373394 22018417441  B.058332 356.886136 363 266516 18.436524 100.341674 4628771

4 9.002223 181.101509 17978.986339 6.546600 310.135738 308.410813 11.558279 31.007903 4.075075 0


https://raw.githubusercontent.com/amankharwal/Website-data/master/water_potability.csv
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data

e o3 e 55 I Gshall e 5 Les (U3

= data.dropna()

data.isnull () .sum()

ph

Hardness

Solids
Chloramines
Sulfate
Conductivity
Organic_carbon
Trihalomethanes
Turbidity
Potability

o 0O O O O 0 O & O O

dtype: int64d
glos Gl s s0all 52 ol SULIN e saead (Potability column) < padd LW 5 see
(D) 2l Gl sball OIS 13] e J) 25 AN 15 0 il o g5 &Y 435 )

plt.
sns.
plt.
plt.

" Potability" s yee 315 0 1255 65 byes LU .2l (0) &l 2 ]

figure (figsize= (15, 10))

countplot (data.Potability)

title ("Distribution of Unsafe and Safe Water")
show ()

Distribution of Unsafe and Safe Water

Potabiity

oY (not balanced) &5 b sda SULII de sazes O dlamD o Com 2 o3 1da UL

A6 1 e ST oY ol

Uses S bl 5352 o 555 215 Lelaloss Lias ¥ Jolse dr 5 ¥ olel L 83 LS
@:".'})"\:'@-” da‘}“ ))A.PLSL& SJ.EJ 9L3.LL> T.Jbv-‘ ‘SJD-%“)JJ RSP SMQ\ c\,«:—m

:(ph column)
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import plotly.express as px
data = data
figure = px.histogram(data, x = "ph",
color = "Potability",
title= "Factors Affecting Water Quality:
PH")
figure.show ()

Factors Affecting Water Quality: PH

ph

O35 e Gt Jolo 55 sl ooyl oV Aol ool Y1 5 g0 Jo
8.55 6.5 oy 2l olad o)) 0301 83 0585 0l o eloll (Aol el

F ULl e gazes Jobdl 8352 o S50 o) S Joldl e 3k Ak oY1 bges
figure = px.histogram(data, x = "Hardness",

color = "Potability",

title= "Factors Affecting Water Quality:
Hardness")
figure.show ()

Factors Affecting Water Quality: Hardness

ssle eladl 8 e Jozas . DULIN e pares Jeladl hardness § e &5 el Jsadl s
AL oV ks .ol b pladle 2002120 J) 455 foas gl eledl ST w0 )daze e
eleall 835 e 55 sl Il Jolall e 5k

figure = px.histogram(data, x = "Solids",
color = "Potability",

title= "Factors Affecting Water Quality:
Solids")

figure.show ()
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Factors Affecting Water Quality: Solids

(oo e UL e sazes (Beled) RSN B 3l sall o] w5 okl ISR o
S S S LI ABII Ball 5 5ol s Ll (385 g2yl & guaal] b s & puanll O3l
S ol e 50 il oY1 s ool o £5IU1 ddeall 3l gl e D S 50e
bl 3o Je S5 gl

figure = px.histogram(data, x = "Chloramines",

color = "Potability",

title= "Factors Affecting Water Quality:
Chloramines")
figure.show ()

Factors Affecting Water Quality: Chloramines

W Potability=0
W Potabiiity=1

el fISIN UL i gazms L}:-LQJ\ L}(chloramine) Syl 5 51801 32 odef LAl
S bl e 3, i oV Les L asladl obdl el Jsdseanall i glaoll e 5 51801
bl 8352 Jo S5 gl
figure = px.histogram(data, x = "Sulfate",
color = "Potability",

title= "Factors Affecting Water Quality:
Sulfate")

figure.show ()
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Factors Affecting Water Quality: Sulfate

83 9> g0 J\jﬁ L) bl i gozs L};L«J\ é(sulfate) C’Jl:;_gfg\ C“Uj: oed Jg..i)\ c~aﬁ
o pladle 500 oo BT o g gon gl el L s3ealls & 2015 O3laedl Gad S
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figure = px.histogram(data, x = "Conductivity",
color = "Potability",

title= "Factors Affecting Water Quality:
Conductivity")

figure.show ()

Factors Affecting Water Quality: Conductivity

slodl . SULI e gozes J(water conductivity) obwall &l se a5 55 el 2l Joe
oo 51 5 oladl el S o Slsgo oo elodl SIS T 8T ol S0 A Joo 0
i B Joladl (55 Lses 0Y1 o2l 20ls 500 e 3T 5L 480

figure = px.histogram(data, x = "Organic carbon",
color = "Potability",

title= "Factors Affecting Water Quality:
Organic Carbon")

figure.show ()
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Factors Affecting Water Quality: Organic Carbon

UL i pazes L*st@J\ gj(organic carbon) S ol O3, s kel Ji.ﬁJ\ =
Al ebad) o LollasV pslaally cdal) £ pal) sl sadl Jgil s 6 5anll 05,501 5L
el Ak oV bes .ol Bl (gl 09 SN g plmedlle 25 a BT e (g o

o2 ol 83 e S s U1 JUI el

figure = px.histogram(data, x = "Trihalomethanes",

color = "Potability",

title= "Factors Affecting Water Quality:
Trihalomethanes")
figure.show ()

Factors Affecting Water Quality: Trihalomethanes

W Potabiity=1

Trihalomethanes

i gozes (3oLl L“;é(THM) o (trihalomethanes) ot.o! S &8 oMed SN Jeag
525 S oloodl s JISIL dadlaadl slodl (55 g2 g0 £3LcS 3150 2 THMs UL
AU ol e 50 A oY1 Les o2l &l THMs (e ol athe 80 oo J31 e

ol el B3 e 35 U1 LLII e gazes

figure = px.histogram(data, x = "Turbidity",

color = "Potability",

title= "Factors Affecting Water Quality:
Turbidity")
figure.show ()
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Factors Affecting Water Quality: Turbidity

Slgadl sae e elodl 5,80 o s ladl (turbidity) 681 w5 oSl el Jeas
w2 Bl ol 5 e J5T 8,501 5 oluadl i Glaodl (383 52 sl dcloall

09U 8¢J pladiiul olued 9392 Guilll g3g.0J
o D 5 glasdl OV ol 892 e 355 ) Slpall pear LisSiul oSlel el
ptlis hogodl odgd 10 b ol oladl 832 o Doged IV Wl 25 500 o5
s At (J3 o LSl oda condsenl 8 ST W I3]0l Py Caret 45
pip oY el clollss e & s

pip install pycaret B
& O (correlation) bla,¥I Je &,k b Les ‘%;‘ﬂ ol Cs,‘,; ol 3
iU de yozes d(Potability column) o o) LWl > sony Slazu Lod ol el

correlation = data.corr()
correlation["ph"].sort values (ascending=False)

ph 1.000000
Hardness 8.198948
Organic_carbon 9.028375
Trihalomethanes 9.018278
Potability @.e1453@
Conductivity 8.e14128
Sulfate 8.e1e524
Chloramines -9.024768
Turbidity -0.835849
Solids -9.887615

Name: ph, dtype: float64

ada SLL) e paread JaBV a AV (13 Lal g (6 86 me Sy S s Lod 0
:05b GPyCaret 485 plizenls

from pycaret.classification import*

clf = setup(data, target = "Potability", silent = True,
session_id = 786)

compare models ()
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[ Model Accuracy AUC Recall Prec. F1 Kappa MCC TT (Sec)
rf Random Forest Classifier 0.6830 0.7005 04197 06744 0.5133 0.2976 0.3182 0.724

qda Quadratic Discriminant Analysis 0.6823 0.7192 0.3985 0.6883 0.5013 0.2917 0.3174 0.022

et Extra Trees Classifier 0.6816 0.6941 0.3861 0.6858 0.4916 0.2863 0.3123 0.557
lightgbm Light Gradient Boosting Machine 0.6652 0.6916 04762 0.6078 0.5324 0.2781 0.2840 0.172
gbc Gradient Boosting Classifier 0.6602 06738 0.3718 06306 04667 0.2419 0.2603 0.339
nb Naive Bayes 0.6184 0.6078 0.2478 0.5545 0.3412 0.1261 0.1462 0.019
dt Decision Tree Classifier 0.6034 0.5895 0.5186 0.5049 0.5097 0.1775 0.1784 0.027
Ir Logistic Regression 0.5984 0.5199 0.0071 0.1900 0.0134 0.0028 0.0127 0.355
ridge Ridge Classifier 0.5984 0.0000 0.0089 0.1583 0.0168 0.0035 0.0056 0.021
Ida Linear Discriminant Analysis 0.5977 0.4903 0.0089 0.1500 0.0167 0.0021 0.0024 0.022
ada Ada Boost Classifier 0.5956 0.5671 0.2919 04896 0.3644 0.0972 0.1034 0.173
knn K Neighbors Classifier 0.5743 0.5423 03644 04642 04070 0.0826 0.0846 0.121
svm SVM - Linear Kernel 0.5194 0.0000 0.3982 0.1604 0.2287 -0.0014 -0.0104 0.027

o] L}w‘ﬂ\ rrandom forrest(rf) a8l siall LI Loyl 6 OB oMol doescld Gis
0155 ey 3 gecdl sl b ges A olall 3 g Ll Laged Y1 ol 23 53

model = create model ("rf")
predict = predict model (model, data=data)
predict.head()

ph Hardness solids Chloramines sulfate Conductivity Organic_carbon Trihalomethanes Turtidity Potability Label Score
3 B3ETES 214373384 22018417441 6059332 356.886136 363.266518 18.4386524 100.341674 4628771 [+] o 087
4 0092223 181101509 17678966330 6.548600 310.135738 398410813 11.558279 31987993 4.075075 o o o
5 5.584087 1BB.313324 2ZBT48.6B7739 T.5445809 326.678363 280.467916 B.389735 54.917862  2.558708 ] o 083
6 10.223862 248071735 2BT49.716544 T.513408 393663306 283651634 13.780805 B4 603656  2.672080 [+] o 080
7 8635840 203351523 13672001784 4563000 303300771 474 BOTE45 12.363617 B2.798300 4401425 (] 0 094

Jelos J g on IV a5 e el 8 0585 O ol 0 545 o)l 5 STl sl
g)ﬁ::b r\u\}&wb oLl 85 ¢

uailoll
olodl iceand VI ) 3 500 55 oboadl 83 g ko Ly SiSCa 21 2 all 2 o
il Sl eI a8 el Ol sl e Jgasdl Al ool 261 iy 2l
Ol G ol ol ebs o dpmanedl imy &S0 0 G o i) e
Bt I el Vs o Lol LS ool 8352 o Julsall o dudadl 355 sl

._ﬂ\ el



153 UL plaaiwl Twitter le jclitoll Julaj

JoUU plaaiwl Twitter (Lo Jjelitodl Judai (24

Twitter Sentiment Analysis using Python

LT Bl &y olisY e S el ol 2l lais do s Twitter
MOl 535 Lo jased 6T, S Twitter e &8 22t Blal (55 g pdgn T S
Jelost o 2 £ S8 s g 5 LS B e W1 U3 s o bod] ol 301 e e
Aladl oda 8.2l Ll Vil odgd (Twitter Je (sentiment analysis) ,eliol
052 sl Twitter o elaadl Lo dage e Shalll G 5o

Twitter (L yelitodl JuAj

& e (natural language processing) o)l &l dndlas doge jeliall oo
S s ARt GepSilaedl jelie £310s el V1 ool I Jilas Sliae pror
Jeboss Ghais S janed O o U el A3 0655 Lokis 2 e Ldan o
s allss e Bty Ll SO 0550 (ol ot ¢ 5 e sl el

s> Kaggle (o SULs 4o yores oz Swd Twitter e eliall Jodod dagad 4l
348 Jodo o Los Lo . paddsianad| 0 48 sazen J3-15 Al gb L2380 J o wlo 10 e
W ot ool el JelA s ellae] o (Sab s Lol Vs bl ol 2

0kl Twitter e oLl Jodos dage

99U plaaiwl T'witter (Lc jclito)l JdAj
UL e gazes s O sl SleSlo sl il M e Twitter o eliall Jdos dogs T
14 DU

import pandas as pd

import numpy as np

from sklearn.feature extraction.text import CountVectorizer
from sklearn.model selection import train test split

from sklearn.tree import DecisionTreeClassifier

import re

import nltk

import nltk

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/twitter.csv")

print (data.head())


https://thecleverprogrammer.com/2021/06/26/best-python-libraries-for-sentiment-analysis/
https://raw.githubusercontent.com/amankharwal/Website-data/master/twitter.csv
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Unnamed: @ count hate_speech offensive_language neither class \

-] a 3 e -] 3 2

1 1 3 e 3 e 1

2 2 3 -] 3 -] 1

3 3 3 e 2 1 1

4 4 6 e 6 e 1
theet

@ !!! RT @mayasclovely: As a woman you shouldn't...

1 11111 RT @mleewl?: boy dats cold...tyga dwn ba...

2 1111t RT @UrKindOfBrand Dawg!!!! RT @8@sbaby...

3 111NNl RT @C_G_Anderson: @viva_based she lo...

