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import pandas as pd

import numpy as np

import matplotlib.pyplot as plt

import seaborn as sns

from sklearn.feature extraction.text import CountVectorizer
count=CountVectorizer ()

data=pd.read csv("Train.csv")

data.head()
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text label
0 Igrewup (b. 1965) watching and loving the Th... 0
1 When | put this movie in my DVD player, and sa... 0
2  Why do people who do not know what a particula... 0
3  Eventhough | have great interest in Biblical ... 0
4 Im a die hard Dads Army fan and nothing will e... 1

01 65 (IMDB o 236N Sl e G 40 o (5 505 1 UL e sazen 3515 dmy
GU LABEL g2 215 didl Jo g 500 Ul TEXT o Laadsl L 0p5)b 03 50 Ll
.gfbgl_]_jggiw_l)dgf>c1<5()Ljﬁ(éjby

FSLLI) ) 5 e s OV

fig=plt.figure (figsize=(5,5))
colors=["skyblue", 'pink']

pos=data[data['label']==1]
neg=datal[data['label']==0]
ck=[pos['label'].count(),neg['label'].count ()]

legpie=plt.pie(ck, labels=["Positive", "Negative"],
autopct ='%1.1£%%"',
shadow = True,
colors = colors,
startangle = 45,
explode=(0, 0.1))

Positive

50.0%

\_// - Negative
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import re
def preprocessor (text) :
text=re.sub ('<[">]*>"', "', text)

emojis=re.findall (' (2::|;|=) (?2:-
)2(2:\) IN(ID|P) ', text)
text=re.sub (' [\W]+',"' ', text.lower()) +\
' '.join(emojis) .replace('-"',"'")

return text
data['text']=data['text'].apply (preprocessor)
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from nltk.stem.porter import PorterStemmer
porter=PorterStemmer ()
def tokenizer (text):
return text.split()
def tokenizer porter (text):
return [porter.stem(word) for word in text.split()]
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import nltk

nltk.download ('stopwords')

from nltk.corpus import stopwords
stop=stopwords.words ('english')

from wordcloud import WordCloud
positivedata = data[ data['label'] == 1]
positivedata =positivedatal'text']
negdata = data[data['label'] == 0]
negdata= negdatal['text']

def wordcloud draw(data, color = 'white'):
words = ' '.join(data)
cleaned word = " ".join([word for word in words.split ()

if (word!="movie' and
word!="film")
1)
wordcloud = WordCloud (stopwords=stop,
background color=color,
width=2500,
height=2000
) .generate (cleaned word)
plt.figure(l, figsize=(10, 7))
plt.imshow (wordcloud)
plt.axis('off'")
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plt.show ()

print ("Positive words are as follows")
wordcloud draw(positivedata, 'white')
print ("Negative words are as follows")
wordcloud draw(negdata)
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from sklearn.feature extraction.text import TfidfVectorizer

tfidf=TfidfVectorizer (strip accents=None, lowercase=False, prepr
ocessor=None, tokenizer=tokenizer porter,use idf=True,norm='12"
,smooth idf=True)

y=data.label.values

x=tfidf.fit transform(data.text)

selitodl Jdai JII pdeil gagod cayyaj
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from sklearn.model selection import train test split

X train,X test,y train,y test=train test split(x,y,random stat
e=1,test size=0.5,shuffle=False)

e A oSV 23 500 plaealy pelaadl Lo dagad JYI (el 723 505 i 01 Lo
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from sklearn.linear model import LogisticRegressionCV

clf=LogisticRegressionCV (cv=6, scoring="'accuracy',random state=

0,n_jobs=-1,verbose=3,max iter=500).fit (X train,y train)

y pred = clf.predict (X test)

from sklearn import metrics

# Model Accuracy, how often is the classifier correct?
print ("Accuracy:",metrics.accuracy score(y test, y pred))

Accuracy: @.89845

05U B B plsealy peladl Lo J o Blied) sda ol 8 0585 0 ]

:Janoll

https://thecleverprogrammer.com/2020/12/07/sentiment-analysis-with-
python/



https://thecleverprogrammer.com/2020/12/07/sentiment-analysis-with-python/
https://thecleverprogrammer.com/2020/12/07/sentiment-analysis-with-python/
https://thecleverprogrammer.com/2020/12/07/sentiment-analysis-with-python/
https://thecleverprogrammer.com/2020/12/07/sentiment-analysis-with-python/

i o st i

Sentiment Analysis with JII plcill go yelitodl Julaj (2
machine learning

Sxowadl JS b3 LS e So Al ddeadl pa Sentiment analysis jelaedl oo
SEY1 e il Conall e .,MIJ, alS olelas ¢l )Ty ol y SISGT Laz) LaS
el plee ] Seliall Jolosh iy Jandl G ] B30 30 oLl Low e 45 )
LY Sl e IS b 1 AL NLP dnand! & 52l

Skt o ity aad A Sy 0 S e Byl 5550 Gl il (el o e
Cal b o a0 L5 (G § g sl ddoss o (535 jolanadl Lo 055 o . ]
OV Jadll Sy Ha padl g Gy ol jaasds (bla] s ddod

(JrIL 85 520 L) 2SI

DI pdeill go yelitod! Junj

Jelod B dlga 3,k oV @l el el w4 Lo cangs 18 055 0 ol
o3 o5 8,5 27481 Lpedsealu 1 SULI ez JYI el plasenl el
J:’f:' Uy ShSas HleYl de gazes L}S.J.:’JJG 35345 oyl de gares L}L@.:.LG Ldle

rPandas plsal SULI) J) Il g0 e degedl ol 0V TS L Ls 0 UL
import pandas as pd
training = pd.read csv("train.csv")
test pd.read csv("test.csv")

print ("Training data: \n",training.head())
print ("Test Data: \n",test.head())

Training data:

textID ... sentiment
9 cb774dbedl ... neutral
1 549e992a42 ... negative
2 088c60f138 ... negative
3 9642c0@3ef ... negative
4 358bd%eB861 ... negative

[5 rows x 4 columns]

Test Data:

textID text sentiment
® f87dead7db Last session of the day http://twitpic.com/67ezh neutral
1 96d74cb729 Shanghai is also really exciting (precisely -... positive
2 eee51Bae67 Recession hit Veronique Branquinho, she has to... negative
3 01082688ch happy bday! positive
4 33987a8eeb http://twitpic.com/4w75p - I like it!! positive


https://github.com/amankharwal/Website-data/blob/master/train.csv.rar
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import re

contractions dict = {"can't": "can not,"

" won t": "will not,"

" don*t": "do not,"

" aren ' t": "are not,"

" i*d": "i would,"

" couldn t": "could not,"
" shouldn t": "should not,"
" wouldn t": "would not,"
" isn*t": "is not,"

" it's": "it is,"

" didnt": "did not,"

" weren t": "were not,"

" mustn t": "must not,"

def prepare data(df:pd.DataFrame) -> pd.DataFrame:

df ["text"] = df["text"]\

. apply (lambda x: re.split('http:\/\/.*',

str(x)) [0])\
str.lower\ ()

. apply (lambda x:

replace words (x,contractions dict))

df ["label"] = df["sentiment"] .map)
"} neutral": 1, "negative":0,
"positive":2{
(

return df.text.values, df.label.values
def replace words(string:str, dictionary:dict):

for k, v in dictionary.items: ()

string = string.replace(k, V)

return string

train tweets, train labels = prepare data(train df)
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test tweets, test labels = prepare data(test df)
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from keras.preprocessing.text import Tokenizer
tokenizer = Tokenizer ()
tokenizer.fit on texts(train tweets)
train tokenized =
tokenizer.texts to matrix(train tweets,mode='tfidf')

test tokenized =
tokenizer.texts to matrix(test tweets,mode='tfidf"')
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from sklearn.ensemble import RandomForestClassifier
forest = RandomForestClassifier(n estimators=500,
min samples leaf=2,00b score=True,n_ jobs=-1,)
forest.fit (train tokenized, train labels)

print (f"Train score:
{forest.score(train tokenized, train labels)}")
print (f"OOB score: {forest.oob score }")

Train score: 0.7672573778246788
OOB score: 0.6842545758887959
Juialldcgono (9 gagol Lol
YERVIVV WS Pe C\:&}! Ol oblyy Cavaddl e ﬁr\m\ Scikit-Learn g5
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print ("Test score: ", forest.score(test tokenized, test labels))

Test score: 0.687889077532541
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R eviews Sentiment Analysis using Python

e ol oYl Loy B s suelpol (dating) wlides ST usl 4 Tinder
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import pandas as pd

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

import re

from nltk.corpus import stopwords

import string

data = pd.read csv("tinder google play reviews.csv")
print (data.head())

reviewId userName \
gp:ADgpTOF5m-nY12XsKX00IG-ZQtyvmjwKEp43ILLrhBS. . . Kreg Smith
gp:AOqpTOFMaTI6M]-6hrp6ZI9gUSfzeVZQAILugbFelxR. . . R.W.

gp:ADqpTOGtOLCAxZZzULNT8t1lykvQHfOuhW70J@MScukLj... Benjo cantor
gp:A0qpTOGcid22sko@XyvhV1kSpbdKUzx5Q1SIi5L10ve. .. Chris Plata
gp:ADqpTOGZzA28eNWEQUMBedTHGQTdE0U7Qy48pUcBT-X. . . Dave Midas

B W N B O

userImage \
https://play-1h.googleusercontent.com/a/AATXAJ...
https://play-1h.googleusercontent.com/a-/AOhl4. ..
https://play-1lh.googleusercontent.com/a/AATXAJ...
https://play-lh.googleusercontent.com/a/AATXAJ...
https://play-lh.googleusercontent.com/a-/AOhl4...

B W N B O

content score thumbsUpCount \

@ Got banned for life don't know why they wen't ... 1 e
1l I don't know why I was banned .. But I m not a... 1 (-]
2 All gays even if your straight .. o & 1 e
3 You have to pay so much to even be seen on thi... 1 a
4 I do not understand how so many people use thi... 2 e


https://www.kaggle.com/datasets/shivkumarganesh/tinder-google-play-store-review
https://www.kaggle.com/datasets/shivkumarganesh/tinder-google-play-store-review

it e e i

reviewlreatedVersion at replyContent replisdit
L] 1¥.8.1 I933-05-31 ReglRssa Makl HaM

KaM DPBI2-B5-21 84:08:14 Mahi hiad
2 1%.6.1 DB23-@5-X1 B4:00:18 Mal KaM
3 KaM T8I2-@5-11 8347158 Mah L]
B 15.8.1 Ja23-95-21 @F:47:51 Makl T

Sdoe V| Gan G w2l Ghm D5 Sy ok SULN e gomd S5V OlellaI b
U (content column) g gowll 5308 J] Laid Flos (Tinder Slaxrl e Jolowd

:dﬂsip.xgigglﬂjzivt5jb=d\>)mocf3J+hr¢ybgeigyugﬁt;$JUjﬁs
data = datal[["content"]]

s gomadl 308 LI 023 Ll SIS L g 5 oY) Lo
data.isnull () .sum()
103 paolly SIS A AL il I 5 e Ual (g pomall 300 s 50
data = data.dropna()
Lle pxo La L(sentiment analysis) el Jl>d daged UL oda e oY Les
nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
stopword=set (stopwords.words ('english'))

def clean (text):

text = str (text) .lower()
text = re.sub('\[.*2\]"', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?2>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["content"] = data["content"].apply(clean)

‘Tinder Sl o JoobedV padsiny A LS g5 e 31 2 oY1 Les

text = " ".join(i for i in data.content)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")
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plt.show ()
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nltk.download ('vader lexicon')
sentiments = SentimentIntensityAnalyzer()
data["Positive"]

[sentiments.polarity scores (i) ["pos"] for i

in data["content"]]
data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["content"]]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["content"]]
data = data[["content", "Positive", "Negative", "Neutral"]]
print (data.head())
content Positive Negative \

@ got ban life dont know wont tell help way read... 9.231 8.225

1 dont know ban allow use tinder henceforth did... 9.371 9.l1es

2 gay even straight & &4 & ©.800 e.00e

3 pay much even seen app girl ever talk back bet... 8.229 @.128

4 understand mani peopl use app im mean ugli ive... 8.000 8,225

Neutral

] ©.544

1 e.521

2 1.e00

3 8.642

4 e.775

- - . . kS . . - .. LA R < .
o bl Slidel) 3LobedYl ety S LSl ¢ 5 e 3, 36 o) Les
:Tinder

positive =' '.join([1i for i in
data['content'] [data['Positive'] > data["Negative"]]1])
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stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (positive)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')
plt.axis ("off")

plt.show()
ey lol ™ gte good el eatur Ay
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negative =' '.join([i for i in
data['content'] [data['Negative'] > data["Positive"]]1])
stopwords = set (STOPWORDS)
wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (negative)
plt.figure( figsize=(15,10))
plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")
plt.show ()
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x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral @ ")
sentiment score(x, y, z)

Neutral &
Sl o Sl Ao 8,055 AL Bses ylons DUl (padiinoll Jans LS U
eleadl

print ("Positive: ", x)
print ("Negative: ", vy)

print ("Neutral: , Z)

Positive: 158277.422@0002735
Negative: 59438.14199999961
Neutral: 314250.348993971@6

2 b edbea) plans Of SR Sy (el o 20 ST ool (o5 LS
.Tinder

uﬂj.l.oﬂ

Tinder obarlye jelie o Tinder doge S L Sy I dn bl a ol

el ol ot Loy el suelpedl wlidss ST aT a0l plisenl

Tinder goberl o)l Lo o JUadl 1 ool 5 0585 0F ol 8 Les Slslazal
:)J\..,a_g.ﬂ

https://thecleverprogrammer.com/2022/05/24/tinder-reviews—

sentiment-analysis-using-python/
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R eviews Sentiment Analysis using Python
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Hos Les (A Il el oz GTikTok J pells Lol S oo Gy dond
G g Alal s G Gl a5 goes S ol @ pny Lo 8 n0d TikTok ol o
052b plaseal TIKTok @yl jeliall Lo doge Jo Slalb]

09U laaiwl TikTok wlealyol yelitodl JulAj

oro oLl o) TIKTok wlar o doged s Lgastsend 1 UL i sazes 35 o2
L5 ek .Google Play 2w e TikTok wle i e L}.AH Qlerex o5 Kaggle
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import pandas as pd

import matplotlib.pyplot as plt

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from nltk.corpus import stopwords

import string

import re

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")

data = pd.read csv("tiktok.csv")
print (data.head())

content score thumbsUpCount \

e Good 5 e
g 1 Awesome app! Too many people on it where it's ... 5 -]
2 2 Not bad 5 e
2 3 It is good 2 e
2 4 Very interesting app 5 ]
4q

reviewCreatedVersion at replyContent repliedAt

e 23.8.4 2022-84-05 23:18:30 NaN NaN
e 1 NaN 2022-84-05 23:18:21 NaN NaN
1 2 23.9.5 2022-84-85 23:17:34 NaN NaN
2 3 22.2.5 2022-84-05 23:17:04 NaN NaN
R 22.1.5 2022-84-85 23:17:04 NaN NaN
a4 ..

oem G- =45 Sz coda OULIN e gazead _;;EI\ (impressions) wlellaiyl b
Izl (content) s sovodl (23 goe J| las gl (TikTok Slas o) sdasYl


https://www.kaggle.com/datasets/shivkumarganesh/tiktok-google-play-store-review
https://www.kaggle.com/datasets/shivkumarganesh/tiktok-google-play-store-review/download

i g e il

8 gl piiy Ladd o senll i & B DUl de pazes 0000 Lo S ¢(score)
TikTok eyl Juoss M- oo (5,51

data = data[["content", "score"]]
print (data.head())

content score

e Good 5
1l Awesome app! Too many people on it where it's ... 5
2 Not bad 5
3 It is good 2
4 Very interesting app 5
14,1 o3 gl e g gom (o 5ol ia e T O3 L 6 5 oY Les
print (data.isnull () .sum())

content 4

score e

dtype: inte4
FEUS e dal 5 251 ) s L .L;W\;wg;agums@jﬂuwis

data = data.dropna()

Sy Gadl cilas Lo oy b elial o daged UL oh)@@@\ Les
(S sowadl

stopword=set (stopwords.words ('english'))
def clean(text):

text = str (text) .lower()
text = re.sub('\[.*2\]"', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["content"] = data["content"].apply(clean)
Google < Je TikTok J i guaedl @ilocil & ol ol e 5 k5 b oY Les

:Play

ratings = data["score"].value counts()
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numbers = ratings.index
quantity = ratings.values
import plotly.express as px
figure = px.pie(data,
values=quantity,
names=numbers, hole = 0.5)
figure.show()
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text = " ".join(i for i in data.content)
stopwords set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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:TikTok
nltk.download ('vader lexicon')
sentiments = SentimentIntensityAnalyzer ()
data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i

in data["content"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["content"]]

data["Neutral"] = [
in data["content"]]
data = data[["content", "Positive", "Negative", "Neutral"]]
print (data.head())

sentiments.polarity scores (i) ["neu"] for i

content Positive Negative \

e good 1.000 e.e

1l awesom app mani peopl easier fb girl awesom gu... 9.381 e.e

2 bad ©.000 1.e

3 good 1l.000 0.8

4 interest app e.75e e.e
Neutral

e 0.000

1 0.619

2 0.000

3 ©.000

4 e.250

S bl Sl GUL il getiy 1 Sl g5 s 500 A5 oY) Leo
:TikTok

positive =' '.join([i for 1 in

data['content'] [data['Positive'] > data["Negative"]11])
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white") .generate (positive)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()
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negative =' '.join([i for i in

data['content'] [data['Negative'] > data["Positive"]]1])
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white") .generate (negative)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

import nltk

import re

from nltk.corpus import stopwords

import string

data = pd.read csv)

id conversation_id created_at date time \
@ 1.502530e+18 1.502260e+18 2022-03-12 ©6:03:14 UTC 3/12/2022 6:03:14
1 1.582538e+18 1.582530e+18 2022-083-12 ©6:083:14 UTC 3/12/2022 6:03:14
2 1.58253@e+18 1.582530e+18 2022-03-12 06:03:13 UTC 3/12/2022 6:03:13
3 1.58253@e+18 1.502210e+18 2022-083-12 06:03:12 UTC 3/12/2022 6:83:12
4 1.582538e+18 1.580440e+18 2022-03-12 06:03:12 UTC 3/12/2022 6:83:12

timezone user_id username \
] @ 2.819880e+07 redcelia
1 ® 2.275356e+08 ece_eff
2 © 8.431317e+07 mistify_ea7
3 @ 9.898620e+17 reallivinghuman
4 9 1.164540e+18 rpcsas


https://www.kaggle.com/towhidultonmoy/russia-vs-ukraine-tweets-datasetdaily-updated
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name place ... geo source user_rt_id \

-] Johnson Outua eurmar @ % #NeverVoteTory NaN ... NaN NaN NaN

1 Wearing Masks still saves lives uamcfl & 8 NaN ... NaN NaN NaN

2 Brian ¥ NaN ... NaN NaN NaN

3 Basha NaN ... NaN NaN NaN

4 RenJon  NaN ... NaN NaN NaN
user_rt retweet_id reply_to \

e NaN NaN [{'screen_name': 'RussianEmbassy', 'name': 'Ru...