4 111111 1irrrll RT @ShenikaRoberts: The shit you...

glow Al sl e oSl SLLII e gorma (tweet column)idy sl s yoe (5 5o
s Lo oy (BB el (S5 A3k B SHlaedl Selie Lo Lalued )
a1 a1 e (g g ol il el 0Y (6,31 Aol e 15 sl NI s 28

il 5 gae Calas LiSley oS E) 03] & 5al)

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text) :
text = str(text).lower ()
text = re.sub('\[.*2\]"', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["tweet"] = data["tweet"].apply(clean)

ol el el (sentiment scores) yelindl Ol Olus P LI 3 glasell Oy
sdslows ol (Negative) o 3 (Posetive) Lsbwl il e ol el dans sy
ol ) (@ oLl Ol s Cles £48e] . (Neutral)

from nltk.sentiment.vader import SentimentIntensityAnalyzer
nltk.download('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["tweet"]]
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data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["tweet"]]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["tweet"]]
o elaadl oo dege LaJ Lerbos I SULIL sda e 3desVl hais jlalu oY
:Twitter
data = data[["tweet", "Positive",
"Negative", "Neutral"]]

print (data.head())

tweet Positive Negative \

e rt mayasolov woman shouldnt complain clean ho... 9.147 ©.157

1 rt boy dat coldtyga dwn bad cuffin dat hoe ... 2.800 ©.280

2 rt urkindofbrand dawg rt ever fuck bitch sta... 8,000 8.577

3 rt cganderson vivabas look like tranni 8,333 ©.800

4 rt shenikarobert shit hear might true might f... @.154 ©.407
Neutral

-] 0.696

1 0.720

2 0.423

3 8.667

4 e.440

el ol ) Gb s ol xel) amasedl B gl 2SI Citnandl e 5 028 b oY Les

X = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive C) ")
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &

Les oV i Vs Lol o Wl o Lo c(neutral) silowe bty il plans 06 1)
Delaedl oleys Jlx Jdes ks ab

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 2830.036000000809
Negative: 7201.820999999922
Neutral: 14696.887999999733
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Sl ) e o oS ol Bl e 2280 T Blomall by ] ¢ e
Ak oY1 plans 0f J A LiSlay S il Y1 ol il e ST 2L

uaaloll

Boes 48 plasenly Twitter e jeliall Jdows dage ool Ly SiSoy 21 82l 2 oda
Jol sl los Slae moar glow L all Gl dodlas doge eliall Lo 00
ol 18 0555 OF ol Ls8lad) GepSiliadl otV jelie e Gasell I elazYl
0L plsenl Twitter e eliadl Julos Je Jiadl s
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Squid yguU olaailwl juall éuc) jelio Judai (25

Game Sentiment Analysis using Python

oo Netflix Jo & i [o5,41 3ST e susly Ul (squid game) Sl i) das
ol Gl Lgpdaliay I3 on s Bk ol aaliy o cpdl) Lolsed¥1 of D Ll
B e dy 5 oSS U e lezar VI ol 1 Bl e cpdalanadl ol T o U5 L
oo Dl ol 3.l delis Vel odgh Lol dnd Sy el jolis Llos 248
05 sl Lol ) Selie o dage SO 5T

29U olaaiwl juall éue) jelitedl A
15 (Kaggle oo ol &a) eline Jdos Gagad Lgadsend (21 UL e poses 55 o
Dol &) s o) bliy 0555l LolsedI OIS Loy Twiltter (o &l lgras o3
UL 8 gamsy 0l Sl ol Gob 58 slodl il jslie Jos age Tl

g 2l

import pandas as pd
import seaborn as sns
import matplotlib.pyplot as plt
from nltk.sentiment.vader import SentimentIntensityAnalyzer

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data = pd.read csv("squid game.csv")
print (data.head())

user_name user_location ... source is_retweet
@ the _(ndér-ratid niggih®@ NaN ... Twitter for Android False
1 Best uncle on planet earth NaN ... Twitter for Android False
2 marcie NaN ... Twitter Web App False
3 YoMo.Mdp Any pronouns aec Twitter Web App False
4 Laura Reactions France ... Twitter Web App False

[5 rows x 12 columns]
(user location) s yee iU B3 clam¥ ol OULII e gazes _;;Yl oleldal b
13 gandl da Laio] G g U oLl Jloss dage e 355 Y LT oty
data = data.drop(columns="user location", axis=1)

Y ol 426 0o (6T e (5500 Yl adee IS B L e 3,k 3k oY1 Les

print (data.isnull () .sum())


https://www.kaggle.com/deepcontractor/squid-game-netflix-twitter-data/download
https://www.kaggle.com/deepcontractor/squid-game-netflix-twitter-data/download
https://www.kaggle.com/deepcontractor/squid-game-netflix-twitter-data/download
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user_name 4
user_description 5211
user_created
user_followers
user_friends
user_favourites
user_verified
date

text

source

o O © O O ® O © @

is_retweet
dtype: inté4d

Jdos dage e Cal js o) Sl A0l e Cal (user_description) 5508 (S 5o
Cal s ponll i Godslu AU el

data
data = data.dropna)

Obodl &l s g gadsiins ¢l)] e SULIL de poze (text) sadl 3 pee (55
Uyes S o (6f 13 5 pandl Moa a1 ¢ slazan VI Jol gl 5l o) o T 0lig
el s dagal 5 gandl s je20

data.drop (columns="user description"”, axis=1)

import nltk

import re

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text).lower ()
text = re.sub('\[.*2?\]', "', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?2>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["text"] = data["text"].apply(clean)

SIS &yl plasenly Lol duad T Uil SV LIS e 3 k0 2 oY1 Les
Glaseud SV LIS (5 a5 SULIL g 3131 s SIS &lews . (word cloud)
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text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()

squidgam netflix’

_squid “gane-

onesreen light ed light

£ loo !-,'

think chow episod squidgam

Vwatch squidgam::

AT sl 836 L casle Hlodl dad dyelaadl o dage J Jas Les oV
(Neutral) sl s (Negative) dulws (Positive) o gs Lol e oda UL de gozes
:0@dl 5 see d(sentiment scores) peliell Ola)s Clus IS e

nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text Positive MNegative Neutral

@ 1life hit time poverti strike yougong yoo let ... 8.173 e.les 9.719
1 marbl episod squidgam ruin W & & 0.000 9.487 0.513
2 squidgam time @.008 .000 1.000
3 blood slideim join squidgam thing im alreadi ... e.142 e.277 9.581
4 two first game player kill mask guy bloodi ni... e.e00 8.461 9.539

Dol &) Gl plane Sy S oo 0V Lo

x = sum(data["Positive"])
= sum(data["Negative"])
= sum(data["Neutral"])

N &

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive C)
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elif (b>a) and (b>c):
print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, 2z)

Neutral &

U3 eladl i S Jlarl o 50 oY) Gl sl cpaitseiaall el oane 06 11
izt 6l J) Joo sl

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 10684.55899999976

Negative: G5171.334000000031
Neutral: £4233.11800008302

Skl £l S e, Y1 pans 0f Sl LSy S ol V1 e 25 3T Ll Sl
ol

uai Lol

sl a3 Ol usT Netflix e G aed [0, 28T e sty Dl lodl dnd das
Jo Jliedl e ool 8 0585 O ol elezar VI Jsl sl slas o cptalanadl o1
052k el sladl &) e liadl s




161 wolb plas vl p Ul @iini Juaj

Movie ¢gUU laAalwl pdudl euni Judai (26
Rating Analysis using Python

Gl cpdaliall Gam psd Loy ol Leaiy Y Lo Gaadls cad 2l oD Gpasr aalis
R oLt eI s epdalindl o gl s dolon i pdaliy o3 IS oy
Ao b saalie Sy e wpl e JST (LS (sl aalie |3 LIl Sl e O par
sl oV oS ol £2S 8 me b 55 SUL e Gl iST13] (U
Joloss dags o lalbl G g Bliadl odn 3.l Lnlis DUl 0dgh sl dme yy &3
05l r\b::»wl{ (Movie Rating Analysis) p’\ﬁ\ al.as

ugLU plaa il pdyell @iing Julaj
55713 Lot otV o dudkall (L2 sdalie a0ds (gl Gl Ll dely
SVl o (@il il Lo deged £l (U Y Pl ) s o pdalie
s ogalladgd - 5le S leads 2l Slizanll J s ULy e (6 5o ULy e sazes
ke Je 500 Kaggle o ULy iﬁwc«qq
(title) &lges (movie Id) ‘..l:.é.l\ Gre Jgm bl e sy Cile gpon L
.(genre) 4= 55

movie ) vkl G paes (user id) plbvimall G pne Jo Y Cildl g gous 2
oliial) sl cUa.S\j ol Leadd I (ratings) el (id

L e 5la abL:J\é.aM L}fﬁd&%

UL Sl sazens gl DS sl G sb e YY1 il o dagay 091 T
Iai)jjaéj\

import numpy as np

import pandas as pd

movies = pd.read csv("movies.dat", delimiter='::")
print (movies.head())

e 1@ La sortie des usines Lumidre (1895) Documentary | Short
1 12 The Arrival of a Train (1896) Documentary | Short
2 25 The Oxford and Cambridge University Boat Race ... NaN
3 91 Le manoir du diable (1896) Short|Horror
4 131 Une nuit terrible (1896) Short|Comedy|Horror

el slonl (T e (550 ¥ 1 oV SLLy o gores 3l Ls a3 oMol 5801 3
3dee Y e loed 3050 Lses U


https://www.kaggle.com/tunguz/movietweetings/download

élioll & phn e bl pde

movies.columns = ["ID", "Title", "Genre"]
print (movies.head())
ID Title Genre
e 1e La sortie des usines Lumi&re (1895) Documentary|Short
1 12 The Arrival of a Train (1896) Documentary |Short
2 25 The Oxford and Cambridge University Boat Race ... NaN
3 91 Le manoir du diable (1896) Short|Horror
4 131 Une nuit terrible (1896) Short|Comedy|Horror

:(ratings dataset) ol SULy de gazes 5 ) gl Les oV

ratings = pd.read csv("ratings.dat", delimiter='::")
print (ratings.head())

1 elilases & 138leees858
@ 2 499545 9 1376753198
1 2 13e5591 8 1376742587
2 2 1428538 1 1371307088
2 3 75314 1 1555468524
4 3 102926 9 15%@148016

slowd suos ges G Giasd slad T e Lol Ciadl GULy 4o same 500 Y
Lol bl edg sasYl

ratings.columns = ["User", "ID", "Ratings", "Timestamp"]
print (ratings.head())

User ID Ratings Timestamp
e 2 499549 9 1376753198
1 2 1385591 8 1376742507
2 2 1428538 1 13713@7es3s
3 3 75314 1 1595468524
4 3 102926 9 1590l148els

e e SULIL 2o pome (g 5o idls Gosle SULIL s sazes o 0V 530
(bl s gares ol N pls 5 50n8 5 5ol la

data = pd.merge (movies, ratings, on=["ID", "ID"])
print (data.head())

D Title ... Ratings Timestamp
e 1e La sortie des usines Lumi&gre (1895) ... 1@ 1412878553
1 12 The Arrival of a Train (1896) 1@ 1439248579
2 25 The Oxford and Cambridge University Boat Race ... ... 8 1488189899
3 91 Le manoir du diable (1896) ... 6 1385233195
4 91 Le mancir du diable (1896) ... 5 1532347349

[5 rows x 6 columns]
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ratings = data["Ratings"].value counts ()

numbers = ratings.index

quantity = ratings.values

import plotly.express as px

fig = px.pie(data, values=quantity, names=numbers)
fig.show ()

EEEN
-~ @

HE
O MNEH WAL OO
=)

J3 e 8 e s Cacal 03 codle (pie chart) slaeedl 5 5101 adasea) Giiy (U
el S Lionad o5 YY1 om0 J sl Sy coSlel ST oy ppadiincel

POT 10 ozl e 5,055 Glls a5 dalial) Sy ciiss el 4o 10 23,0 oY ks
:iﬁJALLJ\Jé‘}AcyL%?E 10 e cda>

data2 = data.query("Ratings == 10")
print (data2["Title"].value counts () .head(10))

Joker (2019) 1479
Interstellar (2014) 1382
1917 (2019) 819
Avengers: Endgame (2819) 888
The Shawshank Redemption (1994) 699
Gravity (2813) 653
The Wolf of Wall Street (2013) 581
Hacksaw Ridge (2016) 57@
Avengers: Infinity War (2018) 534
La La Land (2016) 518

Name: Title, dtype: inté4
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oo Slewis 10 328 el e (Joker2019) oo coda SULI de gazee Gby (U
(5epaS 0 sl phsenly oY1 Slads Jolows g ey 21 82 lall n odn . ptaliell
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Billionaires jquUU &o wipajdodl Juai (27
Analysis with Python
sy o Jies Sl By e 2801 Lo iy (Billionaires) <l Llall sde s
Jsom dosedl s o 5 oS 13 G LA (g 3V Dala3Yl ol jall e dodally il
D) ada 32U Lo Dol 0dgh (W1 I S asblall r SUSe sl 448
05 sl s Ll ko dage e all Gy
ugb &o Wl pa kol Julaj
s o I s ey Llall I UL eloed Laasenad 2l UL e sames
Clpaledl Jgm Sleglae e UL & ganes (6 5o . Kaggle (s ey 55 o5 Forbes
13 Bles 2021 ple Gl W

.(Names) sla¥l .1

-(Net Worth) &2 Lo .2

.(Country) dy .3

.(Source) jhadl .4

.(Rank) 45,1 .5

(Age) o)l .6

.(Industry) &elall .7

2oy UL e pazen s 05l leSa sl ol Gu b e Sl s Llall o dages Tls

import pandas as pd

import numpy as np

import seaborn as sns

import matplotlib.pyplot as plt

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/Billionaire.csv")

print (data.head())


https://raw.githubusercontent.com/amankharwal/Website-data/master/Billionaire.csv
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Name NetWorth Country Source Rank Age Industry
e Jeff Bezos $177 B United States Amazon 1 57.8 Technology
1 Elon Musk  $151 B United States Tesla, SpaceX 2 49.0 Automotive
2 Bernard Arnault & family $15@ B France LVMH 3 72.@ Fashion & Retail
3 Bill Gates $124 B United States Microsoft 4 65.0 Technology
4 Mark Zuckerberg $97 B United States Facebook 5 36.0 Technology

Y el 85 5hke 03 e (5 500 oda SULII o gazes SIS Le (g Les (Gts ozl |3
print (data.isnull () .sum())

Name
Netlorth
Country
Source
Rank
Age 79
Industry Q9

[T~ R~ T = B v ]

dtype: int64

«(Age column) enll 3508 35550k 4a3 79 Jo oda SULII e pars (g 505 03]
1 ginall oda iyls

data = data.dropna()
Slo b @8 Ldle e ol SULIN &s sazes G(NetWorth) 55 201 Lo s gas (g 5on
83,201 3L 308 o35 LDl ks B13] ] oo AT Ll BBs a5 5
:(float) desle 43 |

data["NetWorth"] = data["NetWorth"].str.strip('$"

data["NetWorth"] = data["NetWorth"].str.strip("B")
data["NetWorth"] = data["NetWorth"].astype (float)

159,400 lat Gy ol pyLke 10 fodl e 3, 3k oV Les

df = data.sort values(by = ["NetWorth"],
ascending=False) .head (10)
plt.figure(figsize=(20, 10))

sns.histplot (x="Name", hue="NetWorth", data=df)
plt.show ()
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a = data["Source"].value counts() .head()

index = a.index

sources = a.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
" red" ]

plt.figure(figsize=(5, 5))

plt.pie(sources, labels=index, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Top 5 Domains to Become a Billionaire",
fontsize=20)

plt.show ()

Top 5 Domains with Most Number of Billionaires

real estate

pharmaceuticals

software

investments

diversified

el e 3de ST 2 (industries) oleles 5 il e 5k =t oYl Les

:CJ‘JL:.L«.S\
a = data["Industry"].value counts() .head()
index = a.index
industries = a.values
custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red" ]

plt.figure(figsize=(5, 5))

plt.pie(industries, labels=index, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')

fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Top 5 Industries with Most Number of Billionaires",
fontsize=20)

plt.show ()
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Top 5 Industries with Most Number of Billionaires

Technology
Finance & Investments

Manufacturing Healthcare

Fashion & Retail

robbdl Sl (e sae STl (Countries) s> 5 Jaadl e 5 b oY1 Les

a = data["Country"].value counts () .head()

index = a.index

Countries = a.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
" red" ]

plt.figure(figsize=(5, 5))

plt.pie(Countries, labels=index, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')

fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Top 5 Countries with Most Number of Billionaires",
fontsize=20)

plt.show ()

Top 5 Countries with Most Number of Billionaires

United States

Germany

China Russia

India
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Unemployment gl ao daladl Juai (28
Analysis with Python

s (unemployment rate) dladl Jdas SN 0 (Unemployment) dlal JALEE
Bl 5 Lyl ) Aaladl (5521 Jla] (yo B g £ Jadl) oy bl oYl sas
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import pandas as pd

import numpy as np

import matplotlib.pyplot as plt
import seaborn as sns

import plotly.express as px

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/unemployment.csv")

print (data.head())

Region Date Frequency ... Region.l longitude latitude
@ Andhra Pradesh 31-81-2020 Mo South 15.9129 79.74
1 Andhra Pradesh 29-82-2020 M South 15.9129 79.74
2 Andhra Pradesh 31-83-2020 M South 15.9129 79.74
3 Andhra Pradesh 30-84-2020 M South 15.9129 79.74
4 Andhra Pradesh  31-85-2020 M South 15.9129 79.74

[5 rows x 9 columns]

Yl 85 gihe 03 e (5 500 odn SULII e gors COST13] Lo (55 Lo
print (data.isnull () .sum())

Region
Date
Frequency
Estimated Unemployment Rate (%)
Estimated Employed
Estimated Labour Participation Rate (%)
Region.1
longitude

o 0 000 0 0 O 0

latitude
dtype: int64


https://raw.githubusercontent.com/amankharwal/Website-data/master/unemployment.csv
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data.columns= ["States","Date", "Frequency",
"Estimated Unemployment Rate",
"Estimated Employed",
"Estimated Labour Participation Rate",
"Region", "longitude","latitude"]

tods ULII de yazes Sl e o (correlation) bLayNI e st &l oV Les

plt.style.use ('seaborn-whitegrid')
plt.figure(figsize=(12, 10))
sns.heatmap (data.corr())
plt.show ()

bl pgni :aiadl Jaco JulAj
i sald Suaaa) sl e Yl s L Al Al e Jlowd SULIL 5w Les oY
tigl) e dilises bl Gib g

data.columns= ["States","Date", "Frequency",
"Estimated Unemployment Rate","Estimated
Employed",
"Estimated Labour Participation Rate","Region",
"longitude", "latitude"]
plt.title ("Indian Unemployment")
sns.histplot (x="Estimated Employed", hue="Region", data=data)
plt.show ()
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Ingian Unemployment

Fegion
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plt.figure(figsize=(12, 10))

plt.title ("Indian Unemployment")

sns.histplot (x="Estimated Unemployment Rate", hue="Region",
data=data)

plt.show ()

Indian Unemployment
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: sunburst Jalases r.b‘;.wb
unemploment = datal[["States", "Region", "Estimated

Unemployment Rate"]]
figure = px.sunburst (unemploment, path=["Region", "States"],
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values="Estimated Unemployment Rate",
width=700, height=700,

color continuous scale="RdY1lGn",
title="Unemployment Rate in India")

figure.show ()

Unemployment Rate in India

wuarloll
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WhatsApp ¢gUU &0 WhatsApp duuaja Julai (29

Chat Analysis with Python
pddvs ke 2 pa 3ST e p Il Gl 2SI Aol Sl s u-T p2 WhatsApp
> Lo WhatsApp e la oz luy 5lke 65 o 35T o ) gall o5 Il J s
i gazes 1 Joos 5l oo o 220,01 o) WhatsApp lbislows plised o Sas
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‘WhatsApp éuisaja Juaj
el Joe UL e alee e dpdall S Lol WhatsApp <ULy plisenl sy
(keyword extraction) & Jl <llsJI gl A=l (sentiment analysis) ,elia]l
oo ey Sl sy (named entity recognition) slewedl ULSI) e O 2l
e Lol s denm &~ (natural language processing) &uadall ) islne oles
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https://thecleverprogrammer.com/2021/03/09/real-time-sentiment-analysis-using-python/
https://thecleverprogrammer.com/2021/02/07/extract-keywords-using-python/
https://thecleverprogrammer.com/2020/12/25/named-entity-recognition-with-python/
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o dagad s 2ol WhatsApp <ULy e J sl L8 0V caagd 45 85 ol ol
0L Ol sl b e degadl oda oY1 T Lo b & WhatsApp ads,s
thagell odgd Lgzbow I 45 0211

import regex

import pandas as pd

import numpy as np

import emoji

from collections import Counter

import matplotlib.pyplot as plt

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

A1\ (preparation) smas<dl e 231 L Lgadbunnd ) SULII e gomes s
SWhatsApp s 153,001 Julows dege sy 1 Lgaddens 1 LU e 5 ks + )] Slle
sleY 05l s Lan b Tule (bl de sas cw Jrll s %,-:f\z ks

s ol b UL

def date time(s):
pattern = '~ ([0-91+) (\/) ([0-91+) (\/) ([0-91+), ([0-
91+) : ([0-9]+) [ 12 (AM|PM|am]|pm)? '
result = regex.match (pattern, s)
if result:
return True
return False

def find author(s):
s = s.split(":")
if len(s)==2:
return True
else:
return False

def getDatapoint (line):
splitline = line.split(' - ")
dateTime = splitline[0]
date, time = dateTime.split(", ")
message = " ".join(splitline[l:])
if find author (message) :
splitmessage = message.split(": ")
author = splitmessage([0]
message = " ".join(splitmessage[l:])
else:
author= None
return date, time, author, message

:pandas ULy U] Gleslisenl Lislay &y oy s gz s UL 5, s VI Les

data = []
conversation = 'WhatsApp Chat with Sapna.txt'
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with open(conversation, encoding="utf-8") as fp:
fp.readline ()
messageBuffer = []
date, time, author = None, None, None
while True:
line = fp.readline ()
if not line:
break
line = line.strip()
if date time(line):
if len (messageBuffer) > O0:
data.append([date, time, author, '
'.join (messageBuffer)])
messageBuffer.clear ()

date, time, author, message = getDatapoint (line)
messageBuffer.append (message)
else:

messageBuffer.append(line)

elisels WhatsApp &555 Jokoxs daged 0Y1 Glas 3580 by 2ol SULII e yazes
r UL e 6,3V Gams Dy 20 5T e s ke il oV kes Lo b

df = pd.DataFrame (data, columns=["Date", 'Time', 'Author',
'Message'])

df ['Date'] = pd.to datetime (df['Date'])

print (df.tail (20))

print (df.info())

print (df .Author.unique ())

Date Time Author Message
1285 2021-07-01 8:23 pm Aman Kharwal @
1286 2021-08-01  1:12am Sapna Are you taking the class tomarrow
1287 2021-08-01 1:14 am Aman Kharwal No
1288 2021-08-01 1:14 am Aman Kharwal Are you?
1289 2021-08-01 10:24 am Sapna Hahhahah. @ @
1280 2021-08-01 10:31am Aman Kharwal @
1291 2021-08-01  8:28 pm None Aman Kharwal: hitps://www.youtube.com/watch?v=..
12902 2021-08-01 8:29 pm Aman Kharwal hope you like it
1293 2021-08-01 843 pm Sapna Caongratulations
1294 2021-08-01 843 pm Sapna I'll watch it@
1295 2021-08-01 8:45pm Aman Kharwal Thanks @@
1296 2021-08-01  8:46 pm Sapna @0
1297 2021-09-01 10:26 am Sapna U.S politics has taken an interesting turn
1298 2021-09-01 10:26 am Sapna Fun to watch the mockery
1299 2021-09-01 10:35am Aman Kharwal Yes@

1300 2021-09-01 4:54 pm Aman Kharwal Do you know we can also analyse the whatsapp c...

1301 2021-09-01 4:54 pm Aman Kharwal @
1302 2021-09-01 5:54 pm Sapna This is interesting
1303 2021-08-01  5:54 pm Sapna Do share the code
1304 2021-09-01 5:54 pm Sapna @@

oda WhatsApp 4355 G Blo Sl M sl e 520 2k Les oY)
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total messages = df.shape[0]
print (total messages)

1288

SN e by olis ll (s 80 s sell (em0Jis) &) g0 Ml o A Les oY)
Ziﬁ})ﬂ‘biﬁsﬁ;f?}d‘%vﬂxﬁ

def split count (text):
emoji list = []
data = regex.findall (r'\X', text)
for word in data:
if any(char in emoji.UNICODE EMOJI for char in word):
emoji list.append(word)
return emoji list
df['emoji'] = df["Message"].apply(split count)

emojis = sum(df['emoji'].str.len())
print (emojis)

367

Slelas Yl e 50y 23,0l oda gz sall URL cpsbe o5 oY1 Les
ROIPAL

URLPATTERN = r' (https?://\S+)"'

df ['urlcount'] = df.Message.apply(lambda x:
regex.findall (URLPATTERN, x)).str.len()
links = np.sum(df.urlcount)

print ("Chats between Aman and Sapna")

print ("Total Messages: ", total messages)

print ("Number of Media Shared: ", media messages)
print ("Number of Emojis Shared", emojis)

print ("Number of Links Shared", links)

Chats between Aman and Sapna
Total Messages: 1288

Number of Media Shared: 11
Mumber of Emojis Shared 367
Number of Links Shared 1

J&Lﬂﬂd\LﬁL{)\C?“?-J?bnﬂ‘ﬂ53§|¢¢.&}»L;; J ] SULI sds g OV Les
g SY-1 | RN VSOV R EGRT| R T

media messages df = df[df['Message'] == '<Media omitted>"']
messages df = df.drop(media messages df.index)
messages_df['Letter Count'] =

messages df['Message'].apply(lambda s : len(s))
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messages_df['Word Count'] =
messages df['Message'].apply(lambda s : len(s.split (' ")))
messages_df ["MessageCount"]=1

1 = ["Aman Kharwal", "Sapna"]
for i in range(len(l)):

# Filtering out messages of particular user

req df= messages df [messages df["Author"] == 1[0171]

# req df will contain messages of only one particular user

print (f'Stats of {1[i]} -'")

# shape will print number of rows which indirectly means the
number of messages

print ('Messages Sent', req df.shape[0])

#Word Count contains of total words in one message. Sum of
all words/ Total Messages will yield words per message

words per message =
(np.sum(req df['Word Count']))/req df.shape[0]

print ('Average Words per message', words per message)

#media conists of media messages

media = media messages df[media messages df['Author'] ==
1[i]].shape[0]

print ('Media Messages Sent', media)

# emojis conists of total emojis

emojis = sum(req df['emoji'].str.len())

print ('Emojis Sent', emojis)

#links consist of total links

links = sum(req df ["urlcount"])

print ('Links Sent', links)

Stats of Aman Kharwal -

Messages Sent 6387

Average Words per message 6.165938864628821
Media Messages Sent 9

Emojis Sent 228

Links Sent 1

Stats of Sapna -

Messages Sent 59@

Average Words per message 6.3830588474576275
Media Messages Sent 2

Emojis Sent 139

Links Sent @

total emojis list = list(set([a for b in messages df.emoji for
a in bl))

total emojis = len(total emojis list)

total emojis list = list([a for b in messages df.emoji for a
in b]l)

emoji dict = dict(Counter (total emojis list))
emoji dict = sorted(emoji dict.items(), key=lambda x: x[1],
reverse=True)
for i in emoji dict:
print (i)

emoji df = pd.DataFrame(emoji dict, columns=['emoji',
'count'])
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import plotly.express as px

fig = px.pie(emoji df, values='count', names='emoji')
fig.update traces(textposition='inside',
textinfo='percent+label')

fig.show ()
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1l = ["Aman Kharwal", "Sapna"]

for i in range(len(l)):
dummy df = messages_df [messages df['Author'] == 1[i]]
text = " ".join(review for review in dummy df.Message)

stopwords = set (STOPWORDS)

#Generate a word cloud image

print ('Author name',1[i])

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)

#Display the generated image

plt.figure( figsize=(10,5))

plt.imshow (wordcloud, interpolation='bilinear')

plt.axis ("off")

plt.show ()
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Python okay
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IBython Gicay

't 3 need

1 noW

know file understand >u
even 7
code eally _
t l n >  Whenever 'L"E-'r
onee

Author name Sapna
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WhatsApp Chat Sentiment Analysis using (jgUU
Python
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import re

import pandas as pd

import numpy as np

import emoji

from collections import Counter

import matplotlib.pyplot as plt

from PIL import Image

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

# Extract Time
def date time(s):

pattern = '~ ([0-91+) (\/) ([0-91+) (\/) ([0-9]1+),

91+) : ([0-9]+) [ 12 (AM|PM|am]|pm)? '
result = re.match (pattern, s)
if result:
return True
return False