1 NaN NaN [1

2 NaN NaN [1

3 NaN NaN [{'screen_name': 'RussianEmbassy', 'name': 'Ru...

4 NaN NaN [{'screen_name': "IsraeliPM', 'name': 'Prime M...
retweet_date translate trans_src trans_dest

e NaN NaN NaN NaN

1 NaN NaN NaN NaN

2 NaN NaN NaN NaN

3 NaN NaN NaN NaN

4 NaN NaN NaN NaN

FSBL A gareod 3as W elad por o By o 3125 A B s
print (data.columns)

Index(['id', 'conversation_id', 'created_at', "date’, 'time', 'timezone’,
'user_id’', 'username', ‘name', 'place’', "tweet', 'language’', 'mentions’,
‘urls', 'photos’', 'replies_count', 'retweets_count', 'likes_count’,
'hashtags', 'cashtags', 'link', 'retuweet', 'quote_url', 'video',
"thumbnail’, 'near', 'geo', 'source', 'user_rt_id', 'user_rt',
'retweet_id', 'reply_to', 'retweet_date', 'translate’', "trans_src’',
'trans_dest'],

dtype='object')

(tweet) 34y 3l s (username) pddwimall pl) dogoll o) stasl B35 J| lais e

z

G JMTJ sdes Yl oda Las ,lala ¢((Janguage) axlly
data = data[["username", "tweet", "language"]]
Y el a2 o3 gl e (s 5o 3has Yl oda o T OIS Lo e 3 055 AL L
data.isnull () .sum/()
username -]
tweet -]

language -]
dtype: int64

o Al Ol sae e ey s Gl A2l o e shes Yl e gl (g 5o Y S
:wélu,:;

data["language"] .value counts()
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en 8812
pt 251
und 158
it 155
in 122
ru 85
hi 55
Jja 52
es 48
ta 23
tr 19
ca 18
fr 16
et 16
tl 15
nl 14
de 13
pl 13
fi 9
ar 9
zh 9
sv 6
uk 6
te ]
mr 5
cs 4
el 4
gu 4
no 3
th 3
kn 3
ro 3
ur 2
or 2
eu 2
ko 2
ht 2
sl 2
bn 1
cy al
ne 1

Name: language, dtype: inté4
o33l o Laodl Jolosd dogod SULIT 0k o s Al M1 ARG ol 3l pans 06 1
ol 5l e (6 A AN ey 5 g0 Il oo 0l oMo 5 Jasl 1 o B30 Lon

nltk.download('stopwords')
stemmer = nltk.SnowballStemmer ("english")
stopword=set (stopwords.words ('english'))

def clean(text):

text = str(text).lower()

text = re.sub('\[.*2\]"', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)
text = re.sub('<.*?>+', '', text)
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text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["tweet"] = data["tweet"].apply(clean)

Sladsdl gl s el el @(wordcloud) ledS Lloew e s k5 3 oVites

I Sldoclly wa,elin 0 S5La cpdll GoledVI 15 e ool il Ghlasead 2SI
sy WSS o

text = " ".join(i for i in data.tweet)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white").generate (text)

plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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wol,xedd (scores

nltk.download('vader lexicon')
sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i

in data["tweet"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
1

]

in data["tweet"
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data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["tweet"]]

data = data[["tweet", "Positive", "Negative", "Neutral"]]
print (data.head())

tweet Positive Negative \

@ russianembassi ft mfarussia jeffdsach csdcolum... 9.877 ©.284

1 kidnap without charg access lawyer putin russi... 9.000 ©.008

2 much western civil everyon feel compel find cr... 9.144 ©.259

32 russianembassi love place ill visit sure next ... 9.291 8.126

4 israelipm iaeaorg didnt know state israel advi... 9.800 ©.000
Neutral

] ©.639

il 1.080

2 0.596

3 ©.583

4 1.000

el 553 SoledV Lpsdsey S Bt SV LS e 5k ab oY1 Les
b))

positive =' '.join([i for 1 in data['tweet'][data['Positive']
> data["Negative"]]])

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,

background color="white") .generate (positive)

plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')

plt.axis ("off")

plt.show()
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negative =' '.join([i for i in data['tweet'][data['Negative']

> data["Positive"]11])
stopwords = set (STOPWORDS)
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wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (negative)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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R eviews Sentiment Analysis using Python
o ot Loy SO 8ll) e L] gl IS, A3l e 8415 » Flipkart
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/flipkart reviews.csv")

print (data.head())

Product_name ... Rating
Lenovo Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ... 5
Lenovo Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ...
Lenove Ideapad Gaming 3 Ryzen 5 Hexa Core 5600... ...
DELL Inspiron Athlon Dual Core 3@50U - (4 GB/2... ...
DELL Inspiron Athlon Dual Core 3@50U - (4 GB/2... ...

BN RO

[5 rows x 3 columns]
oda o 1O Lo o3l Ak Lo Jaks skl B8 o odn SULII e gorms (5 500
fYrTS;lenrvéggp‘éJ;>g syl

print (data.isnull () .sum())

Product_name ]
Review ]
Rating ]

dtype: inté4


https://raw.githubusercontent.com/amankharwal/Website-data/master/flipkart_reviews.csv
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import nltk

import re

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):

text = str (text).lower()

text = re.sub ('\[.*2\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["Review"] = data["Review"].apply(clean)

Flipkartcilealyod jelitodl Judaji

JSlees A slinaadl e ©ULIL Lol (Rating column) «iiwasll s ses (g 5ov
Wty A loenall iy (ot (ams o3 84S e 3 10 3 Uges U ol s
: Flipkart ;e

ratings = data["Rating"].value counts()
numbers = ratings.index
quantity = ratings.values

import plotly.express as px
figure = px.pie(data,
values=quantity,
names=numbers,hole = 0.5)
figure.show()
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text = " ".join(i for i in data.Review)

stopwords = set (STOPWORDS)
WordCloud (stopwords=stopwords,

wordcloud
background color="white") .generate (text(

plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear"')

plt.axis ("off")

plt.show()
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nltk.download('vader lexicon')

sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Review"]]
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data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Review"]]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Review"]]
data = data[["Review", "Positive", "Negative", "Neutral"]]
print (data.head())

Review ... Neutral

best great performancei got around backup bi... ... 0.504
good perfom ... 09.256

great perform usual also game laptop issu batt... ... 9.723

wife happi best product @ ... 9.488

AW N R

light weight laptop new amaz featur batteri 1i... ... 1.000

[5 rows x 4 columns]

:Flipkart wledsy &oleis L}Q:*-?";‘J‘ V.L,u S iS55 e oYl

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive & ")
elif (b>a) and (b>c):
print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &

Tl V1 Seliall Sl Jlaz] o 505 AL Les il Slerl el (line 06 1Y
: Flipkart Olarl o J g s e gall bl Ll

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 923.5529999999985
Negative: 96.77500000000013
Neutral: 1283.68380000000006
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Sentiment Analysis using Python
Ly Goletl ey S Bpod Leleza V1 Lilu gl il 28T uf Twitter dny
03U Uk e g J g Aloenadl ol il o dodal) Bla 6 5550 (61 J g 08T 8L
150 (GH Ll CLZ:.S Js Ul eline load Leslasenl ez g“Jlj (Pfizer vaccine)
dwlis Wil dgh poliadl Jlowd Tvitter ULy de sazes pldbwnal LASH pme by 5 oS
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/vaccination tweets.csv")

print (data.head())

id user_name ... favorites is_retweet
@ 1348539111571516416 Rachel Roh ... e False
1 1338158543359250433 Albert Fong ... 1 False
2 1337858199140118533 elilTEu sce e False
3 1337855739918835717 Charles Adler ... 2129 False
4 1337854064604966912 Citizen News Channel ... e False

[5 rows x 16 columns]

o Sl e g SIS L e 5 A Les 58 eda UL e pomes 06 1
\IHZ&«)L&

data.isnull () .sum()


https://raw.githubusercontent.com/amankharwal/Website-data/master/vaccination_tweets.csv

i e st

id e
user_name e
user_location le3e
user_description 11
user_created e
user_followers e
user_friends e
user_favourites e
user_verified -]
date e
text e
hashtags 1949
source 1
retweets e
favorites e
is_retweet e

dtype: int64

bloy o Blisl) eliall Jlod doge o 555 o) BIBI1 ol odin Of a2 1 e
Il 3 S SLL A o 0V I 13 e (5505 I Gsiall Blinly o gl o5l

data = data.dropna()

id wuser_followers ... retweets favorites
count 4.749000e+03 4.749000e+83 ... 4749.000000 4749.000000
mean 1.355333e+18 5.069683e+04 ... 1.545378 9.385555
std 1.280104e+16 3.545448e+05 ... 13.395572 55.280915
min 1.337728e+18 ©.0020002+00 0.eoo000 ©.eeo000
25% 1.344929e+18 1.7400808e2+02 0.eoe000 ©.ee0008
5e% 1.352030e+18 6.4808000e+02 @.ee0000 1.eee000
75% 1.364940e+18 2.728000e+083 ... 1.e00008 5.8e00008
max 1.384788e+18 1.371493e+87 ... 678.800000 1979.000000

[8 rows x 6 columns]

ol e S5 &Y oda UL Ao pares d85me RT (text column) edl 5see dn
Ll e (g gou <Y o2l 3 see slde] Cow SO 550 W Jd Twitter pddem
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import nltk

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean(text):
text = str(text).lower ()
text = re.sub('\[.*2\]', '', text)
text = re.sub('https?://\S+|www\.\S+', '', text)
text = re.sub('<.*?>+', '', text)
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text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["text"] = data["text"].apply(clean)

SIS Gl . aill 5508 $(word cloud) S Lloew e 3 k5 Ak Les OV
Gl BV ladsTls o8 Jases Golaead 5N lalSI1 i 5 UL ) gas a5

text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()

ait pflzerblontech

second dose

thank
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i first dose

oSas Al «(hashtags column) psw ) 3 yee GlalSIl Llww Jo 3,00 AL oY1 Lies
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text = " ".join(i for i in data.hashtags)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()
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coronavirus'

vaccine'
PfizerBioNTech' vaccine’

PfizerBioNTech' CovidVaccine'

COVID19 "%

CovidVaccine' PfizerBioNTech' &
vID19Va - -

et o Gl 03 43 OSTI3] Lo UL e gozes 3 (user verified) ssae gl
dale dased ga Twitter Lo 35 yoll pidennad) Y (aT Twitter dawly V‘éj‘j 1S5l !
e GR) (5 Ul padsndl sde e 3l AL Lges U 5 et Bnased 5l

:,ﬁucwdyﬁs‘j\)suwmj
data["user verified"].value counts()

False 4169
True 58e

Name: user_verified, dtype: inté&d

sde True pghys ege Aol o o (ol radscnedl sde False gl odlel 21591
DRl A eladdl o dege | s oV Les age Gawll o3 ) el
fdoos (Positive) doase Ll Lo edns SULII de gazes Js 3 5kasl 836 L sl

el s gee (@,eladl Sl s Cle W e (Neutral) suple s (Negative)

nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text ... Neutral
-] folk said daikon past could treat cytokin stor... ... 0.748
2 coronavirus sputnikv astrazeneca pfizerbiontec... ... 1.0e0
6 bit sad claim fame success vaccin patriot comp... ... 0.481
g covidvaccin state start get monday us say pak... ... 1.0
1® death close mark million peopl wait pfizerbio... ... 0.698

[5 rows x 4 columns]
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x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment_score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral =

U3 aible G IS b o 50 AL Les aloes ppaddunnall o1 tans 318 UL
izt 6 J) Joo sl

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 417.81600000000003
Negative: 188.81200000000024
Neutral: 4142.3756000000055

(oIS 22300 O] J A Loy AU sl o 28T T oLl byl ¥l sezese
e 5l 018 B g0 Yy 536 il el S OIS
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Omicron Sentiment Analysis using Python

ESCUNYUPYOFI /P CUNES v R N SRS [ S OV W0 e (A
3 sy . Omicron gl ade Sl Gl e 5 eeS (B.1.1.529 (coronavirus)
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05k plsealy Omicron pelie Jolos dags o Ealbsl G gon (W)
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import pandas as pd
import seaborn as sns
import matplotlib.pyplot as plt
from nltk.sentiment.vader import SentimentIntensityAnalyzer

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data = pd.read csv("omicron.csv")
print (data.head())

id user_name ... favorites is_retweet
© 1485693385888323591 Abaris ... -] False
1 1465693062999412746 GFTs B ... a False
2 1465690116442279942 Herbie Finkle (Cozy) ... 1 False
3 1465689607165591552 Electrical Review ... e False
4 1485688283709464578 BingX Academy [ 2 False

[5 rows x 16 columns]

G50 odn DL i yazes COSTI3) Lo o 3 15 AL Les (a5,0S 0dn ULII e gazes
N EES PSP

print (data.isnull () .sum())


https://www.kaggle.com/gpreda/omicron-rising
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id -]
user_name e
user_location 4438
user_description 1278
user_created e
user_followers e
user_friends (-]
user_favourites (-]
user_verified e
date e
text ]
hashtags 4374
source e
retweets (-]
favorites e
is_retweet e

dtype: int64

DL pAlas s ULy o (5 500 kel B LI 13 e SULII e porme (g 505
PG | e (00 ) O shall e

data = data.dropna()

Omicron jgaioJ yclitodl JulAj
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import nltk

import re

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text) .lower()
text = re.sub ('\[.*2\]"', '', text)
text = re.sub('https?://\S+|www\.\S+', '', text)

v
1

(

text = re.sub('<.*?>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
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data["text"] = data["text"].apply(clean)

d(word cloud) Slls)l Gloew Jo 355 oY1 5hlb ol 5 e Cadiz Lad LY [
e 30 ol ey 1 OIS a site ST o3 oy 2 el s pos

text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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text = " ".join(i for i in data.hashtags)
stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white") .generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show()
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nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text Positive Negative Neutral

@ skynew told id back omicron "odium medicum ins... 8.16 0.000 @.848

1 someon told octob omicron @.e0 0.008 1.000

3 autom system becom increas complex effort test... e.ee 0.800 1.000

5 digitaldisrupt emerg technolog stay privat inv... e.ee 0.000 1.000

7 fatigu head bodi ach occasion sore throat coug... e.ee 0.172 8.828

: Omicron ypee Jg bl olams Jxd 5, O S 65 byen OV

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &

e J g Slashas 055l 1518 LobesVI OF ony Las ilons oL (Jame c0l8" UL
Aho ST Lol el ch BHline oye Y, Omicron
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Sentiment Analysis using Python

LT Bl &y oYl sy S ooVl ol ol olats dol ga Twitter
N Ol (635 Lo jased 6T U= Twitter e &8 223k BLat (55 g o250 T I
Jelos o) BASTE pmo sy 5 oS 15] Slee VI GEUS sy s ) ol 1 e e g
Aliadl oda 3.2l Ll Vel odgs (Twitter Je (sentiment analysis) ,liel
05U plaseal Twitter e eliad) o dags e Salbl G 5

Twitter (L jclitodl JulAj

s 2w (natural language processing) ol &l dodlas doge poliodl o
I B3 As8kall GoShleall olie 23,0 slaa¥l Jol il oy Slats oo
Jeboss Ghais S jamed O o U el R8BI 0655 boks 2 e Loan o
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import pandas as pd

import numpy as np

from sklearn.feature extraction.text import CountVectorizer
from sklearn.model selection import train test split

from sklearn.tree import DecisionTreeClassifier

import re

import nltk

import nltk

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/twitter.csv")

print (data.head())


https://thecleverprogrammer.com/2021/06/26/best-python-libraries-for-sentiment-analysis/
https://raw.githubusercontent.com/amankharwal/Website-data/master/twitter.csv
https://raw.githubusercontent.com/amankharwal/Website-data/master/twitter.csv
https://raw.githubusercontent.com/amankharwal/Website-data/master/twitter.csv

i e st

Unnamed: @ count hate_speech offensive_language neither class \

-] a 3 e -] 3 2

1 1 3 e 3 e 1

2 2 3 -] 3 -] 1

3 3 3 e 2 1 1

4 4 6 e 6 e 1
tueet

@ !!! RT @mayasolovely: As a woman you shouldn’t...