# Find Authors or Contacts
def find author(s):
s = s.split(":")
if len(s)==2:
return True
else:
return False

# Finding Messages
def getDatapoint (line):
splitline = line.split(' - ")
dateTime = splitline[0]
date, time = dateTime.split(", ")
message = " ".join(splitline[l:])
if find author (message) :
splitmessage = message.split(": ")
author = splitmessage([0]
message = " ".join(splitmessage[l:])
else:
author= None
return date, time, author, message

([0~
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data = []
conversation = 'WhatsApp Chat with Sapna.txt'
with open (conversation, encoding="utf-8") as fp:
fp.readline ()
messageBuffer = []
date, time, author = None, None, None
while True:
line = fp.readline ()
if not line:
break
line = line.strip()
if date time(line):
if len (messageBuffer) > O:
data.append([date, time, author, '
'.join (messageBuffer)])
messageBuffer.clear ()
date, time, author, message = getDatapoint (line)
messageBuffer.append (message)
else:
messageBuffer.append(line)

10520 plsal, WhatsApp 4355 elie o Lty i S| oY)

df = pd.DataFrame (data, columns=["Date", 'Time', 'Author',
'Message'])
df ['Date'] = pd.to datetime(df['Date'])

data = df.dropna /()
from nltk.sentiment.vader import SentimentIntensityAnalyzer

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Message"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i

in data["Message"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["Message"]]

print (data.head())

Date Time Author ... Positive Negative Neutral
0 2020-04-86 12:30 pm Sapna ... e.e 0.8e0 1.e008
1 2020-04-86 12:30 pm Sapna ... 8.0 0.8e0 1.e00
2 2020-04-86 12:54 pm Aman Kharwal ... 8.0 ©.ee0 1.000
3 2020-04-86 12:55 pm Sapna ... 8.0 ©8.383 9.617
4 2020-04-06 1:00 pm Aman Kharwal ... 8.0 0.000 1.000
x = sum(data["Positive"])

y = sum(data["Negative"])
z = sum(data["Neutral”])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive @
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elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, 2z)

Output:
Neutral &

slows V1 asedl oy o Bl Il e O ) o5 Lgnedbend 21 UL OB ()
.(negative) Glw 5l (positive) Golsw| ud & s Les - (neutral)
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Covid- (g UU plaaiuwl Covid-19 alald) JudAai (32

19 Vaccines Analysis with Python

B3 JI s (ool (GMEWN dmy o 5kl pe Covid-19 4 o > 35 Sl oIS
Loeanll sl S5 O Gams Gl Gan Je b el el oo OV Giag
EERR] 5531 LT Je Lais (vaccines) l-lall J) bl Dbl ods e .5Laz3VU
Jelos fage e albl G5 g Daall 0din (3.0 5,58 o b doeblSle Follall el 0 S
0L elsenls Covid-19 -l

Covid-19 v Juai
710085 s i)t 50 ¥ . Covid-19 &loeed 0 oo o lilll o doial) 0 k5 05

o o5 100 Ey Gy oo L) 0 o8 ezl SIS0 ane S0 0V 2
st Clillas] U5 o Sl diw S (23

el Lo lia rls &) e oz ¥ oo 8 (g0 oSe i nlis Al JS'Jslows (1SR
G- Covid-19 &leed Do S atsinns ) Sl sde sas Wlial oda Geldowy
Covid- Sl o J g UL ool ok rals IO o S05T G gon ol ol

Ok el 19
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Kaggle s 3355l covid—19 -l lows Lagad b Lgatsel 1 SLLI e poes
i ys )l SULIL e gazeas gl leSlo s mnl T

import numpy as np

import pandas as pd

import matplotlib.pyplot as plt

import seaborn as sns

data = pd.read csv("country vaccinations.csv")
data.head()

country iso_code date total_waccinations people_vaccinated people_fully vaccinated daily_vaccinations_raw daily_vaccinations

2021-

i ] 0.0 0 3 L 2
0 Afghanistan AFG oo 00 0.0 NaN NaN NaN
1 Afghanistan aFg 2021 NaN NaN NaN Nan 1367.0
ghanists 3 gn.08 a i E £
| 2021-
nanistz G 2 i al £ 367
2 Alghanistan AFG onny NaN NaN NaN Man 1367.0
Apg 2021- -
3 Afghanistan AFG NaN NaN NaN Man 1367.0
= 02-25
2021- o
4 Afghanistan AFG NaN NaN NaN Nan 1367.0

02-26
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(O Ladab 2l ol Lo 3T oF 18 UL edis Caisns oY1 Les

data.describe()

total_vaccinations people vaccinated people fully vaccinated daily vaccinations_raw daily vaccinations total_vaccinations_per_hundred

count 6.575000e+03 5.926000e+03 4.223000e+03 5.507000e+03 1.089500e+04 6575.000000
mean 3.630372e+06 2.585810e+06 1.175809e+06 1.192650e+05 7.048124e+04 12.295927
std 1.396665e+07 9.013711e+06 4.8601108+06 4.420816e+05 2.9887618+05 20.384869
min 0.000000e+00 0.000000e+00 1.000000e+00 -2.928600e+04 0.000000e+00 0.000000
25% 5.159850e+04 4.880650e+04 2.208100e+04 3.171500e+03 9.875000e+02 0.970000
50% 3.459940e+05 2.925885e+05 1.474380e+05 1.530100e+04 6.001000e+03 4.720000
5% 1.605542e+06 1.199198e+06 5.776635e+05 5.960150e+04 2.799800e+04 14.615000
max 1.834677e+08 1.171420e+08 7.069264e+07 7.185000e+06 5.190143e+06 188.990000

pd.to datetime (data.date)
data.country.value counts ()

United Kingdom 118
Northern Ireland 118
Wales 118
England 118
Canada 118
Mali 4
Bahamas 2
Brunei 2
Laos 1
Armenia 1

MName: country, Length: 175, dtype: int6d

el UL 308y AIltdl 1l 55 kSl s ko] oy sdonadl 8aadl (555
Uas- s 09550 45 S sl 8edl oS ool iy o JSC2 Ol 0 S35
Uasll i - So] LSy iS5 5 Lo S .ol ada s e8]

data = data[data.country.apply(lambda x: x not in ["England",
"Scotland", "Wales", "Northern Ireland"])]

data.country.value counts()

Canada 118
United Kingdom 118
China 117
Russia 117
Israel 113
Mali 4
Bahamas 2
Brunei 2
Laos 1
Armenia 1

MName: country, Length: 171, dtype: int64
ol SULII de gazes (35,3 gmedl Ol casSons oY) Les

data.vaccines.value counts()
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Moderna, Oxford/AstraZeneca, Pfizer/BioNTech 2587
Oxford/AstraZeneca 1673
Pfizer/BioNTech 1416
Oxford/AstraZeneca, Pfizer/BioNTech 845
Pfizer/BioNTech, Sinovac 475
Moderna, Pfizer/BioMNTech 497
Sputnik V 351
Oxford/Astraleneca, Sinovac 301
Oxford/AstraZeneca, Sinopharm/Beijing 268
Oxford/AstraZeneca, Sinopharm/Beijing, Sputnik V 235
Pfizer/BicoNTech, Sinopharm/Beijing 208
Oxford/AstraZeneca, Pfizer/BioNTech, Sinopharm/Beijing, Sputnik V 202
Sinopharm/Beijing 186
Oxford/AstraZeneca, Pfizer/BioNTech, Sinovac 123
Sinopharm/Beijing, Sinopharm/Wuhan, Sinovac 117
EpiVacCorona, Sputnik V 117
Johnson&Johnson, Moderna, Pfizer/BioNTech 112
Oxford/AstraZeneca, Pfizer/BioNTech, Sinovac, Sputnik V 168
Moderna, Oxford/AstraZeneca, Pfizer/BioNTech, Sinopharm/Beijing, Sputnik V 164
Oxford/AstraZeneca, Pfizer/BioNTech, Sinopharm/Beijing, Sinopharm/Wuhan, Sputnik V 96
Covaxin, Oxford/AstraZeneca 86
Sinovac 84
Moderna, Oxford/AstraZeneca 79
Oxford/AstraZeneca, Sinopharm/Beijing, Sinovac 61
Johnson&Johnson 54
Sinopharm/Beijing, Sputnik V 51
Pfizer/BioNTech, Sputnik V 42
Pfizer/BioNTech, Sinovac, Sputnik V 29

Mame: vaccines, dtype: int64

o331 G g OV odin DL e sazen (358 50 B85 Covid-19 Sl s Lold 03]
Lis (country) dslly (vaccine) CLZ.U\ sdas! HLosl IS o ded bl o] Ll
053 (gl G o sl A SLaseny

df = datal[["vaccines", "country"]]

df.head()
(B vaccines country
0 Oxford/AstraZeneca Afghanistan
1 Oxford/AstraZeneca Afghanistan
2 Oxford/AstraZeneca Afghanistan
3 Oxford/AstraZeneca Afghanistan
4 Oxford/AstraZeneca Afghanistan
robll edis (35 Sl -l IS 355 1 olldl sae 5 oY1 Les
dict = {}

for 1 in df.vaccines.unique() :
dict [i] = [df["country"][j] for J in
df [df ["vaccines"]==1].1index]
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vaccines = {}
for key, value in dict .items():
vaccines[key] = set(value)

for i, j in vaccines.items():
print (£"{i}:>>{j}")

Oxford/AstraZeneca:»>{ Gambia', 'Maldives', 'Jamaica’', "Saint Lucia', 'Myanmar’', 'Barbados’,
"Brunei’, 'Togo', 'Ghana®, 'Mauritius’, "Malawi’, 'Antigua and Barbuda', 'Nepal’', 'Taiwan', *Uganda’,
‘Bahamas®, ‘Vietnam®, "Eswatini’, "Saint Helena®’, "Mongolia®, ‘Kenya', "Cote d'Ivoire”, ‘Moldova’,
"Trinidad and Tobago', ‘Uzbekistan', 'Mali', ‘'Botswana", 'Bangladesh’', 'Falkland Islands’,
"Suriname’, ‘'Ukraine’, ‘Papua New Guinea®, 'Afghanistan’, 'Sierra Leone®’, 'Sudan', 'Nigeria“,
"Belize®, 'Grenada’, ‘Montserrat’, ‘Kosove', 'Sri Lanka®', 'Georgia', 'Bhutan®, 'Saint Kitts and
Nevis®, *Solomon Islands®, ‘Angola’, 'Guyana', 'Sao Tome and Principe’, 'Cape Verde', 'Dominica’,
'Saint Vincent and the Grenadines’, 'Anguilla’}

Pfizer/BicNTech, Sinovac:»>>{ Colombia’, 'Malaysia’, ‘Uruguay', 'Albania’, "Chile’, 'Turkey', 'Hong
Kong'}

Sputnik V:»>{'Guinea', 'Iran’', 'Paraguay’, 'Kazakhstan', 'Algeria’, 'Syria', 'Belarus', 'Armenia’,
"Venezuela'}

Pfizer/BioNTech:>>{ Cayman Islands’, 'Greenland’, 'Monaco’, “Andorra’, 'Gibraltar’, 'Lebanon’, 'Turks
and Caicos Islands', 'Panama’, 'Japan’, *North Macedonia®', *Qatar’, 'Cyprus’, 'Bermuda’, 'Slovakia’,
'Ecuador®, 'New Zealand®, 'Costa Rica®, 'Kuwait'}

Oxford/AstraZeneca, Sinopharm/Beijing, Sputnik V:>>{'Argentina’, 'Pakistan’, 'Bolivia'}
Oxford/AstraZeneca, Pfizer/BioNTech:>>{ Australia’, 'United Kingdom', 'Jersey’, 'Isle of Man’, 'South
Korea', *Sweden', 'Slovenia’', 'Guernsey’, 'Oman’, 'Saudi Arabia'}

Moderna, Oxford/AstraZeneca, Pfizer/BioMNTech:»>{ Austria’', 'Rwanda’, 'Canada’, 'Belgium’',
'Lithuania’, 'France’, *Germany', 'Spain’, 'latvia’, 'Estonia’, 'Ireland’, ‘Morway', 'Luxembourg',
"Netherlands’, 'Italy', "Malta’, 'Czechia', 'Iceland’', 'Palestine’, 'Croatia’, 'Denmark’, ‘'Greece’,
"Poland’, ‘Romania’, ‘Bulgaria', 'Portugal’, 'Finland'}

Sinovac:>»>{'Azerbaijan'}

Oxford/AstraZeneca, Pfizer/BioNTech, Sinopharm/Beijing, Sputnik W:>>{'Serbia’, 'Bahrain’}
Oxford/AstraZeneca, Sinovac:»>>{’'Brazil’, 'Dominican Republic’, 'Indonesia’, "Philippines’,
"Thailand "}

Oxford/AstraZeneca, Sinopharm/Beijing, Sinovac:»>>{'Cambodia’}

Sinopharm/Beijing, Sinopharm/Wuhan, Sinovac:»>»{'China'}

Oxford/AstraZeneca, Sinopharm/Beijing:>>{'Iraq’', 'Morocco’, 'Seychelles', 'Egypt'}
Oxford/AstraZeneca, Pfizer/BioNTech, Sinovac:>>{'Northern Cyprus', 'El Salvador'}
Sinopharm/Beijing:>>»{ Equatorial Guinea’, 'Mauritania’, 'Senegal’, ’"Zimbabwe®, "Gabon’, 'Kyrgyzstan’,
"Namibia®, 'Mozambigque'}

Moderna, Pfizer/BioMTech:>>{'Liechtenstein’, 'Faerce Islands’', 'Israel’, 'Switzerland', 'Singapore'}
Moderna, Oxford/AstraZeneca:>>{ Honduras', "Guatemala }

Moderna, Oxford/AstraZeneca, Pfizer/BiolNTech, Sinopharm/Beijing, Sputnik V:»>{'Hungary'}

Covaxin, Oxford/AstraZeneca:>»>{ India’'}

Pfizer/BioNTech, Sinopharm/Beijing:>>{'Peru’, 'Macao', 'Jordan'}

Sinopharm/Beijing, Sputnik V:>>{ Montenegro’, 'Laos’}

Oxford/AstraZeneca, Pfizer/BioNTech, Sinovac, Sputnik V:»>>{'Mexico'}

EpiVacCorona, Sputnik V:»>»>{'Russia’}

Pfizer/BioNTech, Sputnik V:»>>{'San Marino'}

Johnson&Johnson: >>{ "South Africa’}

Pfizer/BioNTech, Sinovac, Sputnik V:»>{'Tunisia'}

Oxford/AstraZeneca, Pfizer/BioNTech, Sinopharm/Beijing, Sinopharm/Wuhan, Sputnik V:»>>{'United Arab
Emirates’}

Johnson&Johnson, Moderna, Pfizer/BioNTech:>>{'United States'}

A S Lgodbnty ) Ol e aes e 5 05 oY UL ada e Les oY)

import plotly.express as px
import plotly.offline as py
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vaccine map = px.choropleth(data, locations = 'iso code',
color = 'vaccines')

vaccine map.update layout (height=300,
margin={"r":0,"t":0,"1":0,"b":0})

vaccine map.show ()

vaccines
Oxford/AstraZeneca

Pfizer/BioNTech, Sinovac

Sputnik V

Pfizer/BioNTech

Oxford/AstraZeneca, Sinopharm/Beijir
Oxford/AstraZeneca, Pfizer/BioNTech
Moderna, Oxford/AstraZeneca, Pfizer/

Oxford/AstraZeneca, Pfizer/BioNTech,
Oxford/AstraZeneca, Sinovac
Oxford/AstraZeneca, Sinopharm/Beijir
Sinopharm/Beijing, Sinopharm/Wuhar
Oxford/AstraZeneca, Sinopharm/Beijir
Oxford/AstraZeneca, Pfizer/BioNTech,
Sinonharm/Beiiina
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Video Game Sales Prediction with Python

e Bl Aa 0Ly 52 (Video game sales analysis) gl Wl Slas o
Sy 5l aad 16500 oo ST Sl o) Al 0 Lo Jondl ke . Kaggle
LaS D pme by 5 oS 15 A . ol Ol ey 52l JYI Wl 23 505 o5 Ll
ez slo Wliodl oda Gl dwlis Bliadl adgh ¢ bl Ol Slaay 535 23 505 o
Ok el i fd Olacs 135 73 505 oS J g DY G dage IO

wolb plaA il gyarell uledl aile o) §1ill g3go)

2Say Kaggle e Do w5l 820 0Ly 52 &) 16500 (o 25 ladl Ly Ll
(relationships) B s (patterns) blo¥l e Laall e gall Al ods o Lo}
sdn SULII &e gore plibenl Aoy 5l )l Ol Slas o S35 ) Jol gl o
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import pandas as pd

import numpy as np

import matplotlib.pyplot as plt
import seaborn as sns

data = pd.read csv("vgsales.csv")
print (data.head())

Rank Name Platform Year ... EU_Sales JP_Sales Other_Sales Global_Sales
a al Wii Sports Wii 28@6.8 ... 29.82 3.77 8.46 82.74
1 2 Super Mario Bros. NES 1985.8 ... 3.58 6.81 0.77 48.24
2 3 Mario Kart Wii Wii 2ees8.e ... 12.88 3.79 3.31 35.82
3 4 Wii Sports Resort Wii 2e0e9.0 ... 11.e1 3.28 2.9 33.00
4 5 Pokemon Red/Pokemon Blue GB 19%6.8 ... 8.89 10.22 1.00 31.37

I 0 e (5500 oda SULII e gazes ST Lo g 0V Lo

print (data.isnull () .sum())
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Rank e
Name e
Platform -]
Year 271
Genre e
Publisher 58
NA_Sales e
EU_Sales e
JP_Sales e
Other_Sales e
Global_Sales e

dtype: int64
I ) 55 s DLy e gers Lol oY1 p L

data = data.dropna()
s GV o b3 10 il e 3 10 s bies (3 sadl s 3

import matplotlib as mpl

game = data.groupby ("Genre") ["Global Sales"].count () .head(10)
custom colors = mpl.colors.Normalize (vmin=min (game),
vmax=max (game) )

colours = [mpl.cm.PuBu(custom colors(i)) for i in game]
plt.figure (figsize=(7,7))

plt.pie(game, labels=game.index, colors=colours)

central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Top 10 Categories of Games Sold", fontsize=20)
plt.show ()

Top 10 Categories of Games Sold

Fighting Action

Misc
Simulation
Platform
Puzzle Shooter

Racing Role-Playing

toda SULII de gazes Sl5ae o (correlation) iYW e 5,k kb oYl Les

print (data.corr())
sns.heatmap (data.corr (), cmap="winter r")

plt.show()
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Rank 1.00

Year 0.75

NA_Sales 0.50

EU_Sales L 0.25

JP_Sales L 0.00

Other_Sales
- - —0.25

Global_Sales -

ank
Year
ales
ales
ales
ales
ales

du ja il guarall oled ailetos Gl g 3g.od

L059b plasel pldll Clall Slaay 32l YT a3 505 o )5 1S (65 0 Lo
el G el Ui st gl ) Sl 555 G b e ULl sl o s
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x = data[["Rank", "NA Sales", "EU Sales", "JP Sales",
"Other Sales"]]
y = data["Global Sales"]

o) (linear regression) el jlsuNl dw) )l o pindy UL s Les Ry
(350l lin

from sklearn.model selection import train test split
xtrain, xtest, ytrain, ytest = train test split(x, vy,
test size=0.2, random state=42)

from sklearn.linear model import LinearRegression
model = LinearRegression ()

model.fit (xtrain, ytrain)

predictions = model.predict (xtest)

wuaaloll

M el Ol Sl 52l JYI el 23 900 )5 L LiSlay A1 2 all o2 o
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https://thecleverprogrammer.com/2020/11/20/linear-regression-with-python/
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Uber Trips gL olaaiwwl Uber wllay Julai (34
Analysis using Python

P G ) bl B0 phemy pddl (oS il Cisy as Uber il
G o 5odl gl 3 e [ sl 3530 Y 31 ol Loy ol 055Kk Y
ada 3.5 AV 32 b Slatss Uber Slads i e dikises ¢l e
0526 plaseal Uber bl Llows ) 05T G o el

Uber wllajy JuAj

Sl e s 2 T e BV o dputall e LSy Ubeer 8o o S35
e gazs s 5 BLSY! s dalls Uber J Gl wleldl 28T 51 s i1,
Nine J&5 ol L &ude 25 s e Uber i, J] ba PIREEW| RSN
oS (g5 s o AU

I el om D) g5 Boe Gl By ke 4.5 J1god Ly e DL e azes (g 50
e yazes plbuialy 28Ul o ey . 2015 5 J) oo oo oty 05l 14.3 5 st
S B3T G ool i) G Il 350 3050 Lehdo 3 e (0 Yy odin LI

05k el Uber oM Jodoo

0oL laaiwl Uber csllay JudAi
1o 3O UL de pazea g O ol LSl sl ol 50,k e Uber o> o doge Tlu

import pandas as pd

import matplotlib.pyplot as plt

import seaborn as sns

data = pd.read csv ("uber.csv")

data["Date/Time"] = data["Date/Time"].map (pd.to datetime)
data.head()

Date/Time Lat Lon Base
@ 2014-09-01 ©0:01:00 40.2201 -74.8021 BO2512
1 2014-09-01 ©0:01:00 40.7500 -74.8027 BO2512
2 2014-09-01 ©0:03:00 40.7559 -73.9864 BO2512
3 2014-09-01 ©0:06:00 40.7450 -73.9889 Be2512
4 2014-09-01 ©0:11:00 40.8145 -73.9444 BO2512

sl g0 5 Jshall Jas g ) s g 23 1 el e Ly e UL o (g 50
SULI Sole gazes o dijedl e J el SLSas -uber pickup J w6 50, e g 5om


https://github.com/amankharwal/Website-data/raw/master/uber-raw-data-sep14.csv.zip
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b L] I SULII 520 Les (bl 235l de La 0 Uber @i o dagal
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data["Day"] = data["Date/Time"].apply (lambda x: x.day)
data["Weekday"] = data["Date/Time"].apply(lambda x:
x.weekday () )

data["Hour"] = data["Date/Time"].apply (lambda x: x.hour)
print (data.head())

Date/Time Lat Lon Base Day Weekday Hour
09 2014-089-01 090:01:00 40.2201 -74.0021 BO2512 1 <] 2]
1 2014-09-01 09:91:00 40.7500 -74.0027 BO2512
2 2014-089-01 090:83:00 40.7559 -73.9864 BO2512
3 2014-09-01 90:06:00 40.7450 -73.9889 BO2512
4 2014-89-01 09:11:00 40.8145 -73.9444 BO2512

N
@ 9@ @ 9@
® ©® ©® ©

J.e..flJ Uber CJY\?-) r.)odwj d"l C aQLF«LMH) rL;)U C'i.éj C)L‘:Lx.ﬂ oda C)Jv\.:j S
& Uber o) ad ilS (Ul o5l & ,mad o5 JS o 5,000 2 Uges AU (rans
:L;pyl

sns.set (rc={'figure.figsize(10,12):'})
sns.distplot (data["Day"])

w \ /\ \-\7_// \ﬂ

0.00
0 5 10 15 20 2 30
Day

ol Ul G 5 Uber el o Jsll bislay oyl M- 1 J) Bl I (e
iolelal) G Uber oM Jlows bes 031 ¢ oY) Rlgs Mhe (20535

sns.distplot (data["Hour"])


https://www.kaggle.com/fivethirtyeight/uber-pickups-in-new-york-city/download
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sns.distplot (data["Weekday"])

3
Weekday

ebl e 28Ty Uber oy 0555 oY1 el s cdo W pgp ] e o3el 0 JSC201 3

Jordl el e Vot o5 Ll Uber & godnio ol V1 o) J gl LiSla 10 connd]

B oY kes  JeVN o 8V 0 g s 3V 2 Uber o) 585 el pbl (3. Jai
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# Correlation of Weekday and Hour

df = data.groupby (["Weekday", "Hour"]) .apply(lambda x: len (x))

df df .unstack ()
sns.heatmap (df, annot=False)


https://thecleverprogrammer.com/2021/02/11/pearson-correlation-using-python/
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Weekday
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data.plot (kind="scatter', x='Lon', y='Lat', alpha=0.4,
s=data['Day'], label='Uber Trips',

figsize=(12, 8), cmap=plt.get cmap('jet'))
plt.title("Uber Trips Analysis")

plt.legend()

plt.show ()

Uber Trips Analysis

Uber Trips

204
402

200

-745 -74.0 -735 -7130
Lon

uaialoll
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(o Jeloll s e Lele

Uber 8,20 &owy 2V psdl g2 23Vl ps 1
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‘Uber J &l Gl oLV 25T 2 2les 6.3
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Google yguU laaiwl Google cuny Juai (35
Search Analysis with Python

Lo sl v &l g Los Loy Google Jo Com Elas jlke 3.5 (o o Lo sl 2] o
plicl Al Google Cow dxy 1. Google Js 30 JS' Eow dlas 40.000 (o i
Bl sda Gole VI GA3 mds mo ol Sl o 2y SULIL Ll 2231

052k el Google o o dags e Salll G5

0ol plaaiwl Google cuay JuAj
s 55 s gl Coedl olllas dalaadl QUL I Jgeo gl e 52 Googlec;o: Y
Cov oo dege Google Trends ol o0 Google oo A1 o el
Sl Lgolaseal Sy APT wli ks dxs » 4421y Google Trends b5 .Google
cpytrends pwls oda Sla ol e s dgrls J,«é .Google Js Lu sl Codl llas
pip oY1 sl Cdsil 3 s Lot Ao s
pip install pytrends
dogos OV Tels &y ol Jdpytrends &5 ey OV a3 3 85 o sl
gl sl LSS sl ol G,k e Google G o
import pandas as pd
from pytrends.request import TrendReq

import matplotlib.pyplot as plt
trends = TrendReq()

Codl dlax o 2l oldanl e Google Gy ol i3 Jowy La psla
Machine " ;& &oes ol 10 0aY ULy 5l Lk o2k 14 " Machine Learning’
:Google s "Learning

trends.build payload(kw_list=["Machine Learning"])
data = trends.interest by region()

data = data.sort values (by="Machine Learning",
ascending=False)

data = data.head(10)

print (data)
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Machine Learning

geollame

China 100
Singapore 36
St. Helena 28
India 25
Hong Kong 21
South Korea 19
Nepal 18
Pakistan 16

Israel 14
Ireland 14

Machine " J} sdall Eoedl Slb Jans o5 codlel 85 SToll goleld Gy (U
:(bar chart) _la ,& lalases el UL ol =~ Gl eSlas . cpmnadll &' Learning

data.reset index() .plot (x="geoName", y="Machine Learning",
figsize=(20,15), kind="bar")

plt.style.use('fivethirtyeight')

plt.show

0
a H I g ] 1
ooobiame

Sl e el plazal Lses 08 "Machine Learning' O G A LY ks
Condl Slles ol e 5,05 Gl sl Gjm Sl SN Sl gedl e e oMl
s2aal sl " Machine Learning” J] szmed] oed) LoD Slox] o5 S D e

:Google s

data = TrendReqg(hl='en-US', tz=360)

data.build payload(kw list=['Machine Learning'])
data = data.interest over time()

fig, ax = plt.subplots(figsize=(20, 15))
data['Machine Learning'].plot ()
plt.style.use('fivethirtyeight')
plt.title('Total Google Searches for Machine Learning',
fontweight="bold")

plt.xlabel ('Year')

plt.ylabel ('Total Count')

plt.show ()


https://thecleverprogrammer.com/2020/12/24/bar-plots-with-python/
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Total Google Searches for Machine Learnin

uaaloldl

Google _le "Machine Learning" e &5 ol Slhas o 65 of kias SUL
A oda ol o 2020 ple ol Slhee el el 2] 035 2017 ple dasb ) sl
Y Say ) LS Gl e 2y Google ton Slles o Ly iSay I 2 ol
s 3Google s oYl e o Lo ) Google oy Lo ol 2] (65l bLAS
0L plsel Google Con ko o 15 Blaall ada 0585 0 el 235
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Financial Budget ygiil &0 Lol 8 jlgoll Julni (36
Analysis with Python