1 11111 RT @mleewl7: boy dats cold...tyga dwn ba

2 111t RT @UrKindOfBrand Dawg!!!! RT @8@sbaby

3 1INl RT @C_G_Anderson: @viva_based she lo

4 11rirnrirrell RT @ShenikaRoberts: The shit you

zbow Aol w0l e odhel ULV e sazes (Eweet column) s &l 5 sas 6 s
il e oy (Gl el (S0 A2k B Silaedl el Lo Lgalitbel )
a1 e 2SI e (g g by el e 0Y (o Y1 Aol 5 g0 15 el e 2SN

il 5 gee Calas LiSley oS L) 03] & 5al)

nltk.download ('stopwords')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text).lower ()
text = re.sub('\[.*2?\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["tweet"] = data["tweet"].apply(clean)

ol ,xdl sl (sentiment scores) ,elindl Wl Olus LU & glasdl oY
sdslows ol (Negative) adw 3 (Posetive) isb) il e ol xl ded S
ol ) (@ elaedl Ol s Cles £48 e) . (Neutral)

from nltk.sentiment.vader import SentimentIntensityAnalyzer
nltk.download('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["tweet"]]
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data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["tweet"]]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["tweet"]]
e eliall oo dage £ad Learlow Il UL sda e shesYl L ksl oY
:Twitter
data = data[["tweet", "Positive",
"Negative", "Neutral"]]

print (data.head())

tweet Positive Negative \

e rt mayasolov woman shouldnt complain clean ho... 8,147 @.157

1 rt boy dat coldtyga dwn bad cuffin dat hoe ... @.000 ©.2808

2 rt urkindofbrand dawg rt ever fuck bitch sta... 2.000 8.577

3 rt cganderson vivabas look like tranni @.333 ©.800

4 rt shenikarobert shit hear might true might f... 8.154 .47
Neutral

@ 9.696

1 e.720

2 0.423

3 9.667

4 @.440

el ol ) Gb s ol xl) sl B gl 2SI Citnandl e 5 020 b oY Les

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive ")
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &

Les oV ke Vs Lol o Wl o Lo c(neutral) slowe by il plane 06 1)
Heliadl ol Jla] Jes ks 4l

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 2830.036000000809
Negative: 7201.820999999922
Neutral: 14696.887999999733
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https://thecleverprogrammer.com/2021/09/13/twitter-sentiment-

/analysis-using-python
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Sentiment Analysis using Python

oo Netflix Jo B (55,41 28T e suxly Ul (squid game) ol dnd d
ol Gl Lsalay I3 on s Al ol aley o cpll oV of T sl
B ey 5 oS3 G L elazar VI ool sl Jlass e cppdalanadl ol )Ts o151 o U3 L
NEPWRHEN N Lﬁ;.g;u*awu il odgs lodl i Jg bl jelis o 248
050 sl Lol ) jelie o dage IO 5T

0oL olaaiwl juadldue) jelioll JudAj
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import pandas as pd
import seaborn as sns
import matplotlib.pyplot as plt
from nltk.sentiment.vader import SentimentIntensityAnalyzer

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

data = pd.read csv("squid game.csv")
print (data.head())

user_name user_location ... source is_retweet
@ the _indér-ratéd niggah® NaN ... Twitter for Android False
1 Best uncle on planet earth NaN ... Twitter for Android False
2 marcie NaN ... Twitter Web App False
3 YoMo.Mdp Any pronouns wae Twitter Web App False
4 Laura Reactions France ... Twitter Web App False

[5 rows x 12 columns]
(user location) syese Jadl- (3 claxY coda SULII de yared _;;Yl oleldai¥l 3
13 godl da Gt G gon U e liadl o g e 355 Y LT sy
data = data.drop(columns="user location", axis=1)

Y T a2 03 (6T e (550 6Vl Bdes I COSTIB Lo e 3,025 3k o) Les

print (data.isnull () .sum())


https://www.kaggle.com/deepcontractor/squid-game-netflix-twitter-data/download

i e st

user_name 4

user_description 5211
user_created
user_followers
user_friends
user_favourites
user_verified
date

text

source

o O O ® O O ® O O

is_retweet

dtype: intéd

Jebos oge e Lad S35 ) s I o3 e Cal (user description) 3 yes (g sow
Cal s ponll lia Colslo AU el

data
data = data.dropna)

Obodl &a) g 5 gatdeis )] e SULIL de gores B(text) Sadl 3 g0s (g 50u
Uyes A o (6f 13 5 sandl Mia a1 ¢ slazan VI Jol gl 5l o) o T 0lig
el s dagal 5 gandl s j20

data.drop (columns="user description"”, axis=1)

import nltk

import re

nltk.download ('stopwords"')

stemmer = nltk.SnowballStemmer ("english")
from nltk.corpus import stopwords

import string

stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text).lower ()
text = re.sub('\[.*2?\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?2>+"', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '',
text)

text = re.sub('\n', '', text)

text = re.sub ('\w*\d\w*', '', text)

text = [word for word in text.split(' ') if word not in
stopword]

text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' ')]

text=" ".join (text)

return text
data["text"] = data["text"].apply(clean)

SIS &yl sty Lol & £ Gllasennd 25V LS e 5 10 2l oY1 Lo
Glaseud SV LIS (om0 SULIL g 3131 s SIS &lews . (word cloud)
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text = " ".join(i for i in data.text)

stopwords = set (STOPWORDS)

wordcloud = WordCloud (stopwords=stopwords,
background color="white").generate (text)
plt.figure( figsize=(15,10))

plt.imshow (wordcloud, interpolation='bilinear')
plt.axis ("off")

plt.show ()

squidgam netflix® tua
q' Ild endgamel‘m
aqudbdr 5 onesreen llght ed light ..

L 1 00 L,'

|

think ¢hom episod squidgam

_watch squidgam:=

AT sl B3 L casle Hlodl dad dyelaadl o dage J| Jas Les oV
(Neutral) sl s (Negative) dulws (Positive) Lo gs Lol e ol UL de gozes
:0@dl 5 see d(sentiment scores) peliall Ola)s Clus M e

nltk.download('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["text"]]
data = data[["text", "Positive", "Negative", "Neutral"]]
print (data.head())

text Positive MNegative Neutral

@ life hit time poverti strike yougong yoo let ... 8.173 e.les 9.719
1 marbl episod squidgam ruin W & & 0.000 @.487 0.513
2 squidgam time 8.000 ©e.000 1.000
3 blood slideim join squidgam thing im alreadi ... e.142 e.277 9.581
4 two first game player kill mask guy bloodi ni... e.e00 8.461 9.539
x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive C)




i e st

elif (b>a) and (b>c):
print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, 2z)

Neutral &

U3 eladl i S Jlarl o 50 oY) Gl sl cpaitseinall el oane 6 1
izt 6l ) Joo sl

print ("Positive: ", x)

print ("Negative: ", vy)

print ("Neutral: ", z)
Positive: 10604.55899999976

Negative: G5171.334000000031
Neutral: £4233.11800008302

Dbl &l I el dans ) I ey SUU culoa ¥ e 280 31 Ll Il
i)

uai Lol

sl a3 Ol usT  Netflix e Gl [0, 2T e sty Dl lodl dd das
Jo Jal M ol 15 0585 0F Bl elozar W) ol ) iy o cpalaadl el
05k el sladl &) e liadl o
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WhatsApp Chat Sentiment Analysis using Python
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import re

import pandas as pd

import numpy as np

import emoji

from collections import Counter

import matplotlib.pyplot as plt

from PIL import Image

from wordcloud import WordCloud, STOPWORDS,
ImageColorGenerator

# Extract Time
def date time(s):

pattern = "~ ([0-9]1+) (\/) ([0-91+) (\/) ([0-9]1+), ([0-
9]1+) : ([0-9]1+)[ 1?2 (AM|PM|am|pm)? -'

result = re.match (pattern, s)

if result:

return True
return False

# Find Authors or Contacts
def find author(s):
s = s.split(":")
if len(s)==
return True
else:
return False

# Finding Messages
def getDatapoint(line):
splitline = line.split(' - ")
dateTime = splitline[0]
date, time = dateTime.split(", ")
message = " ".join(splitline[l:])
if find author (message) :
splitmessage = message.split(": ")
author = splitmessage([0]
message = " ".join(splitmessage[l:])
else:
author= None
return date, time, author, message

Joris Aoy pased o Lebslous 5l Lolor 3255 DLy A gazes piins S 13 g Y

a3 dage (515 eliadl o deged SBULy slie] e oMo Baoedl JIpll e

Il el WhatsApp oo bl Al SULII shie] keSoy S ] oY1 bl
:oOel 8 Sl

data = []

conversation = 'WhatsApp Chat with Sapna.txt'

with open (conversation, encoding="utf-8") as fp:
fp.readline()



w9LU olaalwl WhatsApp dibaja 9 scbitodl Julaj

messageBuffer = []
date, time, author = None, None, None
while True:
line = fp.readline ()
if not line:
break
line = line.strip()
if date time(line):
if len (messageBuffer) > O0:
data.append([date, time, author, '
.join (messageBuffer) ])
messageBuffer.clear ()
date, time, author, message = getDatapoint (line)
messageBuffer.append (message)
else:
messageBuffer.append(line)

10500 phsaly WhatsApp 43355 jelie o Lty a8 S| oY)

df = pd.DataFrame (data, columns=["Date", 'Time',6 'Author',
'Message'])
df ['Date'] = pd.to datetime(df['Date'])

data = df.dropna /()
from nltk.sentiment.vader import SentimentIntensityAnalyzer

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Message"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i

in data["Message"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["Message"]]

print (data.head())

Date Time Author ... Positive Negative Neutral

© 2020-04-06 12:30 pm Sapna ... K] 0.000  1.000

1 2020-04-06 12:30 pm Sapna ... e.e 0.000  1.000

2 2020-84-86 12:54 pm Aman Kharwal ... 0.8 0.000  1.900

3 2020-04-@6 12:55 pm Sapna ... e.e 9.383  0.617

4 2020-04-86 1:80 pm Aman Kharwal ... e.e 8.000  1.000
x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c¢):
if (a>b) and (a>c):
print ("Positive @ "
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")
sentiment score(x, y, 2z)

Output:
Neutral &
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import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data = pd.read csv("Reviews.csv")
print (data.head())

d  ProductId UserId ProfileName \

© 1 BOGIEAKFGD A3SGXH7AUHUSGL delmartian

1 2 BEBS13GRG4 AIDS7FEZCVESNK dll pa

2 3 BOGALQOCHO  ABXLMWIIXXAIN Natalia Corres "Natalia Corres"

3 4 BEGAUAGQIQ A395BORCEFGVXV Karl

4 5 BOGEK27Z7K AIUQRSCLFSGWIT  Michael D. Bigham "M. Wassir"
Helpful Helpful inator Score Time \

) 1 1 5 1303862400

1 ) o 1 13469760600

2 1 1 4 1219017600

3 3 3 2 1367923200

4 ] e 5 1350777600

Summary Text

® Good Quality Dog Food I have bought several of the Vitality canned d...
1 Not as Advertised Product arrived labeled as Jumbo Salted Peanut...
2 "Delight" says it all This is a confection that has been around a fe...
3 Cough Medicine If you are looking for the secret ingredient i...
4

Great taffy Great taffy at a great price. There was a wid...

Les G sl 3
odn SULII A yores o & shlaadl Sla glaodl Lan o 5,k b
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print (data.describe())

Id HelpfulnessNumerator HelpfulnessDenominator \

count 568454.000000 568454, 000000 568454,00000
mean 284227 .500000 1.743817 2.22881
std 164@98.679298 7.636513 8.28974
min 1.008080 ©.ee00088 ©.eee00
25% 142114. 250800 ©.000000 ©.000800
50% 284227.580000 ©.ee0000 1.000800
75% 426340.750000 2.0000080 2.00000
max 568454 . 020000 866 .000000 923.00000

Score Time
count 568454.008000 5.684540e+05
mean 4.183199 1.296257e+089
std 1.31e436 4.8e4331e+07
min 1.000000 9.393408e+08
25% 4.000000 1.271290e+09
5ex 5.000000 1.311120e+09
75% 5.020000 1.332720e+09
max 5.002000 1.35121@e+09

missing ) 53 siholl wdl| Gher e 550 40 iz 8,8 00 UL s somes 0V (15
8 y2dall Bl Jo (505 A Gphall mar Jo5 Les 1A ((values

data = data.dropna()
Amazon wlaiio wleal o jeliiodl Judni
e Al Slacall e oda SULI &s gazes J(Score column) badl s ee (g 5on
Choall ool e 5 AL byes S oall o g 25 i 2y giel) oSl
rAmazon s gy iy I aw\miygw\rbﬂrﬁf%f%ﬁd

ratings = data["Score"].value counts ()
numbers = ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red"]

plt.figure(figsize=(10, 8))

plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')
fig = plt.gcf ()

fig.gca() .add _artist(central circle)

plt.rc('font', size=12)

plt.title("Distribution of Amazon Product Ratings",
fontsize=20)

plt.show ()
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Distribution of Amazon Product Ratings

s

= Amazon e g dl  oleetall (ol Chal e 25T Gt ol JSCalt G
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sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data["Text"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Text"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Text"]]
print (data.head())

Id ProductId UserIld ... Positive MNegative MNeutral
e 1 BOOlE4KFG@ A3SGXH7AUHUSGW ... @.3e5 a.e00 ©.695
1 2 B@@e813GRG4 ALDE7FEZCVESNK ... a.e00 @.138 0.862
2 3 BeeeLQOCHe  ABXLMWIIXXAIN ... 9.155 9.091 0.754
3 4 BeeeUAeQIQ A395BORCEFGVXV ... 9.000 9.000 1.e00
4 5 B@@BK2ZZ7K ALUQRSCLFBGWIT ... 9.448 0.000 ©.552

[5 rows x 13 columns]

10350l o g 2l S Sl ety bl dans o6 S (6 5 0V Les

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive @& ")
elif (b>a) and (b>c):
print ("Negative ")
else:
print ("Neutral C) ")



i i st

sentiment score(x, y, z)

Neutral &

o bl A Sl o o)l Sl ke tilons (ol came 0555 (U
selidl ol o Szl g5 Les oY . Amazon

print ("Positive: ", x)
print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 189328.1269999992
Negative: 24833.022999959564
Neutral: 4350643.95799998916

O o diulm] Amazon e d-bdl Slowid) izl ol wlane 5] J ol Loy SUA
AL ldl e 25 el saloeadls lou Y elindl Sl s Jlax]

uad loll

RS Bla . Amazon Gl Slazrl e polie Julod L LSley A &l o2 0dis 03]
Lo sadl Gp sdl S Amazon O s Amazon e Slaeiadl 95 s el el e
g Mol 0 S0 Bl oda Jrs sg2rs OB U el (Y55 (sde 63801
Ol Jol . Amazon wlacis Slazl o elie Juloss e L3 13) LLI ¢ 5l Gty Gy e
050 plseabAmazon Sl eliedl oo J g Dl sdas ol 15 0 55

:Janoll

https://thecleverprogrammer.com/2021/07/20/amazon-product-
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BN s i

Hotel Reviews (jgiU go §aio)l clondi jeliio Julai (13
Sentiment Analysis with Python
ool lede Gy pme Bus Gols s ! 5T 55l elad) Gold e Cous Lodis
pUT Ul Gl o bl el Lo 38 pme p Y T ) Cslin G O1ST13] Le 5 e 22
s . Bl wlads Baly ol Lased IS4 20 5013 OV LG Connall e J3 00 Sla

G g Wlaadl oda 3. (sentiment analysis) ,elaedl oo dags 4 u:b S O 52
Hotel Reviews Sentiment) O&dl oleods elin o dege e Elalbl
0L elsenls (Analysis

ugl o §2ill ilowdi jebito T

e s 5o Kaggle o Gotdl o Lo dagad Lpadswnad 1 SULI o gores mor o
S e ladl Lgb 1501 I Golid) Slass J g o5t ois 20000 J g bl
Slarl yoS badb (3 gor o odn UL e sazms (g o D Ml 0 £ 5 ST ST Jos d)
fl.b':wL; BaLl 6l 1 Sl doges TJ...La 1 Ml (Ratings) wleoisy (Reviews)
140y UL e gazea s O sl 0 leo sl ol S (0 o 80

import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data = pd.read_csv("hotel_reviews.csv")
print (data.head())

Review Rating
nice hotel expensive parking got good deal sta... 4
ok nothing special charge diamond member hilte...
nice rooms not 4% experience hotel monaco seat...

unique, great stay, wonderful time hotel monac...