Slelhad Calides die S QLY 6,08 Cavas (financial budget) Ldle &31 50 A5 JSI
02 phly DI D51 el o g e Hallol 5 Bl o .53

¢ aLoJl & jlgodl wa Lo
Ll a ciSTI) ra ok ekl o 05 ) SBL Mows s ) (}:5‘"-1?)3
lgpénﬂ;yuu{gdéq‘}pcyaiﬁjvlsdluLaz;Q.%ALJ\%;de\gg\s;jjﬁ.UB‘Q)bﬁ

Adle i e

Gy PoweS Jons S 13] ple JS L ald L1 83150l Jlos doge o Joass 13
Tl o Sl DL sl 25 pSel il o oy S (YLaYls MY Jls
Jeloss dage 15l LAY g o grali I o D051 pan ol ol (321 1ST1 LILI

05 sl LI D51 50d1

29l &0 dlol & jlgodl Julaj
Wby PoweS Leldoss J) b I3 205 LI B3 15001 2 Lo Y] eag U5 055 O s
o agedl odn Tl 0 0 plbenly L) &) podl ot g ool Loy iS5 5 Lges
Blsedl g Sl Jo o SULy Ao gomens &y all 050k LS sl G )b
2021 plad gl BILJI
import numpy as np
import pandas as pd

import matplotlib.pyplot as plt
data = pd.read csv("India budget 2021.csv")

data.head()
Department /Ministry Fund allotted(in Tcrores)
] MINISTRY OF AGRICULTURE 131531.19
1 DEPARTMENT OF ATOMIC ENERGY 18264.89
2 MINISTRY OF AYURVEDA, YOGA 2976.30
3 MINISTRY OF CHEMICALS AND FERTILISER 80714.94
4 MINISTRY OF CIVIL AVIATION 3224.67

1551 godl o g 1 oLVl oo o 3100 2 Lges

print (data)


https://raw.githubusercontent.com/amankharwal/Website-data/master/India_budget_2021.csv

alioll Gy e bl e

WO N DV R W N R ®

L T T T X T e e T R I =)
O N Wl R W N R ® W N T W R W N RE®

W
(S

L B B B R R t B T L
[ Y B N N - - I R | LT B e T ¥ I vV N

Department /Ministry

MINISTRY OF AGRICULTURE

DEPARTMENT OF ATOMIC ENERGY

MINISTRY OF AYURVEDA, YOGA

MINISTRY OF CHEMICALS AND FERTILISER
MINISTRY OF CIVIL AVIATION

MINISTRY OF COAL

MINISTRY OF COMMERCE AND INDUSTRY
MINISTRY OF COMMUNICATION

MINISTRY OF CONSUMER AFFAIRS

MINISTRY OF CORPORATE AFFAIRS

MINISTRY OF CULTURE

MINISTRY OF DEFENCE

MINISTRY OF DEVELOPMENT OF NORTH EASTERN REGION
MINISTRY OF EARTH SCIENCES

MINISTRY OF EDUCATION

MINISTRY OF ELECTRONICS AND INFORMATION TECHNO...
MINISTRY OF ENVIRONMENT, FOREST
MINISTRY OF EXTERNAL AFFAIRS

MINISTRY OF FINANCE

MINISTRY OF FISHERIES, ANIMAL HUSBANDRY
MINISTRY OF FOOD PROCESSING INDUSTRIES
MINISTRY OF HEALTH AND FAMILY WELFARE
MINISTRY OF HEAVY INDUSTRIES

MINISTRY OF HOME AFFAIRS

MINISTRY OF HOUSING AMND URBAN AFFAIRS
MINISTRY OF TINFORMATION AND BROADCASTING
MINISTRY OF JAL SHAKTI

MINISTRY OF LABOUR AND EMPLOYMENT
MINISTRY OF LAW AND JUSTICE

MINISTRY OF MICRO, SMALL AND MEDIUM ENTERPRISES
MINISTRY OF MINES

MINISTRY OF MINORITY AFFAIR

MINISTRY OF MEW AND RENEWABLE ENERGY
MINISTRY OF PANCHAYATI RAJ]

MINISTRY OF PARLIAMENTARY AFFAIRS
MINISTRY OF PERSONNEL, PUBLIC GRIEVANCES
MINISTRY OF PETROLEUM AND NATURAL GAS
MINISTRY OF PLANNING

MINISTRY OF PORTS, SHIPPING

MINISTRY OF POWER

THE PRESIDENT, PARLIAMENT, UNION PUBLIC SERVIC...
MINISTRY OF RAILWAYS

MINISTRY OF ROAD TRANSPORT AND HIGHWAY
MINISTRY OF RURAL DEVELOPMENT

MINISTRY OF SCIENCE AND TECHNOLOGY
MINISTRY OF SKILL DEVELOPMENT

MINISTRY OF SOCIAL JUSTICE AND EMPOWERMENT
DEPARMENT OF SPACE

MINISTRY OF STATISTICS

MINISTRY OF STEEL

MINISTRY OF TEXTILES

MINISTRY OF TOURISM

MINISTRY OF TRIBAL AFFAIRS

MINISTRY OF WOMEN AND CHILD DEVELOPMENT
MINISTRY OF YOUTH AFFAIRS AND SPORTS

Nall

GRAND TOTAL

Fund allotted(in Tcrores)
131531.19
18264.89
2970.30
80714.94
3224.67
534.88
12768.25
75265.22
256948.40
712.13
2687.99
478195.62
2653.00
1897.13
93224.31
9720.66
2869.93
18154.73
1386273.30
4322.82
13@8.66
73931.77
1017.08
166546.94
54581.00
4071.23
69053.02
133@6.50
3229.94

15699.65
1466.82

4816.77
5753.00
913.43
65.87
2097.24
15843.78
1@62.77
17@2.35
15322.00
1687.57
110054.64
1181@1.00
133689.50
14794.03
2785.23
1168%9.39
13549.09
14@9.13
36.25
3631.64
2026.77
7524.87
24435.06
2596.14
Nal
3483235.63

202
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b5 NaN o5 L3 bes ol UL de yazes 3(NaN) 83 giiall ol &3y oSo
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data.dropnal)
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Department /Ministry Fund allotted(in Tcrores)

e MINISTRY OF AGRICULTURE a2l k)
1 MINISTRY OF CONSUMER AFFAIRS 256948.40
2 MINTISTRY OF DEFENCE 478195.62
3 MINISTRY OF EDUCATION 93224.31
4 MINISTRY OF FINANCE 1386273.30
5 MINISTRY OF HOME AFFAIRS 166546.94
6 MINISTRY OF RATLWAYS 116054.64
7 MINISTRY OF ROAD TRANSPORT AND HIGHWAY 118161.00
8 MINISTRY OF RURAL DEVELOPMENT 133689.50
g OTHERS 592971.98

LI Ell e Sl Sl gl e 8 ka0 Y ULl eds w5 01 Lo

data.plot.bar (x='Department /Ministry', y='Fund allotted(in
Rcrores) ')

126
147 B Fund allotted{in $crores)

12 4

10 +

0.8 1

0.6 1

0.4 1

0.2 1

OTHERS

MINISTRY OF DEFENCE
MINISTRY OF EDUCATION
MIMISTRY OF FINANCE
MINISTRY OF RAILWAYS

w
=
=
5
=
<
&
<I
w
o
&
]
=
=

MINISTRY OF HOME AFFAIRS

MINISTRY OF CONSUMER AFFAIRS
MINISTRY OF RURAL DEVELOPMENT

MINISTRY OF ROAD TRANSPORT AND HIGHWAY

Department Ministry
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Lljadl e Lo ST e Jua>s (finance department) &Ll -l oy of ke
Jyaxll (donut plot) s> Lbses Foblloda g s 01 Les ia Soul) Llex Yl
Yl o o Il 5 oesls 3 e

df = data["Fund allotted(in Zcrores)"]

labels = data["Department /Ministry"]
plt.figure(figsize=(7,7))

plt.pie(df, labels=labels, autopct='%1.1f%%', startangle=90,
pctdistance=0.85, shadow =True)

central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Distribution of The Budget", fontsize=20)
plt.show ()

Distribution of The Budget

MINISTRY OF AGRICULTURE
MINISTRY OF CONSUMER AFFAIRS

MINISTRY OF DEFENCE
MINISTRY OF RURAL DEVELOPMENT
39%

MINISTRY OF ROAD TRANSPORT AND HIGHWAY

MINISTRY OF EDUCATION MINISTRY OF RAILWAYS

MINISTRY OF HOME AFFAIRS

MINISTRY OF FINANCE

i loll

L Sy ) Byl a o JIsaYl oy 140 e Juamsd LI s 0 (55 O LSy
Al Ed Lo Sl wlaiiy bl ) e Dbl e 5500 Il UL e gazes Julos
05 sl AL a,;\;,,&&wdydw] RPOWSRERICIR W]
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Streaming Service Analysis with Python
s Prime Video 5 Netflix Ju 4w ) el oleas & O Aedladl (e - NI H
il s O ) 23 D 281, Ao 055 68 ULy Wl ehiiay Diisney+ 5 Hulu
ULl e g5 00 U r.)éb Alaadl oda 3.l e (Streaming Service) o Lads
05 el Sl Zeasd Lo fuadl J g
Al aloas JuAsi Judai
O SN CHIVSIN [P SOP SV FYPN CHPUN- N EE T IS SR s NS
.Disney+ s Hulu s Prime Video s Netflix
als 4B ey Lods bl Jlod daged Lpadsenles 1 SULII de gazes (g 500
ada Gyl oo S An Y1 Al LY e 33 sl 4505001 55 )l e
gl
Cadl Sy ¢t oS35 o Rads ol e ) gall oda SULII e poee pddend U]
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Sl olans Lo 1

o2 C‘“"J Rotten Tomatoes s IMBD wliias Jl=s .2

RERJUT N [JCH VN WO PU-FON TR VEIN [ SO 5 B WER S
U9 UL laAlwl cudl aloas Jhel A
3l G b 8 Bogodl sda Tl 0 0L el &y dasks bl o g Y1 TS

import numpy as np # linear algebra
import pandas as pd # data processing

import plotly

import plotly.express as px

from plotly.subplots import make subplots
import seaborn as sns

import matplotlib.pyplot as plt

tv_shows = pd.read csv('tv_shows.csv')
tv_shows.head ()


https://www.kaggle.com/ruchi798/tv-shows-on-netflix-prime-video-hulu-and-disney/download
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° tv_shows = pd.read_csv('tv_shows.csv')
tv_shows.head()

C Unnamed: @ Title Year Age IMDb Rotten Tomatoes Netflix Hulu Prime Video Disney+ type
0 0 Breaking Bad 2008 18+ 95 96% 1 0 0 1] 1
1 1 Stranger Things 2016 16+ 8.8 93% 1 0 0 0 1
2 2 Money Heist 2017 18+ 8.4 91% 1 0 0 0 1
3 3 Sherlock 2010 16+ 9.1 78% 1 0 0 o] 1
4 4 Better Call Saul 2015 18+ 8.7 97% 1 0 0 0 1

5l (e ba Y el a5l g sl ) b b dats SULIT Jlos LY 13k

bl juAni
UL shae] Gl U SULI s on o Kaz oo UL & pomen g2 L
(title of the shows) b5, olse Je sl s, Sl il blaul

tv_shows.drop duplicates(subset='Title',
keep='first', inplace=True)

1l I Lk o3 oV SLLII 85 gaiadl w5 foy o3l colisl 5 U1 o 30
:CSJ=¢’JJ$-¢>UE3

tv shows['Rotten Tomatoes'] = tv shows['Rotten
Tomatoes'].fillna ('0%"'")
tv shows['Rotten Tomatoes'] = tv shows['Rotten

Tomatoes'].apply(lambda x : x.rstrip('$'))
tv_shows['Rotten Tomatoes'] = pd.to numeric(tv_shows['Rotten
Tomatoes'])

tv_shows['IMDb'] tv_shows['IMDb'].fillna (0)
tv_shows['IMDb‘] tv_shows[‘IMDb']*lO
tv_shows['IMDb'] = tv _shows['IMDb'].astype('int'")

5 Netflix slawodl shee¥ G436 05 1 e bhiam 13) N 1l UL oy 055
Ol Jlazt Sl (55 W5 . (categorical) £ ez Prime Video s Disney s Hulu
:S»\;WOAJ&QG&MU&N\ 0555

tv_shows long=pd.melt (tv_shows[['Title', 'Netflix', 'Hulu', 'Disn
eyt',

'Prime
Video']],id vars=['Title'],
var name='StreamingOn',
value name='Present')
tv_shows long = tv_shows long[tv_shows long['Present'] == 1]
tv_shows long.drop(columns=['Present'],inplace=True)

BaeY) Gam Bl p sl oSU5 L Bl 1 UL e UL o ety Y1 p 3L
e st el 8
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tv_shows combined = tv_shows long.merge (tv_shows, on='Title',

how="inner')

tv_shows combined.drop(columns = ['Unnamed: 0', 'Netflix',
'Hulu', 'Prime Video',

'Disney+', 'type'l, inplace=True)

G g Al 5 )l S 8 mad 1 m 28T el Lgd 00385 ) L) s e Y
RISV Jfgl.p LN}

tv_shows both ratings =
tv_shows combined[ (tv_shows combined.IMDb > 0) &

tv_shows combined['Rotten Tomatoes'] > 0]
tv_shows combined.groupby ('StreamingOn') .Title.count ().plot (ki
nd="bar")
2000
1750 1
1500
1250 A
1000
750
500 1
250 |
8 E
StreamingOn =

¢u @024 JiAasi Jle jgicdl :aslail dghall
Vsl psale pgilons o 7l &y doas Juail o el SULI) e Les OV
e Lz Bl (¢ gomadl Ol wld (violin charts) oSl wllaleses

figure = []
figure.append(px.violin(tv_shows both ratings, x =

'StreamingOn', y = 'IMDb', color='StreamingOn'))
figure.append(px.violin(tv_shows both ratings, x =
'StreamingOn', y = 'Rotten Tomatoes', color='StreamingOn'))

fig = make subplots (rows=2, cols=4, shared yaxes=True)

for i in range(2):
for j in range(4):
fig.add trace(figure[i]['data'][]j], row=i+l, col=j+1)

fig.update layout (autosize=False, width=800, height=800)
fig.show ()
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100 B netflix
B netflix
B Hulu
80 I Hulu
B Prime Video
60 [ Prime Video
I Disney+
50 B Disney+
20
Netflix Hulu Prime Video Disney+
100
80
60
40
20
Q
Netflix Hulu Prime Video Disney+

Rotten s IMDB o wlenzdl &)laad (scatter plot) faws lalases psens Lo OV
tpdmed| sl Slae (e IS Goleill Juil L) &y Lae 6l 4510 Tomatoes

px.scatter (tv_shows both ratings, x='IMDb',
y="'Rotten Tomatoes',color='StreamingOn ')
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Analysis with python
Leads Ay ool DY bVl e Bles doliadl UL e 30 3L Les
- births.csv doblleds s ) gall (Sas (CDC) Lol e 3 ladl 5T,

import pandas as pd

births = pd.read csv("births.csv") print (births.head())
births['day'].fillna (0, inplace=True) births['day'] =
births['day'].astype (int)

year month day gender births

8 1969 1 1.e F 4846
1 1969 1 1.8 M 4448
2 1969 1 2.0 F 4454
3 1969 1 2.0 M 4548
4 1969 1 3.8 F 4548
births['decade'] = 10 * (births['year'] // 10)

births.pivot table('births', index='decade', columns='gender',
aggfunc="'sum')
print (births.head())

oV i L3, e IS BUYI Wl sall sde 5 sty 5 SN Al sadl sus 01 55l e (55
Sl ¥l suall o 3 Pandas damadodl g I sl plasen LSy (B 505 28T IS
] o A1 5l

import matplotlib.pyplot as plt

import seaborn as sns

sns.set ()

birth decade = births.pivot table('births', index='decade',
columns="'gender', aggfunc='sum')

birth decade.plot ()

plt.ylabel ("Total births per year")

plt.show()
1e?
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ULl LA Ll 40 2J joll

Pl eds SBLII 8 azs o g Loy 1 pLaad 5 il ] jns Sia
) (outliers) & el ol B3l B UL cadiz s of Cow - Pandas s
missing ) 33 sill ol s (mistyped dates) ¢ bl JKa &gl Gl s
b Jodians (86 el o) a3 o 3l 5 pm U3 S DY i) 3 all 5] . (values
14 3l (sigma-clipping) bezeew b Llos > 10

import numpy as np
quartiles = np.percentile(births['births'], [25, 50, 75])

mu = quartiles[l]
sig = 0.74 * (quartiles[2] - quartiles[0])

i A Bl e 0.74 5L oo ol o id (558 S pa Y1 el s
S g N Gsaall iaa) query() bl plased LeSas Jda el . pwsle
r:.ﬂ\ oda C‘)L’ O\JY}

births = births.query (' (births > @mu - 5 * @sig) & (births <
@mu + 5 * @sig) ')

births['day'] = births['day'].astype (int)
births.index = pd.to datetime (10000 * births.year+
*100 births.month+

births.day, format='%$Y%m%d ')

births['dayofweek'] = births.index.dayofweek

13 520 5 § g1 o LT Bl gl sy Loy Vi pltly

births.pivot table ('births', index='dayofweek,

columns="'decade', aggfunc='mean') .plot()
plt.gca() .set xticklabels(['Mon', 'Tues', 'Wed', 'Thurs',
'Fri', 'Sat', 'Sun'])
plt.ylabel ('mean births by day');
plt.show()
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births month = births.pivot table('births',
[births.index.month, births.index.day])
print (births month.head())

births month.index = [pd.datetime (2012, month, day )
for (month, day) in births month.index]
print (births month.head())

births

4809.225

4247 .48

4500.98@

4571.35@

4603.625
births

woE W e

2012-01-01
2012-91-82
2012-01-03
2012-01-04
2e12-081-85

4009.225
4247 .488
4588.900
4571.35@
4683.625

o el e o gra oS5 By Ak OY1 L) (Jah ol el e S
Sl an e CaiSG Bl g ) plot 8 b plsed Lisla dda e 2dl 5l
:CLQA§USj;J\

fig, ax = plt.subplots(figsize=(12, 4))
births month.plot (ax=ax)
plt.show()
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Amazon Product Reviews (guU laailwl

Sentiment Analysis with Python
ioboendl e gl 5 455 SOV 8ol e 5875 bl 8300 455,01 85,4 2 Amazon
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data = pd.read csv("Reviews.csv")
print (data.head())

d  ProductId UserId ProfileName \

© 1 BOGIEAKFGD A3SGXH7AUHUSGL delmartian

1 2 BEBS13GRG4 AIDS7FEZCVESNK dll pa

2 3 BOGALQOCHO  ABXLMWIIXXAIN Natalia Corres "Natalia Corres

3 4 BEGAUAGQIQ A395BORCEFGVXV Karl

4 5 BOGEK27Z7K AIUQRSCLFSGWIT  Michael D. Bigham "M. Wassir"
Helpful Helpful inator Score Time \

) 1 1 5 1303862400

1 ) o 1 13469760600

2 1 1 4 1219017600

3 3 3 2 1367923200

4 ] e 5 1350777600

Summar y Text

Good Quality Dog Foed I have bought several of the Vitality canned d...
Not as Advertised Product arrived labeled as Jumbo Salted Peanut...

o

1

2 "Delight" says it all This is a confection that has been around a fe...
3 Cough Medicine If you are looking for the secret in i

4

Great taffy Great taffy at a great price. There was a
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toda UL &e gazes e &gllaadl e glaall [am e 8,k AL Les (Ll 20l |3
print (data.describe())

Id HelpfulnessNumerator HelpfulnessDenominator

count 568454.0080080 568454 . 000000 568454 .00000

mean 284227 .500000 1.743817 2.22881
std 164098.679298 7.636513 8.28974
min 1.o00000 ©.o00000 ©.eeeo0
25% 142114.250000 ©.000000 ©.00000
5ex 284227 .500000 ©.000000 1.e0000
75% 426340.750000 2.000000 2.e0000
max 568454 . 000000 866 .000000 923.00000

Score Time
count 568454.008000 G5.684540e+05
mean 4,183199 1.296257e+@9
std 1.31e436 4.84331e+07
min l.002000 9.393488c+08
25% 4.000080 1.271290e+89
5e% 5.eeeeee 1.311120e+89
75% 5.00000 1.332720e+09
max 5.0eeeee 1.351210e+89

missing ) 83 saiall o3 Gaa Jo 5o b a8 0da SULI! e yores 0V 11l
163 el il e (g 5o ) G shnall e 3 bes 10 (values

data = data.dropna()
Amazon alaiio wleal ol yelitol Judai
lees Al wlinadl e oda SULI de gozes (Score column) bl s yes (g 5o
@\Mujg&sﬁgxufgw,u.é;ut@ﬁ@ﬁay:@@wdw\
: Amazon ;s L iy aw\miygw\rbﬂrﬁf%f%ﬁd

ratings = data["Score"].value counts ()
numbers = ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red"]

plt.figure(figsize=(10, 8))

plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf ()

fig.gca() .add _artist(central circle)

plt.rc('font', size=12)

plt.title("Distribution of Amazon Product Ratings",
fontsize=20)

plt.show ()
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Distribution of Amazon Product Ratings

5

= Amazon ;e bas il Al ololl otV Coal e 28T o bl 8020 Gy
el e oda SULII &e oo J) 5,3 akasl 856 sl OV i ol 525 (20 5
ol Clus M- 0 (Neutral) sdoley (Negative) dduwy (Positive) e
(Text column) el ssee L}E»ﬁ.d\ £Maadl Wlaxl 1o (sentiment scores) L]l

;UL e sazeal

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Text"]]
print (data.head())

Id ProductId UserId ... Positive Negative Neutral
® 1 BOOLE4AKFGe A3SGXH7AUHUBGW ... ©.3085 0.000 0.695
1 2 Bee813GRG4 AlDB7F6ZCVESNK 9.000 9.138 9.862
2 3 BeeeLQOCHe ABXLMWIIXXAIN @.155 @.e91 8.754
3 4 BOeeUABQIQ A395BORCEFGVXV 9.000 9.000 1.e00
4 5 B@@6K2ZZ7K AlUQRSCLFS8GWI1T @.448 @.000 ©.552

[5 rows x 13 columns]

1023l (o Lag 2l S lowidl ety bl e o5 (S (5 0V Les

x = sum(data["Positive"])
= sum(data["Negative"])
= sum(data["Neutral"])

N

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive C) ")
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")
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sentiment score(x, y, z)

Neutral &

o bl A Sl o gl Sl ke tilons (ol came 0550 (U
Pl Ol s e Jler] 65 Les 0V . Amazon

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 189328.1269999992
Negative: 24033.022999999564
Neutral: 4350643.95799998916

Ol G iolrwl Amazon e d-bedl Sltal) Sl Lol V.L,u ol Jsall LiSay S
AL bl e 25 el saloeadls lou M) elindl Sl s Jlax]

i loll

RS Ata . Amazon Gl Slarl e pelie Julod Ly LSty Al a2 kIl 2 oda 03]
L sadl Gp sdl nSS Amazon O = Amazon e Sleiadl 05 2o ol sl e
e Maall o 8o S ae Wl sda o g5 OB MU el (35¥55 0 ple 638.1
ol Jol . Amazon ©loets Slazrl e jelin Llow e LSS 13] SULII p ghad G, G5 120
050 plseabAmazon Sl o) eliedl Jlos J g Dl ads ol 05 055
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Hotel gUU a0 gaid)l cilowdi jeliio Julai (40

R eviews Sentiment Analysis with Python
sl lostse By me Bucd Gils oz il 51 53 Y1 eliad) Bols o Cond Lok
oBT Sl By oledl gy Lo 2 yme oo Y ol U Ll Gl OST13] s 36 50) 43,
s . Gueddll Slads Baly (sl jased JS'& 20 5613 0V Ll Coneal o . b e Sla
O g Aliall oda . (sentiment analysis) yelaedl o doge 4 J’L’ SHNOI 5o
Hotel Reviews Sentiment) Guadl wlecis ,slin oo dege o Slalbl

05k plasels (Analysis

uolil &0 §aiell iloasdi yelito Julnj

e 5o Kaggle o Gobddl el)T o dagad Lpadbu] A1 UL o gares oz o2
S Ao Lot Lgb U1 I Golid] Slass J g ot o5 20000 J g Ly
Slarl oS hab (3 gor e oda SULIIEe pore (g 5o Ml o £ 95 6l S Jas U
el B3l ¢l)T oS dagay Tasls 14U oDl (Ratings) e s (Reviews)
a3 DLl Ao porens O ol SLeSe sl il I 0 0 0

import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data = pd.read csv("hotel reviews.csv")
print (data.head())

Review Rating
nice hotel expensive parking got good deal sta... 4
ok nothing special charge diamond member hilteo...
nice rooms not 4% experience hotel monaco seat...

unique, great stay, wonderful time hotel monac...

B W N B ®
wminmowN

great stay great stay, went seahawk game aweso...

(s gl AeLs] 053 1 83 gke 03 o 5 Y Lol el (0 3 S 0k SULI s gores
Ml Sla 555 o dng o 8,050 2D Lo

ratings data["Rating"] .value counts ()
numbers ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
" red" J
plt.figure(figsize=(5, 5))


https://thecleverprogrammer.com/2021/06/28/data-science-projects-on-sentiment-analysis/
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plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title("Hotel Reviews Ratings", fontsize=20)
plt.show ()

Hotel Reviews Ratings

5

Gay S g 45 pomd 5 o &8l Sladsd) (a3 V301 plans OF Aamdlo Sy
GHI Grdll Slads e §3ly Gyl wlame O] J sl LiSlay codel 8 ST lianl
A dgry o) Gt Sles jelie Lo IS p Gl s 01 Lies b |palil
bl ol e ol SLLII e gares J] L300 sieel 8N Cisle (Sl Olenis
Fliadl ol Clus D e(Neutral) saoleey (Negative) ke s (Positive)

:olewadl (sentiment scores)

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] [sentiments.polarity scores (i) ["pos"] for i
in data["Review"]
data["Negative"]
in data["Review"]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["Review"]]

print (data.head())

[sentiments.polarity scores (i) ["neg"] for i

]
]

Review Rating Positive Positive Negative Neutral

nice hotel expensive parking got good deal sta... 4 0.285 9.285 0.872 ©.643
ok nothing special charge diamond member hilto... 2 2.189 9.189 0.110 0.701
nice rooms not 4* experience hotel monaco seat... 3 0.219 9.219 0.081 9.700
unique, great stay, wonderful time hotel monac... 5 9.385 0.385 0.060 8.555
great stay great stay, went seahawk game aweso... 5 0.221 9.221 9.135 0.643

50 o1 Gl (Sbedsdl e o sly Gl O snd O sdo ((reviews) wlagil) G
oo ol o 2Ly ol Slads Gl (lame (5T, e

x = sum(data["Positive"])
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sum (data["Negative"])

Yy
z sum (data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive ")
elif (b>a) and (b>c):
print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, 2z)

Neutral &

3l Al Les oY1 .Gl wbaas ol (neutral) sbodl ol wlame aty o JUILs
SEEWFLERSPE R
print ("Positive: ", x)

print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 6359.91800000002
Negative: 1473.4750000000038
Neutral: 12657.627999999937

adiloes Ll e Bl 0 12000 o 25T il o3 ool 35 STall peslenld Gy o JUIL

Ui sl bl 0] Il Sy SIS Aol Lé—’T e dxl e 6000 u.ajzfi sl 53
1500 oo S5 8l leisdl o e b 15561 1 Galidd] o

wuaaloll

OTI3) Lo 5 pnad 2 b sl . Gl Slods o line Jodows Ly SiSlay 21 3 Jall 2 o
oo M g3 e dlia o1 G Gudl o aldl sk Lo B pme 2 Y ol U L;tﬂlgM\
O 13} Lo o e Bl Slads el Jloos dags ad Selus O Sy (U1 o181
Slogtd e linall flows g Wil oda ool 05 085 0F ol Y ol Sl J Lo Sl
Ok el Bslall
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plaailwl Google Play jaio (¢ jclitodl Juaj (41
Google Play Store Sentiment Analysis using ;guU