AW N H O
monow N

great stay great stay, went seahawk game aweso...

by gl deLa] 053 M 3 5ke 3 5 Y ool el Dl 5 S ok UL s sores
e el lac s w5 5 o Amg o 8,00 2L L

ratings = data["Rating"].value counts ()
numbers = ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red"]

plt.figure(figsize=(5, 5))

plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')


https://thecleverprogrammer.com/2021/06/28/data-science-projects-on-sentiment-analysis/

. T

fig = plt.gcf ()

fig.gca() .add artist(central circle)
plt.rc('font', size=12)

plt.title("Hotel Reviews Ratings", fontsize=20)
plt.show ()

Hotel Reviews Ratings

5

Gy G s 45 pomd 5 o B3aall Slatsd) a3 V30l plans OF Aamdle Sy
GHI Grdll Slads e 3315 Gyl wlame O] J sl LiSlay codel 8 ST Slial
A dgry o) Gt Sles jelie Lot IS 0 Gl s 01 Lies b |palil
bl Ll e ol SULII e yames J) £3L5| dael B cansle (Suddl Slonis
Fliadl ol Clus D e(Neutral) soleey (Negative) ke s (Positive)

:olewadd (sentiment scores)

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] [sentiments.polarity scores (i) ["pos"] for i
in data["Review"]
data["Negative"]
in data["Review"]
data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i
in data["Review"]]

print (data.head())

[sentiments.polarity scores (i) ["neg"] for i

]
]

Review Rating Positive Positive Negative Neutral

nice hotel expensive parking got good deal sta... 4 0.285 9.285 0.872 ©.643
ok nothing special charge diamond member hilto... 2 2.189 2.189 0.110 0.701
nice rooms not 4* experience hotel monaco seat... 3 0.219 9.219 0.081 9.700
unique, great stay, wonderful time hotel monac... 5 9.385 0.385 0.060 ©.555
great stay great stay, went seahawk game aweso... 5 0.221 0.221 9.135 0.643

5 0 o1 Gl (Sbedsdl e o sly Gl O snd O sds ((reviews) wlagil) G
o ol o 2Ly Galdl Slads Gl (lame (5T, e
x = sum(data["Positive"])

y = sum(data["Negative"])
z = sum(data["Neutral"])



ugil o §2i0)l Wlowd yebito Julnj

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, 2z)

Neutral &

3l A Les oY1 .Gl leas ol (neutral) sbodl Wl wlame aty o JUILs
elaadl Bl e dax
print ("Positive: ", x)

print ("Negative: ", vy)
print ("Neutral: ", z)

Positive: 6359.91600000002
Negative: 1473.475e020200038
Neutral: 12657.627999999937

adiloes Ll e Bl 0 12000 o 25T Caoal o3 ool 35 STl pesleald Gy o JIL

G ol ol 0] I Sy MY olos] T e 2l 12 6000 (o 28T Ciias 055
1500 ¢y J31 L) Slocindl o G Led 150B1 21 Bl ol

wailoll

O3] Lo &b pmed iy b Ll Bl oy jolie o Lo Sy 21 i Ll a0
oo M g3 e dla o1 G Gl e Wbl s ua,u@vr%& l;ﬂulg.w\
O 13} Lo o e Bl Slads ol Jloos dags ad Selus O Sy (U1 o181
Sloe) jeliall o g Dl odn ol 15 085 0F ol Y ol il J Lo Sl
Ok el Bslall

:Janoll

https://thecleverprogrammer.com/2021/07/03/hotel-reviews-

/sentiment-analysis-with-python
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Play Store Sentiment Analysis using Python
el e alidss 51 Jwsdl el ol Cias o (Sentiment analysis) ,elaadl oo
V.EM Hes Lal (neutral) sdslows GL?-B (negative) dwkwy (positive) dvlew|
ot asMes oy L B paed nglods 5l cglie J o Lohes elin &ylocll 2tV
pl] Al § 3 M clglazrl o o Slidanll e Je Google play e (5 50w
Gl .Google play 2 e d-badl ladadl elie o) joliadl Ploed s
05k el Google Play j2s Grelaadl o dage e Gl G g (liadl 0da

Google Play jaio (9 jclitodl J4lnj

S 3 B 013562915 &SI Ll sel) mar e Google Play e e 5 gl (o
5w -Android Joxidl plad e ) Google ol das 2w 5o lis . Android ply
Y SBL o ol Ui o plbenal (o 500 s Ll o o Sl odle o
o Liadl o Gage (oo p o2 Lo ga o ilikad s+ Dol s T kot (ULl s s g
Google Play jzwe (3,eladl Jlod Loge o Salbl G gov colisl ol eldn J 53
Ln e dagodl oda lgasenad ) SULII e gozen 535 o 0 gl ol

woelil plaaiwl Google Play jaio (9 jelivoll Julnj
oo b Lpaasenad ) SULII e s o35 o - BLI! o gazen el 2y Logodl oda Tl
t UL e yazes 35l dagall oda Tuids . Google Play 2w oo Lgros = s Kaggle

from itertools import count

from nltk.util import pr

import pandas as pd

data = pd.read csv("user reviews.csv")
print (data.head())

App ... Sentiment_Subjectivity
® 10 Best Foods for You ... ©.533333
1 1@ Best Foods for You ... ©.288462
2 1@ Best Foods for You ... NaN
3 1@ Best Foods for You ... e.875eee
4 10 Best Foods for You ... e.3eeeee

o3 Sl e g5 sda ULl e gazn SIS Lo e 505 A Les (s el )3
N riab‘}b’u


https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv
https://github.com/amankharwal/Website-data/raw/master/user_reviews.csv

Alioll &) 10 o : pelitod] Julnj

print (data.isnull () .sum())

App e
Translated_Review 26868
Sentiment 26863
Sentiment_Polarity 26863

Sentiment_Subjectivity 26863
dtype: inté4

U1 ) Bl s ULy e sazes sl o 3l (1 1 Gan s (s 5 T3]

data = data.dropna()
print (data.isnull () .sum())

App

Translated_Review

-]
e
Sentiment ]
Sentiment_Polarity ]

-]

Sentiment_Subjectivity
dtype: intéd

Fidder sas] B3 Casle ¢ google play s il o Lol sliall Llowd 5V
idlows s dons Tplows] Ll e ool o IS 0Lt g U35 (0 UL e s

from nltk.sentiment.vader import SentimentIntensityAnalyzer

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores(i) ["pos"] for i
in data["Translated Review"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["Translated Review"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["Translated Review"]]
print (data.head())

App Translated_Review ... Negative Neutral
@ 18 Best Foods for You I like eat delicious food. That's I'm cooking ... ... 8.8 0.466
3 1@ Best Foods for You Works great especially going grocery store e.e ©.549
4 18 Best Foods for You Best idea us ... e.e 8.323
5 18 Best Foods for You Best way e.e 8.192

oo Gl Slidell Jym eSlanll jolia Jo 30 A Les 5T 5 5anS oW,
:(scatter plot) e bhiw eliseul Google play

import matplotlib.pyplot as plt
import seaborn as sns
plt.figure(figsize= (15, 10))
sns.scatterplot (data['Sentiment Polarity'],
data['Sentiment Subjectivity'],
hue = data['Sentiment'], edgecolor='white',
palette="twilight shifted r")
plt.title ("Google Play Store Reviews Sentiment Analysis",
fontsize=20)
plt.show ()
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Google Play Store Reviews Sentiment Analysis
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https://thecleverprogrammer.com/2021/05/31/google-play-store-

/sentiment-analysis-using-python
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Amazon Alexa R eviews Sentiment Analysis using Python

=5 Amazon dawl g b skt o5 Gloendl J) 8dos 43 500 dads- 2 Amazon Alexa
@Il > Alexa J pddiuns O 5:be 40 oo ASTO dr s L o) ST e Jeledl e Sl
130 40 DB el D sy 038 Alexa I (padivinal] oLt Lo 06 1
Uil odgd cAmazon Alexa plidenl uedscunadl jolie o LAS8 00 b 5 oS
plsewly Amazon Alexa el)l Jooo dage I el DL ol G-l il

&

05k

J9UU laailwl Amazon Alexa cilealyo jeliio JulAj

Amazon Alexa Szl o) eliwdl Jow deged Lpaddend Al SULII e gores poz 03
Ol e Ol edl b5 5 5 1 g Slaiall d - ULy e g 5oms Kaggle
050l Wiy wlly desazes 5y gl Lges S L Alexa & S dym el
gallodg) Lpreons 21 iy i

import pandas as pd

import seaborn as sns

import matplotlib.pyplot as plt

from nltk.sentiment.vader import SentimentIntensityAnalyzer
sentiments = SentimentIntensityAnalyzer ()

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Web
site-data/master/amazon alexa.tsv", delimiter='\t')

print (data.head())

rating date variation verified_reviews feedback
e 5 31-Jul-18 Charceoal Fabric Love my Echo! 1
1 5 31-Jul-18 Charcoal Fabric Loved it! 1
2 4 31-Jul-18 Walnut Finish Sometimes while playing a game, you can answer... 1
3 5 31-Jul-18 Charcoal Fabric I have had a lot of fun with this thing. My 4 ... 1
4 5 31-Jul-18 Charcoal Fabric Music 1

) rlon LS5 Lo 8 ned UL B 353 g2 gall ol glrall Lm0 il T
fYrTLﬁﬂrﬁ
print (data.describe())

print (data.isnull () .sum())
print (data.columns)

Al Sle il e (dataset’s rating column) SULI) & yazes iindd 5508 G 5om
oy Ja,é.éi 5 (’EJH oo &= 5 I T e wlies Amazon Alexa geddcune Lgadd
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rating feedback
count 3150.000080 3150.000008
mean 4.463175 ©.918413
std 1.0685e6 0.273778
min 1.0e60000 ©.o00008
25% 4.000000 1.0ee200
5e% 5.0e0000 1.0200200
75% 5.0e0000 1.0200200
max 5.0eee00 1.0ee200
rating e
date e
variation e
verified_reviews e
feedback e

dtype: intéd

Index(['rating', 'date', 'variation', 'verified_reviews', 'feedback'], dtype='object")
o e Al ol il @jjsdbsjléjﬂ Uses CUA el plSall S
:Amazon Alexa

ratings = data["rating"].value counts/()
numbers = ratings.index
quantity = ratings.values

custom colors = ["skyblue", "yellowgreen", 'tomato', "blue",
"red"]

plt.figure(figsize=(5, 5))

plt.pie(quantity, labels=numbers, colors=custom colors)
central circle = plt.Circle((0, 0), 0.5, color='white')

fig = plt.gcf ()

fig.gca() .add artist(central circle)

plt.rc('font', size=12)

plt.title ("Amazon Alexa Reviews", fontsize=20)

plt.show ()

Amazon Alexa Reviews

& U5 Gley Amazon Alexa lses 18 s Moall clane Ol 5 0T ey codlel JSl s
Amazon Alexa Ledsw sldam sNaall wlane o ons 1 1.5 Ll e Ll v
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o5 A Sl ol 3 e (g g Allexa Slaz ol jeliadl Jos dega JI Jas Les oY1
S Sl el ez Jo SULI & gazee G(verified reviews column) Lgw Gis<ll
el e UL ol ) 800 des] s Uges S . Amazon Alexa sdas Lgod
olu> M o (Neutral) sblbes (Negative) dulws (Positive) iolxo] saesl
:(sentiment scores) ! Wl el ol)s

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores (i) ["pos"] for i
in data(["verified reviews"]]

data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i
in data["verified reviews"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i

in data["verified reviews"]]
print (data.head())

rating date variation ... Positive Negative Neutral
e 5 31-Jul-18 Charcoal Fabric 9.692 8.e00 e.3es
1 5 31-Jul-18 Charcoal Fabric 0.807 ©.ee0 @0.193
2 4 31-Jul-18 Walnut Finish 0.114 ©.182 0.784
3 5 31-Jul-18 Charcoal Fabric ©.383 @.e00 @.617
4 5 31-Jul-18 Charcoal Fabric ©.000 8.e00 1.eee

Amazon Alexa sMes r.la.’u R I pladl Ol s sk oYl Les

x = sum(data["Positive"])
y = sum(data["Negative"])
z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):
print ("Positive ")
elif (b>a) and (b>c):

print ("Negative ")
else:

print ("Neutral C) ")
sentiment score(x, y, z)

Neutral &
il plans T omy la (yloes 0555 ade Juams (U1 3ledl 5l 0 ¢ JLIl s
SN oliadl ol s ¢ sazes (6 5 oYl tes . Amazon Alexa Sleds olas sLodb o5 ade
Y

print ("Positive: ", x)
print ("Negative: ", vy)
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print ("Neutral: ", z)

Positive: 1035.4579995999983
Negative: 96.79999999599995
Neutral: 1936.740999939996

100 oo ST Aedl 355 o 1000 oo el dulomally V1 0l 55 0 LSy S
Lgbds e O 58l Amazon Alexa sMas (Ja.u of o Jda

uaaloldl

foren p 43 pliseisly Amazon Alexa Sl po jelin Jlos Ly LiSley Vi Ll o8 0da
e s 0B 10 (W1 Alexa J plseins §scke 40 o 2T Ut 0200
o ol 8 0555 0F 3l DB o el D B g 0 3 S Alexa g (ool
055b sl Amazon Alexa syl Jlos dags J s AlE)
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Elections with Python

a0l sl 5 oY £l 3 SLESYL 5201 248 e Slalble dliall oda b
sy e pdl ol i) ol oty 08T b g IV tl] 3 505 gl oty 3 )
e podl Ao Bl s Bl M) ol il e ske ST e 2y pems L &Ll Geis

o A LB 5l degall eda Blgedsend Al SULI Sl pars por o3
ShSas 0L sy ool 5 WU sl daw JI twitter handles Juils o o dawl o Twitter
L e L] 1 SULI ol gazes o35
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14U SUL Sole sazeany eSSl sl ol 5,0

import pandas as pd

import numpy as np

import seaborn as sns

import matplotlib.pyplot as plt
from textblob import TextBlob
from wordcloud import WordCloud
import plotly.graph objects as go
import plotly.express as px

trump reviews = pd.read csv ("Trumpall2.csv")
biden reviews = pd.read csv("Bidenall2.csv")

f LI 2o gazes oo JoY) dmedd] Gyl e i e 5055 2L 01 Les

print (trump reviews.head())
print (biden reviews.head())

user text
(2] manny_rosen (@sanofi please tell us how many shares the Cr...
1 osi_abdul https://t.co/atM98CpqF7 Like, comment, RT #P...
2 Patsyrw Your AG Barr is as useless & corrupt as y...
3 seyedebrahimi_m Mr. Trump! Wake Up! Most of the comments bel...
4 James@9254677  After 4 years you think you would have figure...

user text
®  MarkHodder3 @JoeBiden And we’ll find out who won in 2026...
1 K87327961G @JoeBiden Your Democratic Nazi Party cannot be...
2 OldlaceA @JoeBiden So did Lying Barr
3 penblogger @JoeBiden It's clear you didnt compose this tw...
4 Aquarian@264 @JoeBiden I will vote in person thank you.


https://github.com/amankharwal/Website-data/blob/master/US%20Election%20using%20twitter%20sentiment.rar

i i st

La sl .0 b GTextblob e plaswnly &I Jailer elaall Loy Tulu (oY1
elaadl Lo el o Gl 5 Golow) Lol o) Jas Citaas el oyl olda

textblobl = TextBlob (trump reviews["text"][10])
print ("Trump :",textblobl.sentiment)
textblob2 = TextBlob (biden reviews["text"][500])
print ("Biden :",textblob2.sentiment)

Trump : Sentiment(polarity=0.15, subjectivity=0.3125)
Biden : Sentiment(polarity=0.6, subjectivity=0.9)
def find pol (review) :

return TextBlob (review) .sentiment.polarity
trump reviews["Sentiment Polarity"] =
trump reviews["text"].apply (find pol)
print (trump reviews.tail())

biden reviews["Sentiment Polarity"] =
biden reviews["text"].apply(find pol)
print (biden reviews.tail())

user ... Sentiment Polarity

2783 4divaé3 ... ©.000
2784 hidge826 ... ©.000
2785 SpencerRossy ... 0.225
2786 ScoobyMcpherson ... 0.ee0
2787 bjklinz ... -0.5ee

user ... Sentiment Polarity
2535 merynl977 ... 0.15
2536 BSNelsonlld ... 9.008
2537 KenCapel ... .00
2538 LeslyeHale ... e.1e
2539 rerickre ... 0.20

Lo I 1= e ladll #5025 Polarity Lbill ya b wgs Lyes (Gt paodl |5 0V
55 ] el Sl Ak el e (g5 (@l OS5 (ool ) o)
il gl Obe ghaall e Ldadl]

okl podl LA (e jeliiodl ulnd il
"Expression Label” el SULIY 26 gozes LIS G50dr done sl OV

trump reviews["Expression Label"] =

np.where (trump reviews["Sentiment Polarity"]>0, "positive",
"negative")

trump reviews|["Expression Label"] [trump reviews["Sentiment
Polarity"]==0]="Neutral"
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print (trump reviews.tail())

biden reviews["Expression Label"] =
np.where (biden reviews["Sentiment Polarity"]1>0, "positive",

"negative")
biden reviews["Expression Label"] [trump reviews["Sentiment
Polarity"]==0]="Neutral"

print (biden reviews.tail())

B3l ped SULI s gammn (o siloadl Llatll Sl3 Sl 3 e Blaul oLl Y
D gy 5250 pn Sah o S il Slles Jany Lol o gl (g5l UL
1285 Y LY

reviewsl = trump reviews[trump reviews['Sentiment Polarity']
== 0.0000]
print (reviewsl.shape)

condl=trump reviews|['Sentiment
Polarity'].isin(reviewsl['Sentiment Polarity'])

trump reviews.drop (trump reviews[condl].index, inplace = True)
print (trump reviews.shape)

reviews2 = biden reviews[biden reviews['Sentiment Polarity']
== 0.0000]
print (reviews2.shape)

cond2=biden reviews['Sentiment
Polarity'].isin(reviewsl['Sentiment Polarity'l])

biden reviews.drop (biden reviews[cond2].index, inplace = True)
print (biden reviews.shape)

FSLLI s sazme D150 | o (Bl izl |5 OV

# Donald Trump

np.random.seed (10)

remove n =324

drop indices = np.random.choice (trump reviews.index, remove n,
replace=False)

df subset trump = trump reviews.drop (drop_ indices)

print (df subset trump.shape)

# Joe Biden

np.random.seed (10)

remove n =31

drop indices = np.random.choice (biden reviews.index, remove n,
replace=False)

df subset biden = biden reviews.drop (drop_indices)

print (df subset biden.shape)

Ebe ¥ eliedlsde o IO pa (AST oW1 LWL 3ol UL Jow Uges oY
el S Ll

count 1 = df subset trump.groupby ('Expression Label') .count ()
print (count 1)

negative perl = (count 1['Sentiment Polarity'][0]/1000)*10
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positive perl = (count 1['Sentiment Polarity'][1]/1000)*100

count 2 = df subset biden.groupby ('Expression Label') .count ()
print (count 2)

negative per2 (count 2['Sentiment Polarity'][0]/1000)*100
positive per2 = (count 2['Sentiment Polarity']([1]/1000)*100

Politicians = ['Joe Biden', 'Donald Trump']
lis pos = [positive perl, positive per2]
lis neg = [negative perl, negative per2]

fig = go.Figure (data=[
go.Bar (name='Positive', x=Politicians, y=lis pos),
go.Bar (name='Negative', x=Politicians, y=lis negq)
1)
# Change the bar mode
fig.update layout (barmode="group')
fig.show ()

50
40
20
20
. |

Joe Biden Donald Trump

W Positive
M MNegative

S35y el 2T ol e a0 sz 0f D il o oSl IS8l
U alaiy ol g o st Wasdl e 0585 o) AU ol 3 WGy B5le Ak 5T
A8 Y1 als I LYl 35580 Cal 5 W ps e 28T
sy &S5 DL 351 85 S J g Jall M ol 18 085 of ]
e bl Jo LIS Jdowll

:Janoll

https://thecleverprogrammer.com/2020/10/01/predict-us-elections-

[with-python


https://thecleverprogrammer.com/2020/10/01/predict-us-elections-with-python/
https://thecleverprogrammer.com/2020/10/01/predict-us-elections-with-python/
https://thecleverprogrammer.com/2020/10/01/predict-us-elections-with-python/
https://thecleverprogrammer.com/2020/10/01/predict-us-elections-with-python/

32 dual Al ol GLili4l gage)

Hate Speech Detection d&ualjall ulhs @GLUAl gagod (17
Model

S Bl JuasV g1l e 5 6l 4T e hate speech dal SO Olas mllaas (gis
Pl e e sl Gased A 5d sl dige A psvins ol ey I Sob T LS
) ST O a3 o i ol 080 o s ol e o6 3185 ks cogiale Lo
Lal S las GLesST 23500 o alblu Bliall oda 35T pa Jole 5l sl S
05y S el el
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e e w5 o RS Ollas (il a8y 3 5a Gl (Say eyl Ay SIS
oged tlly S sliall i) G paind ULy o )5 I o
Twitter by pdselo al S llas- e sl 25 5l
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import pandas as pd

train = pd.read csv('train.csv')

print ("Training Set:"$% train.columns, train.shape, len(train))

(
test = pd.read csv('test.csv')
print ("Test Set:"$ test.columns, test.shape, len(test))

Training Set: (31962, 3) 31962
Test Set: (17197, 2) 17197

ULl @A

Jebll e 8 JKis sl obLl slae] &dese g Data cleaning UL Cales
Bk 51 &y 9,00 055 Y Ay o b S ietall SULI) s Sl G )b o
p3le OV ARSs b s o Sl el G Of Sy o (ULY o e JSCs
10 84b dre oS plisenl UL Cales Lo


https://github.com/amankharwal/Website-data/blob/master/hate%20speech.rar
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import re
def clean text (df, text field):
df [text field] = df[text field].str.lower ()
df [text field] = df[text field].apply(lambda elem:
re.sub(r" (€[A-Za-z0-9]1+) | (["0-9A-Za-=z
\t]) | (\w+:\/\/\S+) | *rt|http.+?", "", elem))
return df
test clean = clean text (test, "tweet")
train clean = clean text(train, "tweet")

dualpall ulias LAl pagoedd dJjlgiloll jué cibldl dalleo

Of dd lgadiund ) S Bl o L ot ) ogodl Gomy Jloir ST13)
b UL e Al dgh 1 s e G 51 dal SO blase dalanedl ol il
.unbalanced data &3 sl
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s S5y Lo sad 055 ULl sle] J] b Aol s G Lol Yl
sl Gl ot oy i o Jalecll Lgaldbinad SeSlay A1 31 po e Sa
3l Y1 A= d.downsampling JIzaY 5l oversampling el d1 3b1 Y1 L
LY 23 e dlza¥) me colie dsl ) S S0 008 Dl pised (bl B
e Sl LSy iS55 Lges RRERN] e ey &4l ez o> minority class

HRE
from sklearn.utils import resample
train majority = train clean[train clean.label==0]
train minority = train clean[train clean.label==1]
train minority upsampled = resample(train minority,
replace=True,
n_samples=len (train majority),
random state=123)
train upsampled = pd.concat ([train minority upsampled,
train_majority])
train upsampled['label'].value counts ()
129720
029720
Name: label. dtvpe: int64
Jluodl 2]

Scikit-Learn ;Lo paswala ] sale] LSl s al S Sllas SL2S| 23 505 Lot
L?-b)m (PR Jn.; SGD s &

from sklearn.feature extraction.text import TfidfVectorizer
from sklearn.pipeline import Pipeline
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from sklearn.feature extraction.text import CountVectorizer
from sklearn.feature extraction.text import TfidfTransformer
from sklearn.linear model import SGDClassifier
pipeline sgd = Pipeline ([

('"vect', CountVectorizer()),

('tfidf', TfidfTransformer()),

("nb', SGDClassifier()),])

aualAall ulas LAl gagod A
DLl e gazen s ol A2 ez JI UL s Lo (3 s0td) s L3 0V

from sklearn.model selection import train test split
X train, X test, y train, y test =
train test split(train upsampled['tweet'],

train upsampled['label'],random state = 0)
:F1 score 4, b plaseals LoVl e goes o pilidl d 205 25 50l ) Les OV
model = pipeline sgd.fit (X train, y train)
y_predict = model.predict (X test)
from sklearn.metrics import fl score

fl score(y test, y predict)

0.9696

OV o ple Sy il Gowiy ol g5 BLI (3096 iy Fl iz s e Loz U
T35 Jom Bl e ool 08 0585 0 il Y1 Jasliscnls 550l i s
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Twitter Sentiment Analysis yigi (lc yeliiodl Judni(18
RER3es ‘_g?_,L“o- JSK8s woldg el Caiual s oo Lles o Twitter e jeliadl Lo

S os onn e sl f g gm0l LIS i ga O3] L oo ol 0 Lo Y ¢yl
Tloes o Clo ol Gilong] (23

Natural &agall & salll dlaodl plisenl 55 e seliall Loy p Lo Blialloda
Ol e nltk 455 pls<wl Language Processing

Hugi GLe pelitodl Junj
sliAoll al il

import numpy as np # linear algebra

import pandas as pd # data processing, CSV file I/O (e.g.
pd.read csv)

from sklearn.model selection import train test split #
function for splitting data to train and test sets

import nltk
from nltk.corpus import stopwords
from nltk.classify import SklearnClassifier

from wordcloud import WordCloud, STOPWORDS
import matplotlib.pyplot as plt

:obldlacgono Jyji

data = pd.read csv('Sentiment.csv')
#Keeping only the neccessary columns
data = data[['text', 'sentiment']]

710 (o )Les Ve gazes Ledly sl A gozes J) UL do gazes ool oy (53 1500
AoV SULI e o o

o el s Ol oo ilowall Oyl et (ol Lol L) dndly
ass Ll Aol ol &l

#Splitting the dataset into train and test set

train, test = train test split(data,test size = 0.1)
#Removing neutral sentiments
train = train[train.sentiment != "Neutral"]

s ol e ol de pazead Bl Lol ol 3l oty aed (AJG §ghsS

Ay Eranzal LS
2l OV ol ol s Iy oy LaYl s ciinatdl ledle e el ciday o U3 da
el il W ol xl ST s LS i im0 0l WordCloud s g


https://thecleverprogrammer.com/wp-content/uploads/2020/06/Sentiment.csv

dlioll &y e :pcliioll Judni

train pos = train[ train['sentiment'] == 'Positive']
train pos = train pos['text']
train neg = train[ train['sentiment'] == 'Negative']

train neg = train neg['text']

def wordcloud draw(data, color = 'black'):
words = ' '.join (data)
cleaned word = " ".join([word for word in words.split ()

if 'http' not in word
and not word.startswith('@"')
and not word.startswith ('#'")
and word != 'RT'

wordcloud = WordCloud (stopwords=STOPWORDS,
background color=color,
width=2500,
height=2000

. ( generate (cleaned word(

plt.figure (1, figsize=(13, 13))

plt.imshow (wordcloud)

plt.axis('off'")

plt.show ()

print ("Positive words")
wordcloud draw(train pos, 'white')
print ("Negative words")

wordcloud draw(train neg)
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tweets =[]

stopwords set = set (stopwords.words ("english"))

for index, row in train.iterrows: ()

words filtered = [e.lower() for e in row.text.split() if
len(e) >= 3]
words cleaned = [word for word in words filtered

if 'http' not in word
and not word.startswith('@"')
and not word.startswith('#')
and word != 'RT['
words without stopwords = [word for word in words cleaned
if not word in stopwords_ set]
tweets.append((words_without_stopwords, row.sentiment))

test pos = test[ test['sentiment'] == 'Positive']
test pos = test pos['text']
test neg = test[ test['sentiment'] == 'Negative']

test neg = Eest_neg[‘text']
S G oo Vsl nltk Tib plasels slamdl Ol el 21wl cnd LIS §shinS
ald) esliadl y Lzl Seall a5

#Extracting word features

def get words in tweets (tweets):
all[] -
for (words, sentiment) in tweets:

all.extend (words)
return all

def get word features(wordlist):
wordlist = nltk.FregDist (wordlist)
features = wordlist.keys(

return features
w_features = get word features(get words in tweets (tweets))

def extract features (document):
document words = set (document)
features{}=

for word in w features:

features['contains(%s)' % word] = (word in document words)
return features

A JU I Sl e S5 Ll 2SN LIS ey ad n s
.debate nights

wordcloud draw (w_features)
sl ollds olpe it cwd nltk NaiveBayes Classifier plasel

el

#Training the Naive Bayes classifier
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training set =
nltk.classify.apply features(extract features, tweets)
classifier = nltk.NaiveBayesClassifier.train(training set)

cinaall adl s ferend AS ol sl (ASS i plibely (D5

neg cnt = 0
0

pos_cnt =
for obj in test neg:
res = classifier.classify(extract features(obj.split()))
if (res == 'Negative') :
neg cnt = neg cnt + 1
for obj in test pos:
res = classifier.classify(extract features (obj.split()))
if (res == 'Positive'):

pos_cnt = pos cnt + 1

print (' [Negative]: %s/%s ' % (len(test neg),neg cnt))
print (' [Positive]: %s/%s ' % (len(test pos),pos_cnt))

1 [Negative]: 842/795
2 [Positive]: 220/74

:Janoll

https://thecleverprogrammer.com/2020/06/13/twitter-sentiment—

[analysis


https://thecleverprogrammer.com/2020/06/13/twitter-sentiment-analysis/
https://thecleverprogrammer.com/2020/06/13/twitter-sentiment-analysis/
https://thecleverprogrammer.com/2020/06/13/twitter-sentiment-analysis/
https://thecleverprogrammer.com/2020/06/13/twitter-sentiment-analysis/

T ot

Movie Reviews Sentiment Analysis roduall culealyo Judai(19
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import numpy as np # linear algebra

import pandas as pd # data processing, CSV file I/O (e.g.
pd.read csv)

import re # for regex

from nltk.corpus import stopwords

from nltk.tokenize import word tokenize

from nltk.stem import SnowballStemmer

from sklearn.feature extraction.text import CountVectorizer
from sklearn.model selection import train test split
from sklearn.naive bayes import

GaussianNB,MultinomialNB, BernoulliNB

from sklearn.metrics import accuracy score

import pickle

s e degedl odgd Lo 2 ULl gazes o35 ASlay

IMDB-Dataset Download DataSEt

data = pd.read csv('IMDB Dataset.csv')
print (data.shape)

data.head ()
review sentiment
0 One of the other reviewers has mentioned that ... positive
1 A wonderful little production. <br /><br />The... positive
2 | thought this was a wonderful way to spend ti... positive
3 Basically there's a family where a little boy ... negative
4 Petter Mattei's "Love in the Time of Money" is... positive

data.info ()


https://thecleverprogrammer.com/wp-content/uploads/2020/05/IMDB-Dataset.csv
https://thecleverprogrammer.com/wp-content/uploads/2020/05/IMDB-Dataset.csv
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1 #Output

-« o [[pandasteonefraneDatarranc!

3 RangeIndex: 50000 entries, @ to 49999
4 Data columns (total 2 columns):

5 # Column Non-Null Count Dtype
6 ——-  —m——m— e oo
7 @ review 50000 non-null object

8 1 sentiment 50000 non-null object
9 dtypes: object(2)
10 memory usage: 781.4+ KB

3(9-.-1“) 05 (x5 1 J eliadl Label encode dand jus o e, (b A N

data.sentiment.value_counts()

1 #Output

2 positive 25000

3 negative 25000

4 Name: sentiment, dtype: int64
data.sentiment.replace ('positive',1l,inplace=True)

data.sentiment.replace ('negative',0,inplace=True)
data.head (10)

review sentiment

0 One of the other reviewers has mentioned that ... 1
1 A wonderful little production. <br /><br />The... 1
2 | thought this was a wonderful way to spend fi... 1
3 Basically there's a family where a little boy ... 0
4 Petter Mattei's "Love in the Time of Money" is... 1
5 Probably my all-time favorite movie, a story o... 1
6 | sure would like to see a resurrection of a u... 1
7 This show was an amazing, fresh & innovative i... 0
8 Encouraged by the positive comments about this... 0
9 If you like original gut wrenching laughter yo... 1

data.review[0]
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#output

One of the other reviewers has mentioned that after watching
just 1 Oz episode you'll be hooked. They are right, as this is
exactly what happened with me.<br /><br />The first thing that
struck me about Oz was its brutality and unflinching scenes of
violence, which set in right from the word GO. Trust me, this
is not a show for the faint hearted or timid. This show pulls
no punches with regards to drugs, sex or violence. Its is
hardcore, in the classic use of the word.<br /><br />It is
called 0Z as that is the nickname given to the Oswald Maximum
Security State Penitentary. It focuses mainly on Emerald City,
an experimental section of the prison where all the cells have
glass fronts and face inwards, so privacy is not high on the
agenda. Em City is home to many..Aryans, Muslims, gangstas,
Latinos, Christians, Italians, Irish and more....so scuffles,
death stares, dodgy dealings and shady agreements are never
far away.<br /><br />I would say the main appeal of the show
is due to the fact that it goes where other shows wouldn't
dare. Forget pretty pictures painted for mainstream audiences,
forget charm, forget romance...0Z doesn't mess around. The
first episode I ever saw struck me as so nasty it was surreal,
I couldn't say I was ready for it, but as I watched more, I
developed a taste for 0Oz, and got accustomed to the high
levels of graphic violence. Not just violence, but injustice
(crooked guards who'll be sold out for a nickel, inmates
who'll kill on order and get away with it, well mannered,
middle class inmates being turned into prison bitches due to
their lack of street skills or prison experience) Watching Oz,
you may become comfortable with what is uncomfortable

viewing....thats if you can get in touch with your darker side.
:oleal ol @il cilghi
.Remove HTML tags HTML <l 415 .1

Remove special characters iwlsJl & >V dl3] .2

.Convert everything to lowercase s o < > J = 5 S Lo .3

.Remove stopwords <23 gl wlIS AN .4

.Stemming G.'b,d\ .5

HTML olollc éJijl .1

def clean(text):
cleaned = re.compile(r'<.*2>")
return re.sub(cleaned,'', text)

data.review = data.review.apply(clean)
data.review[0]
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#output

"One of the other reviewers has mentioned that after watching
just 1 Oz episode you'll be hooked. They are right, as this is
exactly what happened with me.The first thing that struck me
about Oz was its brutality and unflinching scenes of violence,
which set in right from the word GO. Trust me, this is not a
show for the faint hearted or timid. This show pulls no punches
with regards to drugs, sex or violence. Its is hardcore, in the
classic use of the word.It is called OZ as that is the nickname
given to the Oswald Maximum Security State Penitentary. It
focuses mainly on Emerald City, an experimental section of the
prison where all the cells have glass fronts and face inwards,
so privacy 1s not high on the agenda. Em City is home to
many..Aryans, Muslims, gangstas, Latinos, Christians, Italians,
Irish and more....so scuffles, death stares, dodgy dealings and
shady agreements are never far away.I would say the main appeal
of the show is due to the fact that it goes where other shows
wouldn't dare. Forget pretty pictures painted for mainstream
audiences, forget charm, forget romance...0Z doesn't mess
around. The first episode I ever saw struck me as so nasty it
was surreal, I couldn't say I was ready for it, but as I watched
more, I developed a taste for 0Oz, and got accustomed to the high
levels of graphic violence. Not just violence, but injustice
(crooked guards who'll be sold out for a nickel, inmates who'll
kill on order and get away with it, well mannered, middle class
inmates being turned into prison bitches due to their lack of
street skills or prison experience) Watching Oz, you may become
comfortable with what is uncomfortable viewing....thats if you

can get in touch with your darker side'.
Al @ alladljl .2
def is special (text):
rem'' =
for i in text:
if i.isalnum: ()
rem = rem + i
else:
rem = rem' ' +
return rem

data.review = data.review.apply(is special)
data.review[0]