Python
el e @lidas ol Jandl colazl o) Ciceas o (Sentiment analysis) ,elawdl oo
(..lé.u Moo Lol (neutral) sdl>es EL:?-T) (negative) ddwy (positive) dulx|
e 23Ok 0y Lo B paed cpleds ST giloie S LoD el L1l 222V
el Al 5w W dglarl o e Sl el (5 e Google play ze (g 50w
Gl .Google play 2 e d-badl ladadl elie fdoed jolindl Plocd s
0L plasels Google Play e 3,sliadl Jlos dags o EUallol 5 yow Wiall i

Google Play jaio (8 jclitoll Julaj

Jo S 1562315 2SI iyl o e Google Play e e 5 iall (Sa
5= -Android Joxidl plad e )l Google ol das 2es 5o lis . Android pliy
Y SBL o @l Ui e plbenal (o 500 s Ll o o Sl oMl o
o Liall ko dage (e o Lo g vl 5 e Dol 1T Lebos (UL p glas GAxS dago
Google Play 2 (3,eLaall Lo doge o Salbl G g colisl ol eldn J 53
Ln e dogodl oda lgadsenad I SULII e gozen L35 o 0 gl ol

ueu Plaaily Google Play jaio (¢ yelitoll Julaj
oo b Laasenad I SULI e azes o35 0 - SULI! Ao gazen Bel 12y dogodl oda Tl
t UL e yazes 351 dagall oda T0ids . Google Play 2 oo Lgros o Al Kaggle

from itertools import count

from nltk.util import pr

import pandas as pd

data = pd.read csv("user reviews.csv")
print (data.head())

App ... Sentiment_Subjectivity
@ 10 Best Foods for You ... ©.533333
1 1@ Best Foods for You ... ©.288462
2 16 Best Foods for You ... NaN
3 10 Best Foods for You ... e.8750e0
4 1@ Best Foods for You ... e.300000

o3 Sl e g5 sda ULl e games SIS Lo e 505 A Les (s el )3
Y rﬁ:}&.?u


https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
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print (data.isnull () .sum())

App e
Translated_Review 26868
Sentiment 26863
Sentiment_Polarity 26863

Sentiment_Subjectivity 26863
dtype: inté4

LI ) Bl sdder ULy de ez o123 o il (2, ol Gamy e (g 50 T3]

data = data.dropna()
print (data.isnull () .sum())

App

Translated_Review

-]
e
Sentiment ]
Sentiment_Polarity ]

e

Sentiment_Subjectivity
dtype: int64

Jidsdr ihes] 830 sl ¢ google play e wlarl pos Lolsdl sliadl Jloed GV
idlows s dons Bplows] Ll e ool o JS7 0Lt gs U35 (0 UL e s

from nltk.sentiment.vader import SentimentIntensityAnalyzer

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores(i) ["pos"] for i
in data["Translated Review"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Translated Review"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Translated Review"]]
print (data.head())

App Translated_Review ... Negative Neutral
@ 10 Best Foods for You I like eat delicious food. That's I'm cooking ... ... e.e 0.466
3 18 Best Foods for You Works great especially going grocery store e.e 8.549
4 18 Best Foods for You Best idea us ... 8.8 0.323
5 18 Best Foods for You Best way e.e 9.192

e bl Sl J sManll el o 8,55 A Les s 5 5kss 0V
:(scatter plot) e bhbsw elizeul Google play

import matplotlib.pyplot as plt
import seaborn as sns
plt.figure(figsize= (15, 10))
sns.scatterplot (data['Sentiment Polarity'],
data['Sentiment Subjectivity'],
hue = data['Sentiment'], edgecolor='white',
palette="twilight shifted r")
plt.title ("Google Play Store Reviews Sentiment Analysis",
fontsize=20)
plt.show ()
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Google Play Store Reviews Sentiment Analysis

0.8 1

jectivity
s
B

Sentiment_Sub
o
S

sentiment
® Positive
Neutral

o
N

004 ® Negative

-1.00 -0.75 ~0.50 -0.25 0.00 025 0.50 0.75 1.00
Sentiment_Polarity

uaialoll
Jel>5 google play 2w wlarl s olin Lo L LSy A &)l o oda 03]
O o3l 8dlen s Lo s duloe] LT e 0lidas ol o)l lan o) Ciinss ga eliall
0L plisels Google play 2w olis Jolod dags J g Dliadl ol Gl 15 0SS
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laalwl Amazon Alexa cilealjo jelio Judai (42
Amazon Alexa Reviews Sentiment Analysis (g UU

using Python
=5 Amazon dawl gy bs gl o5 Lloedl J] 3dins 4350 Lo 2 Amazon Alexa
(Wl J g Alexa d pudscms 5 geke 40 o 2STOL- s o L ) 5 s Jolisd] e honl
13] 40 L DBL el D G20 058 Alexa Jpm (adiciosd] oLt Ll 06 1
Ulaadl odgd cAmazon Alexa plisenl (padicuadl jolin ot L4580 & 5 oS
plsely Amazon Alexa ¢l)f Johoss doge I Slersle Al oda Gl Ll

052k

09U laaiwl Amazon Alexa cilealyo jelio JudAi

Amazon Alexa Sl o) elindl Jow deged Lpadde] Al SULII e gores paz 03
ey c ol ol )by 55 1 G wlaeadl J s Olly e g poms Kaggle
050l Wiy wlly degazes 55w Lges S L Alexa & S dym el
thagell odgd Lgzbow I 45 0201

import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/amazon alexa.tsv", delimiter='\t')

print (data.head())

rating date variation verified_reviews feedback
e 5 31-Jul-18 Charcoal Fabric Love my Echo! 1
1 5 31-Jul-18 Charcoal Fabric Loved it! 1
2 4 31-Jul-18 Walnut Finish Sometimes while playing a game, you can answer... 1
3 5 31-Jul-18 Charcoal Fabric I have had a lot of fun with this thing. My 4 ... 1
4 5 31-Jul-18 Charcoal Fabric Music 1

) o LS5 Lo & ned SLLIN UG (385 g2 pedl oo plandl Gan o 805 oLl T
2Yriujrﬁ
print (data.describe())

print (data.isnull () .sum())
print (data.columns)
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rating feedback
count 3150.000000 3150.000000
mean 4.463175 9.918413
std 1.868506 @.273778
min 1.e00000 @.eoo000
25% 4.000000 1.e00000
5e% 5.880000 1.e00000
75% 5.880000 1.eee000e
max 5.600000 1.e00000
rating e
date e
variation e
verified_reviews e
feedback e

dtype: int64

Index(['rating’, 'date’, ‘variation', 'verified_reviews', 'feedback'], dtypes'object’)
Al olezdl e (dataset’s rating column) UL e gazes Cainad 5508 (§ 5ou
oS o231 5 30 ey S 5 I 1 (e ebiey Amazon Alexa yedsvis gads
el Q:ﬁw‘éﬂ\cpbﬁrld\CQJJLAPSJESEgL U;;:giUJJ.m¥JASrJ5ngM S

:Amazon Alexa

ratings = data["rating"].value counts()
numbers = ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red"]

plt.figure (figsize=(5, 5))

plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')

fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title ("Amazon Alexa Reviews", fontsize=20)

plt.show ()

Amazon Alexa Reviews
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o U5 Bley Amazon Alexa | sz 18 sMoall lane 0l 65 0f LSy codlel Sl 10
. Amazon Alexa dsdsw #ldaw Dasl| v.la.u of o igs 10 .5 gl e Ll oxee

Amazon Alexa wlcalyo jelio Julaj

o5 Sl ol 3 e (g g Allexa Slar ol jeliadl o dega JI Jas Les oY1
S Dbzl ol ez Jo SULNe sozee J(verified reviews column) g Gasll
el e Slbldl ol J] suodsr sl i byes S . Amazon Alexa sMes Lgads
olu> M e (Neutral) sulbes (Negative) dwlws (Positive) duleo] suesl
:(sentiment scores) ! Wl el ol)s

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["verified reviews"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["verified reviews"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["verified reviews"]]
print (data.head())

rating date variation ... Positive Negative Neutral
e 5 31-Jul-18 Charcoal Fabric 0.692 9.000 9.30e8
il 5 31-Jul-18 Charcoal Fabric .87 @.e00 8.193
2 4 31-Jul-18 Walnut Finish sac 0.114 @.1e2 @.784
3 5 31-Jul-18 Charcoal Fabric ©.383 ©.000 9.617
4 5 31-Jul-18 Charcoal Fabric 0.000 9.000 1.ee0

Amazon Alexa sMes r.la.’u R IS eladl Ol s sk oYl Les

Ly

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive @ ")
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &
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ededl ann 01 oy 1n s 0555 &l Jramd U1 Sl ) 0B ¢ JUIL
I elidl ol s gz S oYl tes . Amazon Alexa <leds olas Lol ()5 ade

:3~9KL9
print ("Positive: ", x)

print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 1035.4579995999983
Negative: 96.79999999599995
Neutral: 1936.740999939996

100 oo ST Aedl 355 o 1000 oo el dulomally V1 0l 55 0 LSy S
Lgbds e o550, Amazon Alexa sMes (.ls.m ol o REY)

uailoll

doee A plsenls Amazon Alexa Sl s olie oo Ly LiSay 1 32kl o8 0l
e s 0B 10 (W1 Alexa J plseins §scke 40 o 2T Ut 0200
o ol 8 0555 0F 3l DB o el D B g 0 3 S Alexa g (ool
052k pliseiuls Amazon Alexa syl Jelos dage J s Dlaall
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Amazon UL olaailwl Amazon dungi play (43

R ecommendation System using Python

e debsendl ol asl (Recommendation Systems) wlbus sl dadail d
W23 e Slatsdly Sletall J) Blaal SIS, pars GULI ol el Gl
Sl Amazon glos (25 2N e G guild B850 S ST 81 el #S1; Jbe Amazon
LaS o Salbl G g Hliodl o (3. Judl pddiis & 25 b g Ranains Sl 5 0L
02k phsenl Amazon dus g pllas + LS

Amazon dungiplUAj
product based ) geiadl Jo 4a56 wloo 5+ L33 fae Amazon Gobuo gl ol oy
;SXH Sl Lo 2l 05 e o 4L sl w3 = Les (recommendations
) S5 S ete  wlitll gl 3 b SIS W pdtsene JSU Gl

B

oL

elaedl o iyl BLS| | plow 46 cAmazon e wge Y1 Gl Lke S
Bl Ao gazms Lls dell eiall 0 S0 peicall B3 52 o (padiinad) laiially Lo 2l)
sy el Slarliay wladl Bl e S plised o Sash s Slarledl e
05U plasanl 09l Sl 5 plas #Las] £iS e Salll G g oo ol Gl 5

uoU plaAailwl Amazon dungi rolAj

M Lo gl ol s LY Lgaltsnl oSy 1 0 gl SLeSs e Bl se el Il
SULI 3 il 0 2k 3hais NumPy 5 Pandas £ pasela (bl me Jonl
10890 plisel Amazon wles 55 el » L5 445 6 5

import numpy as np
import pandas as pd

data = pd.read csv("amazon.csv")
print (data.head())

AKM1MPEPOOYPR ©132793040 5.0 1365811200
A2CX7LUOHB2NDG ©321732944 5.0 1341100800
A2NWSAGRHCPBNS ©439886341 1.8 1367193600
A2WNBOD3WNDNKT ©439886341 3.0 1374451200
ALGIQUAZRIABWN ©439886341 1.0 1334707200
A1QGNMCE01VW39 8511189877 5.8 1397433600

N N )


https://thecleverprogrammer.com/2021/02/24/recommendation-system-projects-using-python/
https://www.kaggle.com/saurav9786/amazon-product-reviews/download
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AVl o e 10 kol slol e L Lgodsind] 21 SULV S poms (s 520 Y
:51«9%\04&51»5M

data.columns = ['user id', 'product id', 'ratings', 'timestamp']

e ksl 10 0 5,8 0da UL e gazes

df = datal[:int (len(data) * .1)]
o pla LY UL e pare g 0V Lo

counts = df['user id'].value counts ()

data = df[df['user id'].isin(counts[counts >= 50].index) ]
data.groupby ('product id') ['ratings'].mean () .sort values (ascen
ding=False)

final ratings = data.pivot (index = 'user id', columns
='product id', values = 'ratings').fillna(0)

num of ratings = np.count nonzero(final ratings)
possible ratings = final ratings.shape[0] *
final ratings.shapel[1l]

density = (num of ratings/possible ratings)
density *= 100

final ratings T = final ratings.transpose()

grouped = data.groupby ('product id').agg({'user id':
'count'}) .reset index()

grouped.rename (columns = {'user_id': 'score'},inplace=True)
training data = grouped.sort values(['score', 'product id'],
ascending = [0,1])

training data['Rank'] =

training data['score'].rank (ascending=0, method='first')
recommendations = training data.head()

el Sl (score) Gy e fly Slao s el ol Al oY s

def recommend (id) :

recommend products = recommendations

recommend products['user id'] = id

column = recommend products.columns.tolist ()
column = column[-1:] + column[:-1]

recommend products = recommend products[column]

return recommend products

print (recommend (11))

user_id product_id score Rank

113 11 Be©e4sSBS2 6 1.0
16899 11 BEBBeSOE6I 5 2.0
368 11 BeeeeSAW1H 4 3.0
612 11 Beeeee45Co 4 4.0
976 11 Beeee7KDVI 4 5.0
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uaaloldl

S50 Y0k plisenl Amazon e s sl ol s L3S] L LiSay A1 a2 Jlall 2 o
W iedl Gme e bas g 5ow b Ll Sloeta elodd e o SLLJI 2o gorms
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125 Data Science Projects You Can Try with Python, Aman Kharwal,
https://python.plainenglish.i0/85-data-science-projects-
c03c8750599e.

40+ Data Analysis Projects with Python, Aman Kharwal,
https://amankharwal. medium.com/data-analysis-projects-with-

python-a262a6f9e68c.
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By: Dr.Alaa Taima