#output

'One of the other reviewers has mentioned that after watching
just 1 Oz episode you 11 be hooked They are right as this is
exactly what happened with me The first thing that struck me
about 0Oz was its brutality and unflinching scenes of violence
which set in right from the word GO Trust me this is not a
show for the faint hearted or timid This show pulls no punches
with regards to drugs sex or violence Its is hardcore in the
classic use of the word It is called OZ as that is the nickname
given to the Oswald Maximum Security State Penitentary It
focuses mainly on Emerald City an experimental section of the
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prison where all the cells have glass fronts and face inwards
so privacy is not high on the agenda Em City is home to many
Aryans Muslims gangstas Latinos Christians Italians Irish
and more so scuffles death stares dodgy dealings and shady
agreements are never far away I would say the main appeal of the
show is due to the fact that it goes where other shows wouldn t
dare Forget pretty pictures painted for mainstream audiences
forget charm forget romance 0Z doesn t mess around The first
episode I ever saw struck me as so nasty it was surreal I couldn
t say I was ready for it Dbut as I watched more I developed a
taste for Oz and got accustomed to the high levels of graphic
violence Not just violence Dbut injustice crooked guards who
11 be sold out for a nickel inmates who 11 kill on order and
get away with it well mannered middle class inmates being
turned into prison bitches due to their lack of street skills or
prison experience Watching Oz you may become comfortable with
what is uncomfortable viewing thats if you can get in touch
with your darker side '

6 ptn @yl Jl el J4 Jygai .3
def to lower (text):
return text.lower ()

data.review = data.review.apply(to lower)
data.review[0]

#output

'one of the other reviewers has mentioned that after watching
just 1 oz episode you 11 be hooked they are right as this is
exactly what happened with me the first thing that struck me
about oz was its brutality and unflinching scenes of violence
which set in right from the word go trust me this is not a
show for the faint hearted or timid this show pulls no punches
with regards to drugs sex or violence its is hardcore in the
classic use of the word it is called oz as that is the nickname
given to the oswald maximum security state penitentary it
focuses mainly on emerald city an experimental section of the
prison where all the cells have glass fronts and face inwards
so privacy 1s not high on the agenda em city is home to many
aryans muslims gangstas latinos christians italians dirish
and more so scuffles death stares dodgy dealings and shady
agreements are never far away i would say the main appeal of the
show is due to the fact that it goes where other shows wouldn t
dare forget pretty pictures painted for mainstream audiences
forget charm forget romance oz doesn t mess around the first
episode i ever saw struck me as so nasty it was surreal i couldn
t say i was ready for it Dbut as i1 watched more i developed a
taste for oz and got accustomed to the high levels of graphic
violence not just violence Dbut injustice crooked guards who
11 be sold out for a nickel inmates who 11 kill on order and
get away with it well mannered middle class inmates being
turned into prison bitches due to their lack of street skills or
prison experience watching oz you may become comfortable with
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what is uncomfortable viewing thats if you can get in touch
with your darker side'

gl Lol &l jl .4

def rem stopwords (text):
stop words = set (stopwords.words ('english'))
words = word tokenize (text)
return [w for w in words if w not in stop words]

data.review = data.review.apply(rem stopwords)
data.review[0]

lodall €aa .5
def stem txt (text):
ss = SnowballStemmer ('english')
return " ".Jjoin([ss.stem(w) for w in text])

data.review = data.review.apply (stem txt)
data.review[0]

data.head ()
review sentiment

0 one review mention watch 1 oz episod hook righ... 1
1 wonder littl product film techniqu unassum old... 1
2 thought wonder way spend time hot summer weeke... 1
3 basic famili littl boy jake think zombi closet... 0
£ petter mattei love time money visual stun film... 1

23g.oJl el
Bag Of Words (BOW) cilodAJl dusda =Ll .1

X = np.array(data.iloc[:,0].values)
vy np.array(data.sentiment.values)
cv = CountVectorizer (max features = 1000)

X = cv.fit transform(data.review) .toarray ()

print ("X.shape = ",X.shape)
print ("y.shape = ",y.shape)
1 #0utput
2 X.shape = (50000, 1000)

3y.shape = (50000,)
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print (X)

#Output
array([[e, @, 0, ..., 0, 8, O],

0, 0,0, ..., 0, 9, 2]])

JUIAI/ cayyad ogund .2

trainx, testx, trainy, testy =

train test split(X,y,test size=0.2,random state=9)
print ("Train shapes : X = {}, y =

{}".format (trainx.shape, trainy.shape))

print ("Test shapes : X = {}, y =

{}".format (testx.shape, testy.shape))

1 #0utput
2 Train shapes : X = (40000, 1000), y = (40000,)
3 Test shapes : X = (10000, 1000), y = (10000,)

Lale wyjailg galoddl wyyci .3

#Output
BernoulliNB (alpha=1.0, binarize=0.0, class prior=None,
fit prior=True)

Juasill pageil JLial aéallg §uiil yuuléo .4

vypg gnb.predict (testx)
ypm mnb.predict (testx)
ypb = bnb.predict (testx)

print ("Gaussian = ",accuracy_ score (testy,ypg))
print ("Multinomial = ",accuracy score (testy, ypm))
print ("Bernoulli = ",accuracy score (testy, ypb))

1 #Output

2 Gaussian = ©0.7843
3 Multinomial = ©.831
4 Bernoulli = ©0.8386

pickle.dump (bnb, open ('modell.pkl', 'wb'))

rev = """Terrible. Complete trash. Brainless tripe. Insulting
to anyone who isn't an 8 year old fan boy. Im actually pretty




i i st

disgusted that this movie is making the money it is - what does
it say about the people who brainlessly hand over the hard earned
cash to be 'entertained' in this fashion and then come here to
leave a positive 8.8 review?? Oh yes, they are morons. Its the
only sensible conclusion to draw. How anyone can rate this movie
amongst the pantheon of great titles is beyond me.

So trying to find something constructive to say about this title
is hard...I enjoyed Iron Man? Tony Stark is an inspirational
character in his own movies but here he is a pale shadow of
that...About the only 'hook' this movie had into me was wondering
when and if Iron Man would knock Captain America out...Oh how I
wished he had :( What were these other characters anyways?
Useless, bickering idiots who really couldn't organise happy
times in a brewery. The film was a chaotic mish mash of action
elements and failed 'set pieces...'

I found the wvillain to be quite amusing.

And now I give up. This movie is not robbing any more of my time
but I felt I ought to contribute to restoring the obvious fake
rating and reviews this movie has been getting on IMDb""".

fl = clean(rev)

f2 = is special (f1l)

£f3 = to lower (f2)

f4 = rem stopwords (£3)

£f5 = stem txt (f4)

bow,words = [],word tokenize (£5)
for word in words:

bow.append (words.count (word) )
#np.array (bow) .reshape (1,3000)
#bow.shape
word dict = cv.vocabulary
pickle.dump (word dict,open('bow.pkl','wb'))

[0]
s 0

:Janoll

https://thecleverprogrammer.com/2020/05/25/movie-reviews-

sentiment-analysis-binary-classification-with-machine-learning/
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Amazon Product Reviews Sentiment Analysis with Machine

Learning
Byl mdl 2l sk & Laal ST Product reviews wloiall Slas o Caoes]
w3 2V e 3l 1 Bl g o plall e il

o Pl oS e i) 3 01 Gtiall Dot e 88l gilar o 0 Sl iy
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import matplotlib.pyplot as plt

import pandas as pd

import numpy as np

import seaborn as sns

import math

import warnings

warnings.filterwarnings ('ignore') # Hides warning
warnings.filterwarnings ("ignore", category=DeprecationWarning)
warnings.filterwarnings ("ignore", category=UserWarning)
sns.set style("whitegrid") # Plotting style
np.random.seed (7) # seeding random number generator

df = pd.read csv('amazon.csv')
print (df.head())

id ... reviews.username

@ AVgkIhwDv8e3D10-lebb ... Adapter
1 AVgkIhwDv8e3D10-lebb ... truman
2 AVgkIhwDv8e3D10-lebb ... DaveZ
3 AVgkIhwDv8e3D10O-lebb ... Shacks
4 AVgkIhwDv8e3D10-lebb ... explore42

[5 rows x 21 columns]

wblbwldcgono wing
data = df.copy ()
data.describe ()


https://github.com/amankharwal/Amazon-Sentiment-Analysis/blob/master/amazon.rar
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count

mean
std
min
25%
50%
75%

max

reviews.id reviews.numHelpful reviews.rating reviews.userCity reviews.userProvince

1.0 34131.000000
111372787.0 0.630248
NaN 13.215775
111372787.0 0.000000
111372787.0 0.000000
111372787.0 0.000000
111372787.0 0.000000
111372787.0 814.000000

data.info ()

<class

34627.000000 0.0
4.584573 NaN
0.735653 NaN
1.000000 NaN
4.000000 NaN
5.000000 NaN
5.000000 NaN
5.000000 NaN

'pandas.core.frame.DataFrame'>

RangeIndex: 34660 entries, © to 34659
columns (total 21 columns):

Data
=

W 00~ O kWP ®

PR R RR R RR R R
WO NGOU R WwWNnERE®

20

Column

id

name

asins

brand

categories

keys

manufacturer
reviews.date
reviews.dateAdded
reviews.dateSeen
reviews.didPurchase
reviews.doRecommend
reviews.id
reviews.numHelpful
reviews.rating
reviews.sourceURLs
reviews.text
reviews.title
reviews.userCity
reviews.userProvince
reviews.username

Non-Null Count
34660 non-null
27960 non-null
34658 non-null
34660 non-null
34660 non-null
34660 non-null
34660 non-null
34621 non-null
24839 non-null
34660 non-null
1 non-null

34866 non-null
1 non-null

34131 non-null
34627 non-null
34660 non-null
34659 non-null
34655 non-null
@ non-null

@ non-null

34658 non-null

dtypes: floaté4(5), object(1e)
memory usage: 5.6+ MB

floatée4d
floate4d
floatesd
object
object
object
floate4d
floatesd
object

0.0

NaN

NaN

NaN

NaN

NaN

NaN

NaN
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wlaiio) asins J ¢gadl JUA 0 name column ouwll agoc GUAL J| glinj
:62g600 doad 7000 Ly U 1A (unique products 62y 38

data["asins"] .unique ()

array([ 'BO1AHBSCN2', 'B@BVINDBIK', 'B@@SPB2TeS', 'B@82Y27P3M',
'BB1AHBSCYG', 'BB1lAHBSC1E', 'Be1J2G4VBG', 'BE@ZVIPXP2',
'BEB83QR4TA', 'BR18Y2250U', 'BOBREQKWGA', 'BE@IOYAM4I',
'B@18Te@75DC', nan, 'B@eDU15MU4', 'Be18Y225IA', 'Bee5PB2T2Q',
'BO18Y23MNM', 'BOOOQVZIDIM', 'BOOIOYSXWQ', 'BOOLO29KXQ',
'B@OQIDU3KY"', 'B@18Y22C2Y', 'BO1BFIBRIE', 'BO1J40RNHU',
'B@18SZT3BK', 'BBEUH4D8G2', 'Be18Y22BI4', 'BEOTSUGXKE',
'BEBLSEPT80,B@1lEGADESU", 'BO18Y23P7K', 'BOGX4WHPSE', 'BEEQFQRELG',
'BEBLWSOXO0IM', 'BBEQL1ZN3G', 'Be189xXyvyeQ', 'Be1BH8300M',
'BEBBFJAHF8', 'BBBU3FPN4U', 'BeEB2Y27PeY', 'BOO6GWOSNE’,
'BOO6GWOSWK '], dtype=object)

asins_unique = len(data["asins"].unique())
print ("Number of Unique ASINs: " + str(asins unique))

#Output— Number of Unique ASINs: 42

:6yaac)l ol ol ciley joi pgin

data.hist (bins=50, figsize=(20,15))
plt.show ()

reviews.id reviews.numHelpful
10 35000

30000
25000
08 20000
15000
10000

5000

66 68 70 7z 74 ] 100 200 00 400 500 600 700 &0
+1.1137278e8

reviews.rating reviews.userCity
004
20000

002
15000
000
10000
-0.02

-0.04

reviews. userProvince

-0.04
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Al (&5 G5 I8 A dded s Dbl oda GOutliers & lanall (o
Sdie L pdomy Lased 50 (e 28T 03

s Cans dla (el ais I RIL) Dl B e LI i o
Anazzes (Y1 Sliatl e 26 5 Sl

Juidlg i GJl wbldl oo
Lo Lol Ol sazesy oyl 4 gazes ) Lo «ULI e gazes 2o OF J3
oLl o Citae (o5 g Bl S

stratified b aomd ol 2] J glovnd (g 5) dobrel Sl ol 1L 0 ks
b UL e caiaddl oy pls Oled) reviews score wlaxl ol d )5 e split
.imbalanced data &3 sl

from sklearn.model selection import StratifiedShuffleSplit
print ("Before {}".format (len(data)))
dataAfter = data.dropna (subset=["reviews.rating"])

#Removes all NAN in reviews.rating
print ("After {}".format (len(dataAfter)))
dataAfter["reviews.rating"] =
dataAfter["reviews.rating"].astype (int)

split = StratifiedShuffleSplit (n splits=5, test size=0.2)
for train index, test index in split.split(dataAfter,

dataAfter["reviews.rating"]) :
strat train = dataAfter.reindex(train index)
strat test = dataAfter.reindex(test index)

Before 34660
After 34627

2 5Y UL

print (len(strat train))

print (len(strat test))

print (strat test["reviews.rating"].value counts()/len(strat te
st))
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27701

6926

5.0 ©.689864
4.0 ©.244738@
3.0 ©.042160
1.0 ©.0114e6
2.0 8.011118

Name: reviews.rating, dtype: floate4d

(wujaill 6cgono) ol LAl
Sl o o8 Yo L:;T —laregular expressions delaiell bl pdsein
il ey SULI ke 55 ) KA Eylan 3 (bl 5 paes

reviews = strat train.copy ()
reviews.head()

id ... Sentiment
4349  AVphgVaXlcnluZe-DR74 ... Positive
30776 AV1YE_muvKc47QAVgpwE ... Positive
28775 AVpidLjVilAPnD_xEVpI ... Neutral
1136  AVgkIhwDv8e3D10-lebb ... Positive
17803 AV1YnRtngl]LPUi8IImV ... Positive

[5 rows x 22 columns]

print (len (reviews["name"] .unique () ),

len (reviews["asins"] .unique()))

print (reviews.info())

print (reviews.groupby ("asins") ["name"] .unique ())
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# Column

e id

1 name

2 asins

3 brand

4 categories

5 keys

6 manufacturer

7 reviews.date

8 reviews.dateAdded

9 reviews.dateSeen

18 reviews.didPurchase
11 reviews.doRecommend
12 reviews.id

13 reviews.numHelpful
14 reviews.rating

15 reviews.sourceURLs
16 reviews.text

17 reviews.title

18 reviews.userCity

19 reviews.userProvince
2@ reviews.username

Non-Null Count
27673 non-null
22268 non-null
27672 non-null
27673 non-null
27673 non-null
27673 non-null
27673 non-null
27659 non-null
19228 non-null
27673 non-null
1 non-null

27257 non-null
1 non-null

27304 non-null
27673 non-null
27673 non-null
27672 non-null
27668 non-null
@ non-null

@ non-null

27671 non-null

dtypes: float64(5), object(16)

memory usage:

#output
Echo (White),,
Echo (White),,

Amazon Fire Twv

199

Amazon Fire Tv,,,
nan

Amazon -
Black
Amazon -

Black

L3}

LX)

Amazon Fire Hd 10 Tablet, Wi-Fi,

Aluminum

199

Amazon Fire Hd 10 Tablet, Wi-Fi,

Aluminum

199

Amazon Tap

Amazon Tap

4.6+ MB

floated
floated
floate4d
object
object
object
floate4d
floated
object

Portable Bluetooth and Wi-Fi Speaker

Portable Bluetooth and Wi-Fi Speaker

16 Gb, Special Offers - Silver

16 Gb, Special Offers - Silver

Amazon 9W PowerFast Official OEM USB Charger and Power Adapter

for Fire Tablets and Kindle eReaders

193
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Amazon 9W PowerFast Official OEM USB Charger and Power Adapter
for Fire Tablets and Kindle eReaders,,

Amazon Kindle Fire 5ft USB to Micro-USB Cable (works with most
Micro-USB Tablets),,

Amazon Kindle Fire 5ft USB to Micro-USB Cable (works with most
Micro-USB Tablets),,

Kindle Dx Leather Cover, Black (fits 9.7 Display, Latest and 2nd
Generation Kindle Dxs),,

Amazon Fire Hd 6 Standing Protective Case (4th Generation - 2014
Release), Cayenne Red,,,
Amazon Fire Hd 6 Standing Protective Case (4th Generation - 2014

Release), Cayenne Red,,,

Amazon Fire Hd 6 Standing Protective Case (4th Generation - 2014
Release), Cayenne Red,,,

Amazon 5W USB Official OEM Charger and Power Adapter for Fire
Tablets and Kindle eReaders
New Amazon Kindle Fire Hd 9w Powerfast Adapter Charger + Micro
Usb Angle Cable
New Amazon Kindle Fire Hd 9w Powerfast Adapter Charger + Micro
Usb Angle Cable,,,

Amazon 5W USB Official OEM Charger and Power Adapter for Fire
Tablets and Kindle eReaders,,,

Amazon 5W USB Official OEM Charger and Power Adapter for Fire
Tablets and Kindle eReaders
Echo (White),,

Fire Tablet, 7 Display, Wi-Fi, 8 GB - Includes Special Offers,
Tangerine"

Echo (Black),,

Amazon 9W PowerFast Official OEM USB Charger and Power Adapter
for Fire Tablets and Kindle eReaders
Echo (Black),,

Echo (Black),,

Amazon Fire Tv

239

LX)

239

IXX)

193

Kindle Dx Leather Cover, Black (fits 9.7 Display, Latest and 2nd
Generation Kindle Dxs),,"

New Amazon Kindle Fire Hd 9w Powerfast Adapter Charger + Micro
Usb Angle Cable

LR}

Echo (White),,, \r\nEcho (White),,,
2318
Amazon Fire Tv,,, \r\nAmazon Fire T, oo
2029
Amazon - Amazon Tap Portable Bluetooth and Wi-Fi Speaker -
Black,,,\r\nAmazon - Amazon Tap Portable Bluetooth and Wi-Fi
Speaker = Black,,,
259

Amazon Fire Hd 10 Tablet, Wi-Fi, 16 Gb, Special Offers - Silver
Aluminum, , ,\r\nAmazon Fire Hd 10 Tablet, Wi-Fi, 16 Gb, Special
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Offers = Silver Aluminum, ,,
106

Amazon 9W PowerFast Official OEM USB Charger and Power Adapter
for Fire Tablets and Kindle eReaders,,, \r\nAmazon 9W PowerFast
Official OEM USB Charger and Power Adapter for Fire Tablets and
Kindle eReaders,,, 28

Kindle Dx Leather Cover, Black (fits 9.7 Display, Latest and 2nd
Generation Kindle Dxs),,
5

Amazon 5W USB Official OEM Charger and Power Adapter for Fire
Tablets and Kindle eReaders,,, \r\nAmazon 5W USB Official OEM
Charger and Power Adapter for Fire Tablets and Kindle eReaders,,,
5

Amazon Fire Hd 6 Standing Protective Case (4th Generation - 2014
Release), Cayenne Red,,, \r\nAmazon Fire Hd 6 Standing Protective
Case (4th Generation - 2014 Release), Cayenne Red, ,,
5

New Amazon Kindle Fire Hd 9w Powerfast Adapter Charger + Micro
Usb Angle Cable,,,\r\nNew Amazon Kindle Fire Hd 9w Powerfast
Adapter Charger + Micro Usb Angle Calole, ;4
5

Amazon Kindle Fire 5ft USB to Micro-USB Cable (works with most
Micro-USB Tablets),,, \r\nAmazon Kindle Fire 5ft USB to Micro-

USB Cable (works with most Micro-USB Tablets),,,
4
Echo (Black),,, \r\nEcho (Black),,,
3
Echo (White),,,\r\nFire Tablet, 7 Display, Wi-Fi, 8 GB - Includes
Special Offers, Tangerine"
1

Amazon Fire Hd 6 Standing Protective Case (4th Generation - 2014
Release), Cayenne Red,,, \r\nAmazon 5W USB Official OEM Charger
and Power Adapter for Fire Tablets and Kindle eReaders,,,
1

Echo (Black),,,\r\nRmazon 9W PowerFast Official OEM USB Charger
and Power Adapter for Fire Tablets and Kindle eReaders,,,
1

New Amazon Kindle Fire Hd 9w Powerfast Adapter Charger + Micro

Usb Angle Cable,,,\r\n
1
Amazon Fire Tv,,,\r\nKindle Dx Leather Cover, Black (fits 9.7
Display, Latest and 2nd Generation Kindle Dxs)",,
1

Name: name, dtype: inté64

bl g 0 Jath Lo oy SUAU 0 elol 4 0 45 0 Sy ASIN S0 sl ST
il slowd ud s e JSC8 ASIN alaiss L ol

fig = plt.figure(figsize=(16,10))

axl = plt.subplot(211)
ax2 = plt.subplot (212, sharex = axl)

reviews["asins"] .value counts() .plot (kind="bar", ax=axl,
title="ASIN Frequency")
np.loglO (reviews["asins"].value counts()) .plot (kind="bar",

ax=ax2,
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title="ASIN Frequency (LoglO Adjusted)”)
plt.show()

ASIN Frequency

2000

ASIN Frequency (Logl0 Adjusted)

[}
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BOOOFQRELG |
BOOVINDE)K - |
BooiovAMA!
BOLBFIERIE |
BOOQLIZN3G |
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BOLJ4ORNHU - |
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BOOLWSXO/M -
B018v226814 |
B00UHADEG2 [N
BOOX4WHPSE - |
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E00LEEPTED B01E6A063. I
soou3FPNey . I
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print (reviews["reviews.rating"] .mean())

asins _count ix = reviews["asins"].value counts().index
plt.subplots (2,1, figsize=(16,12))

plt.subplot(2,1,1)
reviews["asins"].value counts() .plot (kind="bar", title="ASIN
Frequency")

plt.subplot(2,1,2)

sns.pointplot (x="asins", y="reviews.rating",

order=asins count ix, data=reviews)

plt.xticks (rotation=90)

plt.show ()
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ASIN Frequency
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>

review's s

.sentiment

def sentiments (rating) :

5) or
"Positive"

elif rating == 3

(rating =

if

return

return "Neutral"
(rating
return "Negative"
#Add sentiments to the data
strat train["Sentiment"]

2) or

elif

strat_train["reviews.rating"].apply(sentiments)

strat_test["Sentiment"]

strat_test["reviews.rating"].apply(sentiments)

print?strat train["Sentiment"] [

201])

#Ooutput-
4349

Positive
Positive
Neutral

30776

28775
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1136 Positive
17803 Positive
7336 Positive
32638 Positive
13995 Positive
6728 Negative
22009 Positive
11047 Positive
22754 Positive
5578 Positive
11673 Positive
19168 Positive
14903 Positive
30843 Positive
5440 Positive
28940 Positive
31258 Positive

Name: Sentiment, dtype: object

:Janoll

https://thecleverprogrammer.com/2020/05/15/amazon-product-

[reviews-sentiment-analysis-with-machine-learning
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Covid-19 Vaccine Covid-19 eld) olai jeliiodl Judai (21
Sentiment Analysis

L) 54b ST Il el az Gl 3L (COVID-19) bl o el sbs 2
oo g3 rte & pasle Bl 0da G Il ool asr iodons Bylom] b 5535 J] 5]
0L el Covid-19 7l eloss pelindl oo J s UL

Covid-19 pldJ olai yeliitodl JudAi

T Y S SlelesVls Ulaall la ghaedl Y oall wn Gl Ladle V1 il J1 33155 Y 5
(e 550 3. Covid—19 ) Jims| o ol Lo M e ey 25 0 S oLl U
sl o) Covid-19 wla) J g oemedl Sl 3l s J) S b UL
Al el )

By Oppdsnadl iy G Lolainl OISy ras (9 Lo o §,Le Twitter
dny Loy pdsiime Ole 166 oo ST e lgme Oolelings "tweets Sl " s
SV Gl elaza V1 fol 2l il e 225ke (Y SLL B3 Daas Twitter
Lol elial Jdod dages Lol SULY &6 panes & o U LI Lo

Twitter ¢o Covid-19 #lak

Covid-19 alaly déleioll yelitoll Julai Jga el fogle egito
)5 1l O gl SLeSe a5l ol o b e Covid-19 W jelie Lo daga Tl

import numpy as np # linear algebra

import pandas as pd # data processing, CSV file I/0 (e.g.
pd.read csv)

import re

import string

import nltk

import matplotlib.pyplot as plt

import seaborn as sns

sns.set style('darkgrid')

import plotly.express as ex

import plotly.graph objs as go

import plotly.offline as pyo

from plotly.subplots import make subplots

pyo.init notebook mode ()

nltk.download('vader lexicon')

from nltk.sentiment.vader import SentimentIntensityAnalyzer as
SIA

from wordcloud import WordCloud, STOPWORDS

from pandas.plotting import autocorrelation plot

from statsmodels.graphics.tsaplots import plot acf


https://www.kaggle.com/gpreda/pfizer-vaccine-tweets/download
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from statsmodels.graphics.tsaplots import plot pacf
from statsmodels.tsa.seasonal import seasonal decompose
from nltk.util import ngrams

from nltk import word tokenize

from nltk.stem import PorterStemmer

from nltk.stem import WordNetLemmatizer

import random

plt.rc('figure', figsize=(17,13))

by Lol SUL e gazes Aa ) ail) Biendl Brdlaall jany o3l oSl 5,801 3
o) A fad ULy e selaadl Julos sl ) g Lo sy 3l e e (g 500 ol
ZS:«\;U\ &Ua}ij c—L—,ﬂjaﬁ-H

f data = pd.read csv('vaccination tweets.csv')
f data.text =f data.text.str.lower()

#Remove twitter handlers
f data.text = f data.text.apply(lambda

x:re.sub ('@["\s]+',"'"',x))

#remove hashtags
f data.text = f data.text.apply(lambda
x:re.sub (r'\B#\S+',"'',x))

# Remove URLS
f data.text = f data.text.apply(lambda x:re.sub(r"http\s+",
"", X))

# Remove all the special characters
f data.text = f data.text.apply(lambda x:'
'.Join(re.findall (r'\w+', x)))

#remove all single characters
f data.text = f data.text.apply(lambda x:re.sub(r'\s+[a-zA-
Z]\S+'r "r X))

# Substituting multiple spaces with single space
f data.text = f data.text.apply (lambda x:re.sub(r'\s+', ' ',
x, flags=re.I))

Covid-19 glaJ Vander jcliio JulAi

Lable 342 ) Lazenall alasl oy el s VADER J sliall Lo dein
Lol pelaadl dx)s Jo J el (Say .sentiment scores ,elindl Oljys sod
o2l IS JS intensity $4d et S e L2l

J&5 "happy Jaw" ¢ "appreciate ,4&" « "love " Jro SllS — (Jladl L e
0dn Jrod ool Bldl i) S5 Loy US3 VADER sy (Ll G| gt Lonar
SV e S Cal i s Gbs Bl o5Leels "disliked o poes 2" Jo cclolSUI
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e lial)

sid = SIA()

f data['sentiments'] = f data['text'].apply (lambda
x: sid.polarity scores ('

'.Join(re.findall (r'\w+',x.lower()))))

f data['Positive Sentiment'] =

f data['sentiments'].apply(lambda x: x['pos']+1* (10**-6))

f data['Neutral Sentiment'] =

f data['sentiments'].apply(lambda x: x['neu']+1*(10**-6))

f data['Negative Sentiment'] =

f data['sentiments'].apply(lambda x: x['neg']+1*(10**-6))

f data.drop(columns=['sentiments'], inplace=True)
. ".l & E.. JJlCJUI"'” I“I .

plt.subplot(2,1,1)

plt.title('Distriubtion Of Sentiments Across Our
Tweets', fontsize=19, fontweight="bold")
sns.kdeplot (f data['Negative Sentiment'],bw=0.1)
sns.kdeplot (f data['Positive Sentiment'],bw=0.1)
sns.kdeplot (f data['Neutral Sentiment'],bw=0.1)
plt.xlabel ('Sentiment Value', fontsize=19)
plt.subplot(2,1,2)

plt.title('CDF Of Sentiments Across Our

Tweets', fontsize=19, fontweight="bold")
sns.kdeplot (f data['Negative
Sentiment'],bw=0.1,cumulative=True)
sns.kdeplot (f data['Positive
Sentiment'],bw=0.1,cumulative=True)
sns.kdeplot (f data['Neutral
Sentiment'],bw=0.1,cumulative=True)

plt.xlabel ('Sentiment Value', fontsize=19)
plt.show ()

Distriubtion Of Sentiments Across Our Tweets

— Negative Sentiment
Positive Sentiment
10 —— MNeutral Sentiment

00 —

04 06
Sentiment Value
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CDF Of Sentiments Across Our Tweets

10 — Negative Sentiment
Positive Sentiment
—— Neutral Sentiment

-0.2 0.0 02 04 06 08 10 12
Sentiment Value
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#Sorting And Feature Engineering

f data = f data.sort values (by='date')

ft data=f data.copy ()

ft data['date'] = pd.to datetime(f data['date']) .dt.date

ft data['year']
pd.DatetimeIndex (ft data
ft data['month']

'date']) .year

pd.DatetimeIndex (ft data['date']) .month

ft data['day']

pd.DatetimeIndex (ft data['date']).day

ft data['day of year']
pd.DatetimeIndex (ft data['date']) .dayofyear

ft data['quarter']
pd.DatetimeIndex (ft data
ft data['season']

'date']) .quarter
ft data.month%12 // 3 + 1

plt.subplot(2,1,1)
plt.title('Selecting A Cut-Off For Most Positive/Negative
Tweets', fontsize=19, fontweight="bold")

ax0 = sns.kdeplot (f data['Negative Sentiment'],bw=0.1)
kde x, kde y = ax0.lines[0].get data()

ax0.fill between (kde x, kde y, where=(kde x>0.25) ,
interpolate=True, color='b')
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plt.annotate ('Cut-0Off For Most Negative Tweets', xy=(0.25,
0.5), xytext=(0.4, 2),

arrowprops=dict (facecolor="'red',
shrink=0.05), fontsize=16, fontweight="bold")

ax0.axvline (f data['Negative Sentiment'].mean(), color='r'
linestyle="'--")

ax0.axvline (f data['Negative Sentiment'].median(),
color="'tab:orange', linestyle='-")

plt.legend({'PDF':f data['Negative Sentiment'],r'Mean:
{:.2f}"'.format (f data['Negative

Sentiment'].mean()) :f data['Negative Sentiment'].mean(),
r'Median: {:.2f}'.format(f datal['Negative
Sentiment'].median()):f data['Negative Sentiment'].median()})

plt.subplot(2,1,2)

axl = sns.kdeplot (f data['Positive
Sentiment'],bw=0.1,color="green')

plt.annotate ('Cut-Off For Most Positive Tweets', xy=(0.4,
0.43), xytext=(0.4, 2),
arrowprops=dict (facecolor="'red',

shrink=0.05), fontsize=16, fontweight="bold")
kde x, kde y = axl.lines[0].get data()
axl.fill between (kde x, kde y, where=(kde x>0.4) ,

interpolate=True, color='green')
axl.set xlabel('Sentiment Strength', fontsize=18)

axl.axvline (f data['Positive Sentiment'].mean(), color='r',
linestyle="'--")
axl.axvline (f data['Positive Sentiment'].median(),

color="'tab:orange', linestyle='-")
plt.legend({'PDF':f data['Positive Sentiment'],r'Mean:
{:.2f}"'.format (f data['Positive

Sentiment'].mean()):f data['Positive Sentiment'].mean(),

r'Median: {:.2f}'.format (f data['Positive
Sentiment'].median()):f data['Positive Sentiment'].median()})
plt.show ()

Selecting A Cut-Off For Most Positive/Negative Tweets

— PDF
=== Mean: 0.05
Median: 0.00

Cut-Off For Most Negative Tweets




alioll &y ot ¢ peliitodl Julaj 114

— PDF
=== Mean: 0.11
Median: 0.00

Cut-Off For Most Positive Tweets

|-

Senﬂlgiment Stre::gth
tialea]s Ldes [eliadl 28T e Bses OV

Most Positive = f data[f data['Positive
Sentiment'] .between (0.4,1)]
Most Negative = f data[f data['Negative
Sentiment'] .between (0.25,1)]

08 10 12

Most Positive text = ' '.join(Most Positive.text)
Most Negative text = ' '.join(Most Negative.text)

pwc = WordCloud (width=600,height=400,collocations =
False) .generate (Most Positive text)
nwc = WordCloud (width=600,height=400,collocations
False) .generate (Most Negative text)

plt.subplot(l,2,1)

plt.title ('Common Words Among Most Positive
Tweets', fontsize=16, fontweight="bold")
plt.imshow (pwc)

plt.axis('off'")

plt.subplot(l,2,2)

plt.title ('Common Words Among Most Negative
Tweets', fontsize=16, fontweight="bold")
plt.imshow (nwc)

plt.axis('off'")

plt.show ()

Common Words Among Most Positive Tweets

Common Words Among Most Negative Tweets
friends ]

one

good

biontech

(%)
35
o
-
>
©
=
[e]
o
U

everyone

vaccinated

dead
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bl Ldo ot 10 ol e 0 A Les 3]
1 t = Most Positive text

wl dict = dict()

for word in 1 t.split():
w= word.strip ()
if w in STOPWORDS:

continue
else:
wl dict[w] = wl dict.get(w,0)+1
wl dict = {k: v for k, v in sorted(wl dict.items (), key=lambda

item: item[1l], reverse=True) }

1 t = Most Negative text
w2 dict = dict()
for word in 1 t.split():
w= word.strip ()
if w in STOPWORDS:

continue
else:
w2 dict[w] = w2 dict.get(w,0)+1
w2 dict = {k: v for k, v in sorted(w2 dict.items (), key=lambda

item: item[1l], reverse=True) }

top 10 pos list (wl dict.keys()) [:10]
top 10 neg = list (w2 dict.keys()) [:10]

plt.subplot(l,2,1)

w_c = WordCloud (width=600,height=400,collocations =
False,colormap='nipy spectral') .generate(' '.join(top 10 pos))
plt.title('Top 10 Words In Most Positive

Tweets', fontsize=19, fontweight="bold")

plt.imshow (w_c)

plt.axis('off'")

plt.subplot(1l,2,2)

w_c = WordCloud(width=600,height=400,collocations =
False,colormap="'nipy spectral') .generate(' '.join(top 10 neq))
plt.title('Top 10 Words In Most Negative

Tweets', fontsize=19, fontweight="bold")

plt.imshow (w_c)

plt.axis('off")

plt.show ()

Top 10 Words In Most Positive Tweets Top 10 Words In Most Negative Tweets

great

emergency

than vaccline
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ex.imshow (f data[['user followers', 'user friends', 'user favour
ites', 'user verified',6 'Positive Sentiment,'

'Neutral Sentiment', 'Negative

Sentiment']].corr ('spearman'),title="'Spearman Correlation')

Spearman Correlation

1
user_followers
0.8
user_friends 0.6
user_favourites 0.4
0.2
user_verified
Positive Sentiment 0.3
Neutral Sentiment —0.4
-0.6
Negative Sentiment

o

Us, Us, Ug, s, 0.
< g T M, Y, Oy
oy, ong, o, o, Csy sy e
5 Y, . ey Nl iy, C’:a;h
- €, )
(s /o 5'1;-‘&

o352 50 (5,31 handy Aol (6l 50 3L a8 DL T (5 Y el 5 ]
Gl 8 085 0F ol el Cinas 1 el Lol (L Aol SULII e gazes
05L plasels Covid-19 # ) o Iy UL (e 500 J g Dliedl oda

:Janoll

https://thecleverprogrammer.com/2021/01/11/covid-19-vaccine-
sentiment-analysis/
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Facebook Posts Sentiment &guuis culjguitio jelio Julai (22
Analysis

el T atiinadl 03 Seliedl o dags #l5Y 0 50> duas Facebook da
Gl 8Lt &> podbiinally Loy 5l Gl OIS elgmn ¢ 50250 gl S olS] 02
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import pandas as pd

from nltk.sentiment.vader import SentimentIntensityAnalyzer
from nltk.stem import LancasterStemmer, WordNetLemmatizer
from nltk.corpus import stopwords

from nltk.probability import FreqgDist

import re

import unicodedata

import nltk

import json

import inflect

import matplotlib.pyplot as plt
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import json
# load json into python, assign to 'data'

with open('your posts 1l.json') as file:
data = json.load(file)
print (type (data)) # a list
print (type(data[0])) # first object in the list: a dictionary

print (len(data))

<class 'list’>
<class ‘'dict’>
5038

Syl jelie Jdos e (S 2o Ol il e Bl 2l sl JI oY1 s
4035 Bl el el UL 033l

# create empty list
empty lst = []
# multiple nested loops to store all post in empty list
for dct in data:
for k, v in dct.items():
if k == 'data':
if len(v) > 0:
for k i, v. i in v[0].items():
if k i == 'post':
empty lst.append(v i)
print ("This is the empty list: ", empty 1lst)
print ("\nLength of list: ", len (empty lst))
for i in empty lst:
print (i)

Length of List: 2885
Krish Naik created a Video for medEEESEEE Must watch!
Amazing Work by @[106©10286773956:2048:Hritika Aggarwal ]3EE2

o st dasS Gl jall Jo gpo 8B bl el ZL3Y1 e g5 LS
oda 0l 14 (Facebook Je JYI olecdly UL ole J o kais o825 ua) . Facebook
s o1 025 08 oST13] 35S0 s e Sy ST cplezad 80 o] UL

Sl 8 T e edoiss Sy JS5 oS 15501

bl AN
Gl Ly e Ld ) el UL e tokenization ja 2l les ¢l 2l 0V o 3lu
1450

nltk.download('punkt")
nested sent token = [nltk.sent tokenize(lst) for lst in
empty lst]
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# flatten list, len: 3241

flat sent token = [item for sublist in nested sent token for
item in sublist]
print ("Flatten sentence token: ", len(flat sent token))

[nltk_data] Downloading package punkt to /root/nltk_data...
[nltk_data] Unzipping tokenizers/punkt.zip.
Flatten sentence token: 3923

el o Jlsll G el o8l Lis (UL normalize & pd ) 0V b
ASCII & G > G @
RYSCIV NG PPCRCHIN LN S SO
et A odle Gl e
BRI KEW
ol olls e

ol o) UL 311y oSl 5, Sl plgall sar oY Jlso elis] £S5 5 Lo
:Facebook i) siie

def remove non_ascii (words) :
new words = []
for word in words:
new word = unicodedata.normalize ('NFKD', word) .encode (
'ascii', 'ignore') .decode ('utf-8', 'ignore')
new words.append (new word)
return new words

# To LowerCase
def to lowercase (words) :
new words = []
for word in words:
new word = word.lower ()
new words.append (new word)
return new words

# Remove Punctuation
def remove punctuation (words) :
new words = []
for word in words:
new word = re.sub(r'["\w\s]', '', word)
if new word != '':
new words.append (new word)
return new words

# Replace Numbers with Textual Representations
def replace numbers (words) :
p = inflect.engine ()
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new words = []
for word in words:
if word.isdigit () :
new word = p.number to words (word)
new words.append (new word)
else:
new words.append (word)
return new_words

# Remove Stopwords
def remove stopwords (words) :
new words = []
for word in words:
if word not in stopwords.words ('english'):
new words.append (word)
return new words

# Combine all functions into Normalize () function
def normalize (words) :

words = remove non_ascii (words)

words = to lowercase (words)

words = remove_punctuation(words)

words = replace numbers (words)

words = remove stopwords (words)

return words

nltk.download ('stopwords"')
sents = normalize(flat sent token)
print ("Length of sentences list: ", len(sents))

[nltk_data] Downloading package stopwords to /root/nltk_data...
[nltk_data] Unzipping corpora/stopwords.zip.
Length of sentences List: 3866

s 2SN Jasedl o 5,05 Al G g SLLN 0 (3o 53 LSy La (65 By 0V
:Facebook e 5l s2ue GeS5L5T Lo 28T nal

from nltk.probability import FreqgDist
# Find frequency of sentence

fdist sent = FregDist (sents)

fdist sent.most common (10)

# Plot

fdist sent.plot (10)
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Facebook wljguitio jelito Julai :ailaidl 6gaAll

Jeloed 5 e LSl ) piidl iy oSl el el Lo 25,2531 3 lasdl oY)
positive Lolxo 5 neutral sduloes Leliedl ClS13] Lo 2 Facebook e jelinll
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nltk.download ('vader lexicon')

sid = SentimentIntensityAnalyzer ()

sentiment = []

sentiment2 = []

for sent in sents:
sentl = sent
sent scores = sid.polarity scores(sentl)
for x, y in sent scores.items() :

sentiment?2.append ((x, vy))

sentiment.append((sentl, sent scores))
# print (sentiment)

# sentiment

cols = ['sentence', 'numbers']

result = pd.DataFrame (sentiment, columns=cols)

print ("First five rows of results: ", result.head())

# sentiment?2

cols2 = ['label', 'values']

result?2 = pd.DataFrame (sentiment2, columns=cols2)
print ("First five rows of results2: ", result2.head())

[nltk_data] Downloading package vader_lexicon to /root/nltk_data...

First five rows of results: sentence
numbers
7} Rrish naik created a video for me must watch {'neg': 6.0, 'neu': ©.778,

'‘pos': ©.222, 'comp...

1 amazing work by 1000102867739562048hritika agg... {'neg’': €.0, 'neu’: ©.513,
'pos’': 6.487, 'comp...

2 1in this article iall walk you through how to c... {'neg': 6.8, 'neu': ©.833,
‘pos’': ©.167, ‘'comp...

3 machine lLearning full course with python for ... {'neg': @.0, 'neu’: 0.68,
'‘pos': 6.32, 'compou...

4 practice your skills in data science projects ... {'neg': .8, 'neu': 1.8, 'pos':

6.9, 'compound...

First five rows of results2: Label values
2] neg e.e00
neu e.778
2 pos e.222
3 compound ©.256
4 neg e.e000

ol plasebFacebook il piie elin Lo o Blidl sda oo 15 055 0 ol
Db plsenl JYI
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https://thecleverprogrammer.com/2021/01/31/facebook -posts—

/sentiment-analysis
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Movie Rating Analysis (90U polaaiwb odudll @rini Julai (23
using Python

Gals cpaliaadl Gan o5k Lo Bl Lo ¥ e andly a2l 63@9‘ ooz dali
ol ot S Cas Bepdalinal e gl 1 el 6 saaliy WL S iy
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SV glos okl Cinad oo deged il (U LY T L) e o pdalin
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import numpy as np
import pandas as pd

movies = pd.read csv("movies.dat", delimiter='::")
print (movies.head())

2] 10 La sortie des usines Lumiére (1895) Documentary|Short
1 12 The Arrival of a Train (1896) Documentary|Short
2 25 The Oxford and Cambridge University Boat Race ... NaN
3 91 Le manoir du diable (1896) Short|Horror
4 131 Une nuit terrible (1896) Short|Comedy|Horror

el lond (6T e (55005 ¥ 1 oV Sy o gores 3l maly bs a3 oMol 5801 3
RSN LU P Lses U

movies.columns = ["ID", "Title", "Genre"]


https://www.kaggle.com/tunguz/movietweetings/download
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print (movies.head ()

IDp Title Genre
-] 1e La sortie des usines Lumiere (1895) Documentary|Short
1 12 The Arrival of a Train (1896) Documentary|Short
2 25 The Oxford and Cambridge University Boat Race ... NaN
3 91 Le manoir du diable (1896) Short |Horror
4 131 Une nuit terrible (1896) Short]|Comedy|Horror

iratings wlaied) Sl de gazes 35 ool Les Ry

ratings = pd.read csv("ratings.dat", delimiter='::")
print (ratings.head())

1 ell45e8 8 1381006850
© 2 499549 S 1376753198
1 2 13e5591 8 1376742507
2 2 1428538 1 1371307089
SIS 75314 1 1595468524
4 3 12926 9 1590148016

sload 30 Byes A adast sland T e Cal Ciiadll ULy degazes G500 Y
Lol UL o) saeY)

ratings.columns = ["User", "ID", "Ratings", "Timestamp"]
print (ratings.head())

User ID Ratings  Timestamp
2] 2 499549 9 1376753198
1 2 135591 8 1376742507
2 2 1428538 1 1371307089
3 3 75314 1 1595468524
4 3 102926 9 1590148016

e le SULI se pome (50 s Gordla SULIL e parms oty Y1 o 3L
Mo plisel LSty Gl (o Ladl G pne e (50w llls «(ID) G ynaS I mlie 550

data = pd.merge (movies, ratings, on=["ID", "ID"])
print (data.head())

ID Title ... Ratings Timestamp
e 1e La sortie des usines Lumiére (1895) ... 1@ 1412878553
1 12 The Arrival of a Train (1896) ... 1@ 1439248579
2 25 The Oxford and Cambridge University Boat Race ... “as 8 1488189899
3 91 Le manoir du diable (1896) ... 6 1385233195
4 91 Le manoir du diable (1896) ... 5 1532347349

[5 rows x 6 columns]
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a1 eI o il w5 e 3,000 sl Yl p il copinall (6 e o ogn LY
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ratings data["Ratings"].value counts ()

numbers = ratings.index

quantity = ratings.values

import plotly.express as px

fig = px.pie(data, values=quantity, names=numbers)

fig.show ()
| s
m 7
|
|-
10
W s
w4
3
1
2
0

oo meieal J3 e 8 eI e it o5 cedlel (g sl Jalasel) Gy (U
ol IS8 e o5 eI Jans 0l S5l Sy codlel S0

el 10 fuail e 30 Glolb campais dalinall (Say i el 5o 10 031 0¥
pdaliadl |3 e oleds 10 e clia>

data2 = data.query("Ratings == 10")
print (data2["Title"].value counts () .head(10))

Joker (2019) 1479
Interstellar (2014) 1382
1917 (2019) 819
Avengers: Endgame (2019) 808
The Shawshank Redemption (1994) 699
Gravity (2013) 653
The Wolf of Wall Street (2013) 581
Hacksaw Ridge (2016) 576
Avengers: Infinity War (2018) 534
La La Land (2016) 510

Name: Title, dtype: inté4
oo Sl 10 suae el e Joker (2019) Jua> coda UL de gozesd Gy (UL
(55aS 0 sl phsly oY Slards Jolows gy ey 21 8 lall n odn . ptaliell
UL e
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https://thecleverprogrammer.com/2021/09/22/movie-rating-analysis—

[using-python


https://thecleverprogrammer.com/2021/09/22/movie-rating-analysis-using-python/
https://thecleverprogrammer.com/2021/09/22/movie-rating-analysis-using-python/
https://thecleverprogrammer.com/2021/09/22/movie-rating-analysis-using-python/
https://thecleverprogrammer.com/2021/09/22/movie-rating-analysis-using-python/
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Sentiment Analysis using Machine Learning

LT Bl &y olisYl e S el ool gl olais do s Twitter
H Ol 535 Lo jased 6T, S Twitter e &8 223be Blal (55 g pdge T I
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import pandas as pd

import numpy as np

from sklearn.feature extraction.text import CountVectorizer
from sklearn.model selection import train test split

from sklearn.tree import DecisionTreeClassifier

import re

import nltk

import nltk

data =

pd.read csv("https://raw.githubusercontent.com/amankharwal/Website-
data/master/twitter.csv")

print (data.head())
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Unnamed: © count hate_speech offensive_language neither class \

(] (2] 3 (] -] 5 2

1 1 & (] g e 1

2 2 g (] g} 2] 1

3 8 3 (] 2 1 1

4 4 6 (2] 6 (-] 1
tweet

© |1l RT @mayasolovely: As a woman you shouldn't...

1 !1111 RT @mleewl7: boy dats cold...tyga dwn ba...

2 111111 RT @UrKindOfBrand Dawg!!!! RT @8@sbaby

3 11111 RT @C_G_Anderson: @viva_based she lo

4 11HIPEnnnrirr RT @ShenikaRoberts: The shit you

gles Aol e oSl UL e gazes Stweet column <l 3l 5 ses (6 50w

ki ble ey (Gs aall S0y kel BoSHliall elie Lo Lgaldend )

a1 e 2SI e (g g by el e 0Y (o Y1 Aol 5 g0 15 el e 2SN
B el 5 e Cadad LiSlas CaS L) 03] L4 sall

nltk.download('stopwords')

stemmer = nltk.SnowballStemmer ("english")

from nltk.corpus import stopwords

import string
stopword=set (stopwords.words ('english'))

def clean (text):
text = str(text).lower ()

text = re.sub('"\[.*?\]', '', text)

text = re.sub('https?://\S+|www\.\S+', '', text)

text = re.sub('<.*?>+', '', text)

text = re.sub('[%s]' % re.escape(string.punctuation), '', text)
text = re.sub('\n' ', text)

text = re.sub( \w*\d\w*', ', text)

text = [word for word in text.split(' ') if word not in stopword]
text=" ".join (text)

text = [stemmer.stem(word) for word in text.split(' '")]

text=" ".join (text)

return text
data["tweet"] = data["tweet"].apply(clean)

e Sl el e et s Sl sl e el Sl s Sl 2 &I 8 gasdl (Y
Ol Olus 4aS el . neutral s4lses S negative dkw S5 positive dulew)| Ll
HUIRVEEL BY PR

from nltk.sentiment.vader import SentimentIntensityAnalyzer
nltk.download ('vader lexicon')

sentiments = SentimentIntensityAnalyzer ()

data["Positive"] = [sentiments.polarity scores(i) ["pos"] for i in
data["tweet"]]
data["Negative"] = [sentiments.polarity scores (i) ["neg"] for i in
data["tweet"]]

data["Neutral"] = [sentiments.polarity scores (i) ["neu"] for i in
data["tweet"]]
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data = data[["tweet", "Positive",

"Negative", "Neutral"]]

print (data.head())

tweet Positive Negative \

@ rt mayasolov woman shouldnt complain clean ho... 0.147 9.157

1 rt boy dat coldtyga dwn bad cuffin dat hoe ... 0.000 9.280

2 rt urkindofbrand dawg rt ever fuck bitch sta... 0.000 9.577

3 rt cganderson vivabas look like tranni 9.333 9.000

4 rt shenikarobert shit hear might true might f... ©0.154 9.407
Neutral

(] 6.696

1 6.720

2 6.423

3 0.667

4 ©6.440

Lelidl byl Gb s ol mell Jaaseddl B st 25 Catandl Jo s Ja il oV Les

x = sum(data["Positive"])
= sum(data["Negative"])

=
|

z = sum(data["Neutral"])

def sentiment score(a, b, c):
if (a>b) and (a>c):

print ("Positive

elif (b>a) and (b>c):

G

print ("Negative & ")
else:
print ("Neutral & ")
sentiment score(x, y, z)
Neutral =
e 50 A bes gV ik Y Bl e T o Lo ilows by il e 016 10
selidl ol s Jla|
print ("Positive: x)

print ("Negative: y)
print ("Neutral: ", z)

n
’

Positive: 2880.086000000009
Negative: 7201.020999999922
Neutral: 14696.887999999733
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